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The objective of this research was to establish a method of identifying locations 
with a high concentration of individuals ‘at risk’ of becoming homeless in order to select 
mitigation strategies that target the specific needs of the individuals. Each state was 
evaluated based on the concentration of characteristics that may contribute to 
homelessness. These characteristics include: low median incomes, high unemployment 
rates, high housing cost-burdens, high concentrations of veterans and single-mother 
households, and high rates of mental disabilities and substance abuse reports. A 
differentiation was made between temporary and chronic homelessness as the mitigation 
strategies that prove to be the most effective varies between the two; temporary 
homelessness typically only involves economic factors while chronic homelessness is 
thought to be the result of existing social vulnerabilities that are compounded by 
economic factors. The median value of each characteristic was identified for each state. 
These values were then calculated as a percentage of the national median values and 
compiled. This compilation of values was imported into ArcMap and evaluated using the 
quantile function in order to identify the states that comprise the top twenty percent of 
risk. This process was then utilized to evaluate selected states on the county level. This 
method proved effective at identifying areas with a high concentration of characteristics 
that may contribute to homelessness. Therefore, it is concluded that areas with a high 
concentration of individuals ‘at risk’ of becoming homeless can be identified statistically 
and graphically by following the method that was established. By following this method, 





implemented. This is significant because funding is currently being cut for many social 
welfare programs and it is highly unlikely that there will be funding that is significant 
enough to address each and every need of the homeless population in the near future; 
addressing the characteristics that are shown to be highly concentrated in particular 
locations could be more efficient and cost-effective than attempting to address all 
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Homelessness is a problem that affects millions of Americans directly and 
indirectly and has been on the rise since the mid-1980s (U.S. Conference of Mayors, 
2008). From the early 1990s to the present the need for federal housing assistance has 
greatly increased; this increase in demand has been met with a decrease in federal 
funding by approximately twenty-five percent (National Alliance to End Homelessness, 
2009). Not only has funding dramatically decreased, so has the number of existing low-
income housing units.  Seventy-thousand affordable housing units were demolished 
between 1995 and 2005 with countless others converting to fair market rent (Morrell, 
2007); another 200,000 affordable units are slated for demolition in the near future 
(National Alliance to End Homelessness, 2009). Currently, there are approximately 7.7 
million households that earn 30% or less of their area median income and only 6 million 
units that are considered affordable for this income range (National Alliance to End 
Homelessness, 2009). This deficit leads to many individuals and families not being able 
to access affordable housing and ultimately ending up in a vulnerable position on the 
brink of homelessness. 
There are many theories regarding the increase in homelessness. The changing 
housing and labor markets, as well as the lack of supportive programs for the mentally ill 
are among the leading issues that are assumed to have increased homelessness (Burt, 
1991). This corresponds with the findings from the 2008 Hunger and Homelessness 





affordable housing, 2) economic factors such as unemployment, and 3) mental illness 
(U.S. Conference of Mayors, 2008). That being said, there is not one specific reason that 
can be identified as the sole cause of homelessness; it is typically a combination of 
internal (mental health, addictions to harmful or illegal substances, etc.) and external 
factors (lack of available employment, inadequate supply of low-income housing, etc.) 
that lead to social and financial vulnerability (Burt, 1991). Regardless of the reasons, the 
effects of homelessness are all detrimental to the health and well-being of the individual 
it impacts.  Additionally, homelessness produces a financial burden for the local and 
national economies as they are pressed to provide more emergency funding (Homeless 
Research Institute, 2006). 
Treating and preventing homelessness are complicated tasks. There are many 
factors associated with homelessness and it is difficult to implement one plan to treat 
them all. There are three treatment options that are at the forefront of homeless 
initiatives: maintaining existing emergency facilities, preserving Low-Income Housing 
Tax Credit (LIHTC) properties, and building supportive housing developments (Koebel 
and Bailey, 1992; National Alliance to End Homelessness, 2003). These are three very 
different approaches to the homeless problem and each has its own pluses and minuses. 
The first approach, maintaining existing emergency facilities (i.e. shelters, soup 
kitchens, etc.), is a temporary approach to the issue because the emphasis is placed on 
treating the symptoms while not trying to actually decrease the occurrence of 
homelessness (Culhane & Metraux, 2008). However, these facilities are currently a 





receive the basic necessities of life (National Alliance to End Homelessness, 2009). 
Preserving Low-Income Housing Tax Credit properties would address the issue of a lack 
of affordable housing which has been shown to increase homelessness (Harney, 1991). 
Studies have shown that if more low-income properties were preserved as opposed to 
being demolished or converted to fair market rent units, then more low-income 
households could access housing by their own means (Nelson, 1994). The third approach 
to solving the homelessness problem is to build supportive housing developments. This is 
a relatively new and more innovative approach to treating and preventing homelessness 
(Epstein, 2001). Supportive housing developments provide homeless individuals with the 
opportunity to learn how to provide for themselves through job training classes, 
rehabilitation opportunities, personal hygiene promotion, and many other social programs 
(Epstein, 2001). The lack of affordable housing is likely the number one cause of 
homelessness but the reasons for people so desperately needing these units, such as 
mental illness, addictions to harmful or illegal substances, or simply a lack of education, 
are addressed specifically in supportive housing developments (Morgan, 2002). 
The three methods of mitigating homelessness that have been discussed are at the 
forefront of planning and housing debates. All three homeless initiatives provide aid 
and/or treatment options to the homeless population; however, all three initiatives 
approach homeless mitigation in distinctly different ways to address specific forms of 
homelessness. This research seeks to address the question of whether specific areas that 
display high concentrations of temporary and chronic homelessness can be statistically 





maintaining emergency facilities, preserving LIHTC units, or building supportive 
housing developments, would be the most cost-efficient yet still effective method of 
mitigating homelessness? The objective of this research is to suggest which homeless 
mitigation strategy would be the most cost-efficient and effective at addressing 
homelessness by identifying the type of homeless risk that is present, as this could lead to 






















 Homelessness: Understanding the Problem 
Homelessness has been a problem in the United States since the development of 
permanent housing structures (Hopper, 1991). However, there have been many changes 
in the demographic make-up of the homeless population over the centuries. One such 
change is the influx of homeless veterans after the Civil War and again after the Vietnam 
War (Department of Veterans Affairs, 2009). Another shift in homeless demographics 
came about when many unemployed and impoverished households found themselves 
homeless during the Great Depression (Hopper, 1991). There was also significant 
increases in homeless individuals with mental illnesses after a substantial amount of 
mental institutions were closed in the 1960s (Javits, 2006). Homelessness is a problem 
that has always and will likely continue to be present in society. Homelessness is a 
complex problem; it is a problem that needs to be researched to increase understanding as 
it is constantly evolving but not disappearing. 
In order to understand what it means to be homeless, the Department of Housing 
and Urban Development provides the following definition: 
“An individual who lacks a fixed, regular, and adequate nighttime residence; 
and an individual who has a primary nighttime residence that is a supervised 
publicly or privately operated shelter designed to provide temporary living 
accommodations (including welfare hotels, congregate shelters, and 
transitional housing for the mentally ill); an institution that provides a 
temporary residence for individuals intended to be institutionalized; or a 
public or private place not designed for, or ordinarily used as, a regular 
sleeping accommodation for human beings.” (www.hud.gov) 
 
It has been stated that homelessness is a result of ‘desperate poverty combined with 





members’ (Burt, 2001) but it is much more complicated than that. Understanding the root 
of extreme poverty and the existing social vulnerabilities of the homeless helps to put the 
problem in perspective because ‘homelessness is a housing problem, first and foremost, 
but the characteristics of the homeless make their housing problems atypical’ (Wright and 
Rubin, 1991; 937). 
First, there are two types of homelessness: temporary and chronic. 
Approximately eighty percent of the homeless population falls into the temporarily 
homeless category where they are only homeless for a short period of time (National 
Alliance to End Homelessness, 2003). Temporary homelessness is primarily due to a 
lack of access to affordable housing and/or unexpected financial burdens 
(Cunningham, 2009). The individuals and households that fall into this category 
simply need rental subsidies or open access to affordable housing to stabilize their 
lives (Culane & Metraux, 2008). They often rely on emergency shelters during this 
transitional period which are typically less costly to support (Corporation for 
Supportive Housing, 2004). 
Twenty percent of the homeless population is classified as being chronically 
homeless. This means that they are homeless for ‘long periods of time or cycle in and 
out of homelessness’ (National Alliance to End Homelessness, 2003). This portion of 
the homeless population is the most difficult to house. They tend to have mental 
disorders and/or addictions to harmful or illegal substances that make it difficult for 
them to sustain housing (Dennis, Levine, & Osher, 1991). A large percentage of the 





society. These veterans are apt to need major medical assistance to deal with post-war 
trauma (National Alliance to End Homelessness, 2009). Overall, the chronically 
homeless have been shown to use a disproportionate share of emergency medical 
resources and are more likely to have a criminal record resulting in jail time (Merrell, 
2005). In order to decrease homelessness for this portion of society, the treatment 
options must involve supportive services and long-term follow-up care (Javits, 2003). 
There are several factors that have been shown to increase the incidence of both 
categories of homelessness: lack of affordable housing, economic factors including the 
changing labor market, and lack of supportive services for the mentally ill. 
Since the mid-1980s, the supply of affordable housing has been decreasing while 
the demand for these units has been increasing (Hopper, 1991). The decrease in low-
income housing units is the result of many factors, one of them being the conversion of 
Low-Income Housing Tax Credit properties to fair market rent to combat their high 
maintenance costs (Peiser, 1999). LIHTC units are only required to be affordable for the 
low-income population for the first fifteen years of their existence. After this time the 
units can convert to fair market rent or be demolished (Collignon, 1999). To get a feel for 
some of the required maintenance costs at the time of allowable conversion, it must be 
acknowledged that: 
“properties older than 10 years will generally have cycled through their 
appliances‟ useful life. By age 15, the property may need new siding or a 
new roof. Structural and mechanical systems start to require significant 






These units are also susceptible to demolition if the maintenance issues are so great that 
converting to fair market rent would not be profitable enough to cover the extreme costs 
of preservation (Smith, 2002). 
Another reason for the decline of low-income units is the desire to make more 
developments mixed-income.  While integrating units for different income groups works 
to decentralize poverty it also leads to the displacement of many residents that rely on 
below market rate rent (Boston, 2005). This unmet demand for low-income housing leads 
to many scenarios where an individual or household cannot afford adequate housing. 
Often times this can lead to the individual or household being forced to seek refuge on 
the streets (Hopper, 1991). 
The changing labor market has increased the demand for highly skilled and 
educated workers while the demand for unskilled workers is decreasing (Hopper, 1991). 
This change in labor demand results in a large number of uneducated persons becoming 
unemployed and impoverished (Morrell, 2007). Though this is the case, approximately 
twenty percent of the homeless population has been able to find some form of 
employment (National Alliance to End Homelessness, 2003). However, uneducated 
persons that do manage to obtain full-time, minimum wage jobs still face economic 
hardships that prevent them from being able to obtain housing by their own means. 
Studies have shown that an individual making minimum wage would have to work 114 
hours a week to be able to afford a two–bedroom housing unit at the mean fair market 
rent (National Alliance to End Homelessness, 2003). That comes to approximately 





It has been determined that many people that experience homelessness are 
mentally and/or physically disabled (Dennis, Levine, & Osher, 1991). Statistically, 
approximately twenty-six percent of the homeless population has a severe mental illness 
compared to six percent of the national population (U.S. Conference of Mayors, 2008). 
Many of these homeless people have their disabilities before becoming homeless and 
often, these disabilities are actually cited as the main reason for one becoming homeless 
(U.S. Conference of Mayors, 2008). However, could this overrepresentation of mental 
illnesses be attributed to the individual’s time on the street? Several homeless people that 
have been interviewed have attested to the fact that their traumatic experience with 
homelessness has led to the breakdown of their mental stability when there was no 
existing mental condition prior to becoming homeless (Morrell, 2007; 13). Since mental 
illness has been found to be a leading cause of prolonged homelessness, having 
supportive services integrated into homeless mitigation strategies may be a more efficient 
way to approach the issue (Dennis, Levine, & Osher, 1991). While being homeless is 
detrimental to the health and well-being of the individual, homelessness also produces a 
financial burden for the local and national economies. 
In regards to the economy, the number of people falling below the poverty line 
and requiring federal assistance and supportive services has been increasing since the 
mid-1980s (Wright and Rubin, 1991; Morrell, 2007). This has put a financial strain on 
the federally funded housing assistance initiatives. In some instances, affordable housing 
developments cannot maintain efficient levels of funding necessary to handle capital 





or outright demolition of the properties. While getting rid of low-income housing units 
may seem like an easy way to cut down on expenses, the additional costs incurred from 
the increase in homeless incidents that result are often neglected. The likelihood of an 
individual being sentenced to jail time and/or needing to access expensive emergency 
medical care greatly increases when they have inadequate or non-existing shelter 
(National Alliance to End Homelessness,2000; 7). The approximate cost of housing a 
homeless person in jail (after all of the legal procedures) is $18,000 a year (Merrell, 
2005). The approximate medical costs per person per year are $15,000 (Merrell, 2005). 
On top of these costs there is the additional cost of maintaining emergency shelters which 
is approximately $7,000 per bed per year (Merrell, 2005). These costs could likely exceed 
the savings that are being incurred from demolishing low-income units or converting 
them to fair market rent. 
Regardless of the reason, it is apparent that homelessness is a very complicated 
issue deeply rooted in social and economic vulnerabilities. There are three homeless 
mitigation strategies that are at the forefront of planning and housing debates: 
maintaining emergency facilities, preserving existing Low-Income Housing Tax Credit 
properties, and building supportive housing developments (Koebel and Bailey, 1992; 
National Alliance to End Homelessness, 2003). Each approach addresses certain aspects 
of homelessness for both the temporarily and chronically homeless populations. The goal 
of each strategy is to provide opportunities and/or services for those members of society 







Emergency facilities are a ‘band-aid’ approach to temporary homelessness. These 
facilities include homeless shelters, soup kitchens, free health clinics, etc. While they are 
often frequented by the chronically homeless, the main objective of these facilities is to 
aid in the transition of low-income individuals or households that have lost access to low-
income housing and are in the process of searching for new housing or a rental subsidy 
(Burt, 2005). These facilities are relatively inexpensive to operate as much of the labor is 
provided by volunteers and most of the goods are donated by local entities (Morrell, 
2007). These emergency facilities do not attempt to address the deep underlying issues of 
homelessness but merely to provide each individual with the basic necessities of life. The 
fact that these facilities do not seek to decrease the occurrence of homelessness means 
that they may be relatively expensive to operate in the long run if they are located in 
communities that have a high concentration of chronically homeless (Javits, 2006). 
Chronically homeless people will keep cycling through this system because it does not 
provide them with a means to transition out of this situation (Corporation for Supportive 
Housing, 2008). 
Preserving existing Low-Income Housing Tax Credit (LIHTC) properties is a 
more controversial homeless mitigation strategy. Low-Income Housing Tax Credits are 
used as incentives to entice developers to build low-income housing projects. Through 
the tax credits, they are offered tax breaks in the form of a reduction in their federal 
income taxes ‘by one dollar for every dollar of tax credit received’ (Schwartz and 





say in the majority of the decisions regarding the property (Schwartz and Meléndez, 
2008). One of the requirements of Low-Income Housing Tax Credit developments is that 
they must remain affordable for the low-income population for at least fifteen years. 
After the initial fifteen years they can convert to fair market rent properties or be 
demolished if the capital improvements exceed what the tax credit holder wishes to spend 
on the development (Peiser, 1999). If the low-income units are demolished or converted 
many of the residents get displaced and risk becoming homeless (Freeman and Braconi, 
2004). 
Developers and investors who hold a share in the Low-Income Housing Tax 
Credit property tend to support the demolition of the low-income units (Peiser, 1999). By 
the time the units are fifteen years old most of them have been neglected and very poorly 
maintained, to the point where the invested parties feel that demolishing them would be 
more profitable than spending money to preserve them (Schwartz and Meléndez, 2008). 
This unwillingness to spend money for the necessary capital improvements has been 
found to be the leading threat to the preservation of low-income units (Schwartz and 
Meléndez, 2008). Another threat to the preservation of low-income housing units is the 
desire to convert low-income properties to fair market rent (Smith, 2002). 
If the invested party can go from charging below market rate rent to fair market 
rate rent, the preservation of low-income housing units becomes less important than the 
potential profit (Harney, 1991). Those involved feel like they are losing money or not 
achieving their potential profit if they are not charging the maximum rent for their units 





the increase in homelessness and the associated costs are often neglected. These 
additional costs could outweigh the savings from not preserving Low-Income Housing 
Tax Credit properties (Wright & Rubin, 1991). 
The majority of the population that gets displaced from Low-Income Housing Tax 
Credit properties when they are not preserved is people that are mentally and physically 
able to sustain housing when it is made affordable (Joint Center for Housing Studies of 
Harvard University, 2000). This leads to the assumption that the people forced to seek 
refuge on the streets when their housing units are modified will only be temporarily 
homeless (National Alliance to End Homelessness, 2003). Being temporarily homeless 
can be much more costly than assumed by simply calculating the cost of emergency 
facilities. Individuals and households will need to access emergency facilities and 
potentially need to access emergency medical care; they may also commit crimes and be 
incarcerated as living on the streets presents many opportunities for the individual to 
experience negative social changes (Cunningham, 2009). These negative social changes 
include acquiring an addiction to harmful or illegal substances or a breakdown of mental 
stability (Morrell, 2007). The cost of emergency social and medical facilities as well as 
jail time can be quite high. These costs may be overlooked when considering whether to 
demolish the developments or maintain them as affordable housing units. 
This approach to homeless mitigation does not attempt to solve the problem of 
chronic homelessness; it simply aims to prevent the occurrence of unnecessary accounts 
of temporary homelessness (Joint Center for Housing Studies of Harvard University, 





homelessness (Cunningham, 2009); however, if homelessness can be prevented through 
this approach then more funding would be available for treating the chronically homeless 
that need more supportive services and follow-up care. 
Building Supportive Housing Developments is an innovative approach to the issue 
of chronic homelessness (Epstein, 2001). Chronic homelessness is typically caused by 
addictions to harmful or illegal substances, severe mental illness, lack of money 
management and social skills, etc (National Alliance to End Homelessness, 2003).   
Studies have shown that people experiencing addictions or severe mental illness stay 
homeless for longer periods of time than those who do not because these individuals, in 
their current state, are not capable of sustaining housing on their own (National Alliance 
to End Homelessness, 2009). They often cycle in and out of homelessness because they 
cannot maintain a functional living situation for an extended period of time (National 
Alliance to End Homelessness, 2003). This portion of the homeless population is the 
most expensive to aid because the treatment options must address the internal 
characteristics of the individual that prevent them from being able to maintain a stable 
lifestyle (Javits, 2006). However, after the initial investment in the individual the costs 
associated with them being homeless could drastically decrease as this approach is 
intended to decrease the occurrence of homeless incidents (Culhane & Metraux, 2008). 
Chronically homeless individuals that suffer from addictions to harmful and/or 
illegal substances typically have often gone through many stints in rehabilitation clinics 
only to be sent back to the streets after the brief program is completed (Culhane & 





frequently begin abusing substances again (Javits, 2006). This type of rehabilitation is not 
an effective way to decrease the occurrence of homelessness among this portion of the 
population. Supportive housing developments offer these same rehabilitation 
opportunities to individuals that suffer from addictions; however, they also provide 
follow-up care to ensure that the individual is held accountable for their personal 
decisions even after the completion of the program (Chronic Homelessness Employment 
Technical Assistance Center, 2006). Overcoming these personal obstacles increases the 
likelihood that the individual will be able to sustain permanent housing and decrease the 
costs associated with being homeless (Culhane & Metraux, 2008). 
Individuals that suffer from severe mental illness stay homeless for longer periods 
of time than those who do not (Dennis, Levine, & Osher, 1991). Supportive housing 
developments offer mental health services to those individuals that need this assistance. 
They provide them with necessary medications and work to ensure that the individuals 
undergo mental health evaluations (National Alliance to End Homelessness, 2009). 
Certain mental health conditions may qualify individuals to receive federal housing 
assistance as they can claim their condition as a disability. This could potentially move 
the person up the housing assistance waiting list more rapidly than if they did not claim 
their particular disability (www.hud.gov). Waiting lists for public housing assistance can 
be quite long; in some major cities in the US the waiting list is as long as eleven years so 
anything that can shorten one’s stay on the list is beneficial (National Alliance to End 
Homelessness, 2009). Ensuring that these chronically homeless individuals access mental 





permanent housing on their own which can decrease the costs associated with providing 
long-term emergency services for the mentally ill (Merrell, 2005). 
Supportive housing developments provide more than mental health and 
rehabilitation opportunities for the chronically homeless. They also offer personal 
development opportunities such as classes that teach and promote personal hygiene 
standards, job training classes, free daycare, money management classes, etc (Chronic 
Homelessness Employment Technical Assistance Center, 2006). The main objective of 
supportive housing is to offer as much aid as possible to chronically homeless individuals 
in order to get them back on their feet permanently (Morgan, 2002). Supportive housing 
is aimed at trying to decrease the incidents of homelessness through personal 
development (Corporation for Supportive Housing, 2008). Determining the need for 
supportive housing and specific personal development opportunities as an alternative for 
the chronically homeless could guide the development of future policies that seek not 















Federal funding for housing assistance has been decreasing since the mid-1990s 
and is only expected to continue this downward trend (National Alliance to End 
Homelessness, 2009). This research seeks to address the question of whether specific 
areas that display high concentrations of temporary and chronic homelessness can be 
statistically and graphically identified; if so, which homeless initiative or combination of 
initiatives - maintaining emergency facilities, preserving LIHTC units, or building 
supportive housing developments, would be the most cost-efficient yet still effective 
method of mitigating homelessness? Emergency facilities only offer transitional services 
(Merrell, 2006); whereas, preserving Low-Income Housing Tax Credit property works to 
prevent homelessness (Collignon, 1999). Supportive housing, the most innovative 
approach, seeks to provide personal development opportunities to the chronically 
homeless to permanently decrease the occurrences of homelessness (Epstein, 2001). The 
objective of this research is to determine how to cost-effectively address homelessness by 
identifying communities with a high concentration of temporary and/or chronic 
homelessness and suggesting mitigation strategies tailored to the specific needs of the 
community; this could lead to future policies that serve to reduce homelessness in a more 










“Previous research has shown a correlation between certain demographic and 
housing characteristics and homelessness. These characteristics include [but are not 
limited to]: income, unemployment rates, high housing cost burden,…and concentrations 
of households headed by single mothers” (Concentrations of Households at Risk of 
Homelessness in Massachusetts Census Block Groups, Tufts University). Some other 
characteristics that have been shown to have a correlation to homelessness are mental 
illness, substance abuse, and veteran status (National Alliance to End Homelessness, 
2003). This information is available on the U.S. Department of the Census website 
(Census.gov) for every state and every county in the United States. Data for specific 
characteristics is also found on several other government websites, including the websites 
for the Department of Health and Human Services (www.hhs.gov) and the Department of 
Veterans Affairs (www.va.gov). This information is collected and compiled in order to 
determine specific areas that have a high concentration of ‘Households at Risk of 
Homelessness’. 
The maps from Tufts University (Figure 1) are an example of using Census data 
to create a GIS model to identify areas that have a high concentration of households that 
are at risk of becoming homeless. Six individual maps were created by researchers at 
Tufts University, each representing one characteristic of ‘at risk’ households. The 









The areas that have the highest concentration of all of the characteristics of households at 
risk of homelessness were then determined to be the specific areas where policy and 
social analyst need to emphasize specific needs for the homeless. In order to nationally 
identify specific areas with a high concentration of ‘Individuals at Risk of Homelessness’ 
the tabular data is collected from the Census website and various other data sharing sites 
and then analyzed using Geographical Information Systems (GIS). 
The characteristics are weighted and combined to visually and statistically locate 
the areas that have the highest risk of both temporary and chronic homelessness. A broad 
evaluation on the national level is conducted first to identify the states that have the 
highest concentration of ‘at risk’ households. When the states with the highest 
concentration of households ‘at risk’ of homelessness are identified, two states that are 
determined to have a  high concentration of ‘at risk’ households are then examined on the 
county level to determine specific counties within the state that need to be targeted for 
examination. The homeless characteristics within the selected counties that contribute to 
the high concentration of ‘at risk’ individuals are then analyzed in order to determine 
policy implications and suggestions regarding which homeless mitigation strategy or 
combination of strategies would be the most effective to implement. 
The following specific research questions are addressed: What states have the 
highest concentration of individuals ‘at risk’ of temporary homelessness? What states 
have the highest concentration of individuals ‘at risk’ of chronic homelessness? What 
characteristics of homelessness contribute to the determination of selected ‘high risk’ 





combination of strategies, would be the most effective to implement in the ‘high risk’ 
counties based on the concentration of homeless characteristics? 
The research questions are to be resolved with the aid of two sets of maps. One 
that identifies states that have a high concentration of individuals that are at risk of 
temporary homelessness and one that identifies states that have a high concentration of 
individuals that are at risk of chronic homelessness. This is accomplished by combining 
specific characteristics that have been determined to mainly impact temporary 
homelessness and duplicating this process with the characteristics of chronic 
homelessness. The literature has led to the assumption that the temporarily homeless are 
simply unable to meet financial burdens or have lost access to affordable housing due to 
demolition, conversion, or other forms of gentrification (Boston, 2005). The chronically 
homeless have been identified as having more severe mental and physical issues that 
make it difficult for them to sustain permanent housing even when it is made affordable 
(Merrell, 2005). Therefore, these are the characteristics that are included in the 
determination of specific geographic areas that have a concentration of individuals at risk 
of becoming homeless and to what degree. 
After the state data is collected and the states with the highest concentration of 
households that are at risk of homelessness have been identified, four counties are 
selected from each map (two from each of the top two states). These communities have 
similar ranges for each characteristic observed which makes them comparable. The 
community is then examined to identify what homeless mitigation strategies are currently 





match up with the predicted forms of homelessness in the study area (i.e. temporary and 
preventative approaches for temporary homelessness and supportive approaches for 
chronic homelessness). Policy implications can then be suggested based on the findings. 
Specific Research Design 
To identify states with a high concentration of individuals ‘at risk’ of temporary 
homelessness first an Excel spreadsheet is created to compile information regarding the 
following existing characteristics and demographics: population, number of households, 
average household size, number of families, and average family size. Information is then 
collected on the median income per capita and the housing cost-burden for renters and 
homeowners by state using the United States Department of the Census website 
(www.census.gov). The unemployment rate for each state is collected from the Bureau of 
Labor Statistics. For each state, the median income per capita that is identified is 
calculated as a percentage of the national median income. The state median income per 
capita as a percentage of the national median income per capita is then ranked on a scale 
from one to five for each state with one being the lowest income and five being the 
highest. 
This approach of ranking each characteristic of temporary homelessness as a 
percentage of the national characteristic is followed for the remaining three— 
unemployment, housing cost-burden for renters, housing cost-burden for owners. Lower 
values are to be given to states with high unemployment rates and high housing cost-
burdens; whereas, states with low unemployment rates and low housing cost-burdens will 





When each characteristic of temporary homelessness has been assigned a value, 
the values are then combined to identify the states that have the highest and lowest 
concentrations of individuals at risk of temporary homelessness. Each state has a value 
that ranges from four to sixteen with four being the highest risk of temporary 
homelessness and sixteen being the lowest risk. The contributing factors of temporary 
homelessness and the concentration of ‘at risk’ households are identified statistically and 
then displayed graphically using Geographic Information Systems (GIS). 
The states are displayed by classifying the values into quantile breaks and ranking them 
one through five using GIS. The states that are shown as having the highest concentration 
are then examined to identify which two states will be selected for further analysis. 
Population, households, and families are taken into consideration as the states should be 
similar in size and household composition to make them comparable. The states that 
display the most risk for temporary homelessness are identified for evaluation and the 
exact same process is to be performed for each county within the selected states. 
To identify states with a high concentration of individuals ‘at risk’ of chronic 
homelessness first an Excel spreadsheet is created to compile information regarding the 
following existing characteristics and demographics: population, number of households, 
average household size, number of families, and average family size. Information is then 
collected on the median income per capita and the housing cost-burden for renters and 
homeowners by state using the United States Department of the Census website 
(www.census.gov). The unemployment rate for each state is collected from the Bureau of 





the number of single-mother households as a percentage of households, reports of 
substance abuse, and incidents of mental illness for the population over five years old are 
also identified. 
For each state, the median income per capita that is identified is calculated as a 
percentage of the national median income. The median income per capita as a percentage 
of the national median income per capita is then ranked on a scale from one to five with 
one being the lowest income and five being the highest.  This approach of ranking each 
characteristic of chronic homelessness as a percentage of the national characteristic is 
followed for the remaining seven— unemployment, housing cost-burden for renters, 
housing cost-burden for owners, veteran status, single-mother households, reports of 
substance abuse and mental illness. When each characteristic of chronic homelessness 
has been assigned a value, the values are then combined to identify the states that have 
the highest and lowest concentrations of individuals at risk of chronic homelessness. 
Each state has a value that ranges from eight to thirty-two with eight being the highest 
risk of chronic homelessness and thirty-two being the lowest risk. The contributing 
factors of chronic homelessness and the concentration of ‘at risk’ households are to be 
identified statistically and then displayed graphically using Geographic Information 
Systems (GIS). 
The states are displayed graphically by classifying the values into quantile breaks 
and ranking them one through five. The states that are shown as having the highest 
concentration are then examined to identify which two states will be selected for further 





consideration as the states should be similar in size and household composition to make 
them comparable. Once the states that display the most risk for chronic homelessness are 
identified for evaluation, the exact same process is performed for each county within the 
selected states. The only difference is that reports of substance abuse cannot be accessed 
for each county in the United States; therefore, the county data will be lacking this 
information. 
 Two counties are selected from each state. This means that there are four counties 
at risk of temporary homelessness that are identified for evaluation and four counties at 
risk for chronic homelessness that are identified for further evaluation. These counties are 
examined to determine what type of homeless mitigation strategy, or combination of 
strategies, is being implemented.  Only the mitigation strategies that are implemented 
using government funding are examined. This information is required to be made 
available to the public so the specific budget information should be accessible via the 
county website; however, if the information is not available on the website, it can be 
obtained by directly contacting the county clerk’s office. The regions surrounding each of 
the selected counties are also examined to identify the concentration of characteristics 
that may increase the risk of individuals becoming homeless. If the risk factors are 
similar, one could assume that mitigation strategies implemented in the selected counties 
would have a positive effect on the surrounding counties based on the fact that there 






 Once the homeless characteristics that are present and the homeless mitigation 
strategies that are being implemented are identified policy implications are 
recommended. Governments (local, state, national) typically lack adequate funding for 
homeless initiatives so any money that is spent to mitigate homelessness should be 
strategically allocated so that it addresses the needs that are present within the 
community. Whether it be temporary approaches such as the simple need for a shelter or 
more complex issues such as a need for supportive housing with job training centers, 
strict rehabilitation programs, and mental health facilities, the money should be allocated 
in such a way that the target population is being reached. Using this methodology to 
identify the target population could lead to a more efficient and effective allocation of 
resources for the homeless. 
Threats to Validity 
The above described method of achieving the objective leads to a number of 
threats to the validity of the research. First, there can be significant diversity within the 
county that can over or under emphasize the risk of homelessness. For example, Cook 
County, Illinois contains extremely high concentrations of both low and high incomes 
from very diverse backgrounds within the city of Chicago. This can significantly impact 
the calculated risk; in turn, the entire county reflects this impact. To reduce this threat to 
validity the county could be examined by block group to pinpoint areas within the county 
that are high risk. 
In order to mitigate the threat to validity of major urban areas with a high 





assigned to each state and county were calculated as a percentage of the population. 
Single-mother household values were calculated as a percentage of the total number of 
households. Clearly, the population is ever changing and that is not reflected in the 
calculations and values which threatens the reliability. However, the database has been 
created and can easily be updated to reflect these changes. 
Changes that occur due to natural disasters are more difficult to account for. Data 
that is collected during years where a natural disaster has caused a dramatic shift in 
population and concentrations of residents that display characteristics of the ‘at risk’ 
population can skew the findings. It is important to collect data from a time span that is 
fairly uninterrupted by acts of nature and/or other unpredictable and unstoppable events. 
To increase the reliability of the data collected, a brief review of the year 2000 was 
conducted. There was nothing that would notably impact the validity of the data that was 
generated by the Census except for the actual Census data collection process. 
The survey method utilized by the United States Census Bureau can reduce the 
reliability of the data collected. It is possible that individuals report false information; 
many others do not fill-out the form despite the efforts of the Census Bureau. There are 
also many individuals in the United States that are not legally citizens that do not get 
accounted for. Homeless individuals are another portion of the population that does not 
get counted by the Census Bureau; they do not receive mail at a permanent address so 
requesting their input is not possible. The United States Department of the Census 
improves the reliability of the data that is compiled by determining and reporting the 





Finally, there are always limitations when conducting research involving the 
homeless. When the counties are selected and the process of researching and analyzing 
the homeless mitigation strategies that are in place and their effectiveness within specific 
communities begins, there is a gray area. First and foremost, there is no reliable way to 
count the homeless population. Several nights a year there is a homeless head count 
conducted by volunteers to try to estimate the number of individuals that are homeless at 
that time. This number is not reliable because according to HUD’s definition of 
homelessness, an individual is considered to be homeless if they spend one night in a 
shelter, institution, or sleeping in a place not designated for such. That means that many 
people that have experienced homelessness will not be counted. This act of simply trying 
to identify the homeless population is one of many obstacles faced by researchers 
interested in homeless issues. The homeless are challenging to identify, difficult to track, 
and impossible to fully understand due to having complicated and diverse backgrounds—















  The tabular data for each contributing factor of homelessness was collected for all 
fifty states. This data was evaluated and a total of four states, two that display a high 
concentration of individuals at risk of temporary homelessness and two that display a 
high concentration of individuals at risk of chronic homelessness, were selected for 
further evaluation. Eight counties from within the selected states, four that display a high 
concentration of individuals at risk of temporary homelessness and four that display a 
high concentration of individuals at risk for chronic homelessness, were also evaluated 
further. The contributing factors to risk were identified in each of the geographic 
locations as well as the surrounding regions in order to determine the homeless mitigation 
strategy that should be implemented to address the specific needs identified. The 
determinations of risk for each state, county, and region have been compiled and are 
followed by suggested mitigation strategies for each, as well as general policy 
implications.  
National Risk for Temporary Homelessness 
 The following states were identified as having the highest concentration of 
individuals at risk of becoming temporarily homeless: Arizona, California, Florida, 
Hawaii, Idaho, Illinois, Louisiana, Mississippi, Montana, Nevada, New Mexico, New 
York, Oregon, Rhode Island, Washington, and West Virginia. The average state values 
were calculated for each variable and for each ranking and the standard deviations were 





Table 1: State Risk for Temporary Homelessness 
 
deviations away from the mean (Table 1). These states were also found to represent the 
top twenty percent of the United States in regards to high risk for temporary 
homelessness; this was geographically determined by classifying the data utilizing the 
quantile function in GIS. This validates the claim that these states should be targeted for 
evaluation as they are statistically unusual. 
 
 
When the states with the highest concentration of individuals at risk for temporary 
homelessness were identified they were evaluated by population, number of households, 
number of families, and geographical location to aid in selecting two states for further 
examination. They were evaluated by population in order to ensure that the selected states 
showed consistency in size. Households and families are worthy of being noted as this 
specific demographic is becoming increasingly more threatened and it could be beneficial 
States with the Highest Risk for Temporary Homelessness (2000) 
State Population (2000) Households Families STDEVP 
Arizona 5,130,632 1,901,327 1,287,367 1.0 
California 33,871,648 11,502,870 7,920,049 1.7 
Florida 15,982,378 6,337,929 4,210,760 1.0 
Hawaii 1,211,537 403,240 287,068 1.0 
Idaho 1,293,953 469,645 335,588 1.0 
Illinois 12,419,293 4,591,779 3,105,513 0.7 
Louisiana 4,468,976 1,656,053 1,156,438 1.3 
Mississippi 2,844,658 1,046,434 747,159 0.7 
Montana 902,195 358,667 237,407 1.0 
Nevada 1,998,257 751,165 498,333 1.7 
New Mexico 1,819,046 677,971 466,515 1.7 
New York 18,976,457 7,056,860 4,639,387 1.3 
Oregon 3,421,399 1,333,723 877,671 2.0 
Rhode Island 1,048,319 408,424 265,398 1.0 
Washington 5,894,121 2,271,398 1,499,127 1.3 





to take them into account when determining which mitigation strategies will be the most 
effective. Geographical location was used to select states from widely varying locations 
in order to see if diverse locations could make a difference in the driving risk factors. 














New Mexico is approximately 1.7 standard deviations away from the average 
total which means that it falls outside of the calculated range of characteristics for nearly 
95% of the states within the United States. The standard deviation was also calculated for 
each variable contributing to the determination of risk. Upon examining the variables in 
Table 2, a low median income and a high unemployment rate are assumed to be the 
characteristics that are driving this risk for the state. 
Table 2: New Mexico, USA 
New Mexico, USA 





Median Income Per Capita $17,261  1.2  80% 1 
Unemployment Rate 5.0 1.2 125% 1 
Housing Cost-Burden for Renters 27.4 1.2 104% 2 
Housing Cost-Burden for Owners 17.9 0.3 96% 3 
 
 The counties with the highest concentration of individuals at risk of becoming 
temporarily homeless in New Mexico are: Mora, San Miguel, Socorro, Dona Ana, Luna, 
and Taos. The counties identified as having the highest concentration of individuals at 
risk fall between approximately 1.2 and 1.9 standard deviations from the mean. These 
counties were also found to represent the top twenty percent of New Mexico in regards to 
high risk for temporary homelessness; this was determined by classifying the data 








Table 3: New Mexico Counties 'At Risk' 
Counties with the Highest Risk of Temporary Homelessness in 
New Mexico (2000) 
County 
Population 
(2000) Households Families STDEVP 
Dona Ana 174,682 59,556 42,912 1.5 
Luna 25,016 9,397 6,592 1.5 
Mora 5,180 2,017 1,398 1.8 
San Miguel 30,126 11,134 7,533 1.8 
Socorro 18,078 6,675 4,491 1.9 
Taos 29,979 12,675 7,755 1.2 
 
When the counties with the highest concentration of individuals at risk for 
temporary homelessness were identified they were evaluated by population, number of 
households, and number of families to aid in selecting the two states for further 
examination. They were evaluated by population in order to ensure that the selected 
counties showed consistency in size. Households and families were worthy of being 
noted as this specific demographic is becoming increasingly threatened and it will be 
beneficial to take this into account when determining which mitigation strategies will be 
the most effective. Based on these criteria, Taos County, NM and Luna County, NM were 


























Luna County, New Mexico 
 
 Luna County, New Mexico is approximately 1.5 standard deviations away from 
the mean. This means that it falls outside of the range of calculated characteristics of 
nearly 75% of the counties within the state. Therefore, the claim that Luna County is 
statistically unusual and should be evaluated further is validated. When the contributing 
factors are examined it is apparent that a low median income, a high unemployment rate, 
and a high housing cost-burden for renters are the main factors leading to the high 
concentration of individuals at risk for becoming temporarily homeless.  
Table 4: Luna County, NM Risk Assessment 
Luna County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $11,218  0.96  52.0% 1 
Unemployment Rate 8.0 2.21 199.8% 1 
Housing Cost-Burden: Renters 27.3 0.45 103.8% 1 
Housing Cost-Burden: Owners 14.7 0.54 78.6% 4 
 
 The counties that border Luna—the counties of Dona Ana, Grant, and Sierra—
were also evaluated. Do the counties surrounding Luna County display overlapping risk 
factors? If the risk factors are similar, one could assume that mitigation strategies 
implemented in Luna County would have a positive effect on the surrounding counties 
based on the fact that there would be strategies present within the region that are targeted 
at the risk factors that have been identified. 
 Dona Ana borders Luna County to the east and is also identified as being among 
the top 20% of counties with a high concentration of individuals at risk of becoming 





Dona Ana are similar with one identical ranking for unemployment. Both counties are 
shown to have an unemployment rate that far surpasses the national median 
unemployment rate. 
Table 5: Dona Ana County, NM Risk Assessment 
 
 Grant County, New Mexico borders Luna County to the west and northwest and 
displays a moderate to concentration of individuals at risk of becoming temporarily 
homeless. The only contributing factor that is shown to be slightly higher than the 
national median is the unemployment rate. However, the unemployment rate is fairly 
comparable to the national median and is ranked as being moderate within the state.  
Table 6: Grant County, NM Risk Assessment 
Grant County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 14,597 0.02  67.6% 3 
Unemployment Rate 4.0 0.08 104.3% 3 
Housing Cost-Burden: Renters 26.0 0.11 98.9% 3 
Housing Cost-Burden: Owners 14.7 0.54 78.6% 4 
 
 Sierra County borders Luna County to the north and displays a moderately low 
concentration of individuals at risk of becoming temporarily homeless. The only factor 
that is even remotely creating a sense of risk of temporary homelessness is the housing 
cost-burden for renters. It is slightly higher than the national median housing cost-burden 
Dona Ana County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 13,999  0.32 64.8% 2 
Unemployment Rate 5.0  0.63 133.8% 1 
Housing Cost-Burden: Renters 28.3  0.72 107.6% 2 





for renters but it is still within HUD’s range of affordability which is a housing cost-
burden of 30 or below. Also of interest is the unemployment rate in Sierra County which 
is lower than the national median unemployment rate; it is the only county bordering 
Luna that can claim this.  
Table 7: Sierra County, NM Risk Assessment 
Sierra County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 15,023 0.09  69.6% 3 
Unemployment Rate 3.0 0.86 71.5% 5 
Housing Cost-Burden: Renters 27.5 0.51 104.6% 2 
Housing Cost-Burden: Owners 15.4 0.23 82.4% 3 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of temporary homelessness in Luna County, as well as the surrounding counties of 
Dona Ana, Grant, and Sierra, there are two risk factors that are shown to overlap—high 
unemployment rates and high housing cost-burden for renters. These are not present in all 
of the counties that were examined but these are the overlapping characteristics identified 
for the region. Homeless mitigation strategies that are located in this geographic region 
should be targeted at the portion of the population that is affected by these risks. 
Currently, the only option available for homeless individuals in Luna County is the 
Border Area Mental Health Services facility which does not address factors leading to 
temporary homelessness. Residents of the surrounding counties as well as residents of 
Luna County could benefit from having mitigation strategies tailored to their specific 
needs within this region as long as they have a means of accessing the services. Funding 





will be funding that is significant enough to address each and every need of the homeless 
population within each county in the near future; therefore, since there are overlapping 
risk factors, regional approaches to homeless mitigation could be feasible.  
Taos County, New Mexico 
 
 Taos County, New Mexico is approximately 1.2 standard deviations away from 
the mean. This means that it falls outside of the range of calculated characteristics of 
nearly 70% of the counties within the state. It is also graphically shown to be within the 
top 20% of ‘at risk’ counties in New Mexico. This validates the claim that Taos County is 
statistically unusual and should be evaluated further. The two characteristics determined 
to be significantly increasing this risk are a high unemployment rate and a high housing 
cost-burden for renters.  
Table 8: Taos County, NM Risk Assessment 
Taos County, New Mexico 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,103  0.16  74.6% 3 
Unemployment Rate 5.7 0.81 141.4% 1 
Housing Cost-Burden: Renters 32.1 1.71 122.1% 1 
Housing Cost-Burden: Owners 16.4 0.20 87.7% 3 
 
To get a better understanding of Taos County and the contributing factors to risk that are 
present within the general geographic area where it is located, the counties that border 
Taos—the counties of Colfax, Mora, and Rio Arriba—are also evaluated.  
 Colfax County, New Mexico is located to the east of Taos County and has a very 
low concentration of individuals at risk of becoming temporarily homeless. The variables 





threat to Colfax County. Since there is a very low concentration of individuals at risk of 
becoming homeless there are no specific factors that need to be addressed by mitigation 
strategies.  
Table 9: Colfax County, NM Risk Assessment 
Colfax County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 16,418 0.23 76.1% 4 
Unemployment Rate 4.0 0.34 93.2% 4 
Housing Cost-Burden: Renters 22.3 0.86 84.8% 5 
Housing Cost-Burden: Owners 14.4 0.67 77.0% 4 
 
Mora County borders Taos County to the southeast and is also identified as being 
among the top 20% of counties with a high concentration of individuals at risk of 
becoming temporarily homeless.  The rankings for the contributing factors to risk are 
similar in Taos County and Mora County with two identical rankings identified—the 
rankings for unemployment and housing cost-burden for renters. Both counties are shown 
to have an unemployment rate that far surpasses the national median unemployment rate; 
the housing cost-burden for renters in Taos and Mora counties also far surpass the 
Department of Housing and Urban Development’s standards for affordable housing 
which state that affordable housing is less than or equal to 30% of one’s income. Mora 
County is also shown to have a median income per capita that is substantially lower than 
the national median income per capita and is also ranked among the counties with the 






Table 10: Mora County, NM Risk Assessment 
Mora County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 12,340 0.71 57.2% 1 
Unemployment Rate 0.06 1.29 161.3% 1 
Housing Cost-Burden: Renters 32.4 1.79 123.2% 1 
Housing Cost-Burden: Owners 15.2 0.32 81.3% 3 
 
 Rio Arriba County borders Taos County to the west and southwest and displays a 
moderately low concentration of individuals at risk of becoming temporarily homeless. 
The only factor that remotely drives the risk of homelessness is the unemployment rate. It 
is higher than the national median unemployment rate. The median income per capita is 
moderate in comparison to the rest the counties within New Mexico. The housing cost-
burden for renters and owners is very low, well below the national and statewide median 
housing cost-burdens. 
Table 11: Rio Arriba County, NM Risk Assessment 
Rio Arriba County, NM 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita 14,263 0.26 66.1% 3 
Unemployment Rate 0.05 0.32 121.0% 2 
Housing Cost-Burden: Renters 22 0.94 83.7% 5 
Housing Cost-Burden: Owners 14.9 0.45 79.7% 4 
 
After compiling the factors that contribute to the concentration of individuals at 
risk of temporary homelessness in Taos County, as well as the surrounding counties of 
Colfax, Mora, and Rio Arriba, there are two risk factors that are shown to overlap in this 
region: high unemployment rates and high housing cost-burden for renters. Homeless 





portion of the population that is affected by these risks. Residents of the surrounding 
counties as well as residents of Taos County could benefit from having mitigation 
strategies tailored to their specific needs within this region. Taos and Luna, as well as the 
counties bordering them share the same leading risk factors overall; these counties are not 
in close proximity to one another which leads to the assumption that these issues could be 
targeted at the counties on the state level in New Mexico. 
West Virginia 
West Virginia is approximately 0.7 standard deviations away from the average 
total which means that it falls outside of the calculated range of characteristics of nearly 
60% of the states within the United States. This leads to the validation of the claim that 
West Virginia is statistically unusual and should be evaluated further. Upon studying the 
variables that contribute to the risk of temporary homelessness within the state, a low 
median income per capita and a high unemployment rate are identified as the main 
factors contributing to the high concentration of individuals at risk of becoming 
temporarily homeless in West Virginia.  
Table 12: West Virginia, USA 
West Virginia, USA 
Variables Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,477  1.5  76% 1 
Unemployment Rate 5.5 1.8 138% 1 
Housing Cost-Burden: Renters 26.0 0.26 99% 3 






The counties with the highest concentration of individuals at risk of becoming 
temporarily homeless in West Virginia are: Gilmer, Mingo, Summers, and Webster. The 
counties identified as having the highest concentration of individuals at risk fall between 
approximately 1.6 and 2.5 standard deviations from the mean.  








 When the counties with the highest concentration of individuals at risk for 
temporary homelessness were identified they were evaluated by population, number of 
households, and number of families to aid in selecting the two states for further 
examination. They were evaluated by population in order to ensure that the selected 
counties showed consistency in size. Households and families are being noted as this 
specific demographic is becoming increasingly threatened and it could be beneficial to 
take this into account when determining which mitigation strategies will be the most 
effective.  Summers County, West Virginia and Webster County, West Virginia were 
selected as the two counties for further evaluation.  
 
Counties with the Highest Risk of Temporary Homelessness in 
West Virginia (2000) 
County 
Population 
(2000) Households Families STDEVP 
Gilmer 7,160 2,768 1,862 2.2 
Mingo 28,253 11,303 8,218 1.6 
Summers 12,999 5,530 3,756 1.9 


















Figure 8: Webster County, WV- Regional Analysis 
 





Summers County, West Virginia 
 
 Summers County, West Virginia is approximately 1.9 standard deviations away 
from the mean. This means that it falls outside of the range of calculated characteristics 
of nearly 95% of the counties within the state. When the contributing factors to risk are 
examined for Summers County it is apparent that a low median income and a high 
unemployment rate are the two factors driving the high risk for temporary homelessness. 
Though the housing cost-burden for renters and the housing cost-burden for owners are 
less of a driving force they still contribute to the high risk of homelessness as they have a 
very low ranking within the state. The counties that border Summers—the counties of 
Fayette, Greenbrier, Mercer, Monroe, and Raleigh—are also evaluated.  
Table 14: Summers County, WV Risk Assessment 
Summers County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $12,419  1.3  57.5% 1 
Unemployment Rate 5.6 1.45 140.4% 1 
Housing Cost-Burden: Renters 27.3 0.74 103.8% 2 
Housing Cost-Burden: Owners 15.4 0.77 82.4% 2 
 
Fayette County borders Summers County to the north and has a moderately high 
concentration of individuals at risk of becoming temporarily homeless. Though Fayette 
County was not determined to be among the top 20% of counties with a high 
concentration of individuals at risk of becoming temporarily homeless, Summers County 
and Fayette County do share one identical ranking for unemployment. Both counties are 
also shown to have an unemployment rate that far surpasses the national median 





the national median income per capita and only slightly higher than the lowest reported 
incomes per capita in the state of West Virginia. Housing cost-burdens for both renters 
and owners are lower than the national medians and moderate in comparison to the other 
counties within the state. 
Table 15: Fayette County, WV Risk Assessment 
Fayette County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,809 0.66  64% 2  
Unemployment Rate 5.7% 1.51  141.8% 1 
Housing Cost-Burden: Renters 25.9 0.24  98.5% 3 
Housing Cost-Burden: Owners 14.4 0.11  77.0% 3 
 
Greenbrier County, West Virginia borders Summers County to the northeast and 
displays a moderately high concentration of individuals at risk of becoming homeless. 
The contributing factors that are shown to be higher than the national medians and 
driving the risk of temporary homelessness are the unemployment rate and the housing 
cost-burden for renters. However, the unemployment rate and the housing cost-burden for 
renters are only moderately high in comparison to the rest of the state. The median 
income per capita is within the moderate range for the state though it is lower than the 
national median income per capita; the housing cost-burden for owners is moderately 
high in comparison to the other counties within the state but lower than the national 







Table 16: Greenbrier County, WV Risk Assessment 
Greenbrier County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,247 0.43  75% 3  
Unemployment Rate 4.5% 0.34  111.9% 2 
Housing Cost-Burden: Renters 28.4 1.13  108.0% 2 
Housing Cost-Burden: Owners 15.1 0.50  80.7% 2 
  
 Mercer County borders Summers County to the southwest and displays a 
moderately high concentration of individuals at risk of becoming temporarily homeless. 
The main factor that is contributing to the concentration of risk for temporary 
homelessness is the high unemployment rate; followed closely by the high housing cost-
burden for renters. Both contributing factors are higher than the national medians and 
rank among the highest in the state. The median income per capita and the housing cost-
burden for owners are moderate to moderately low in comparison to the national and state 
values. 
Table 17: Mercer County, WV Risk Assessment 
Mercer County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $15,564 0.13  72% 3  
Unemployment Rate 5.0% 0.82  124.2% 1 
Housing Cost-Burden: Renters 26.9 0.60  102.3% 2 
Housing Cost-Burden: Owners 13.8 0.63  73.8% 4 
 
Monroe County borders Summers County to the southeast and has a very low 
concentration of individuals at risk of becoming temporarily homeless. The 
unemployment rates and the housing cost-burden for renters are much lower than the 





moderately high in comparison to the rest of the state and the housing cost-burden for 
owners is far below the national median and comparable to the rest of the state. There is 
not a prominent driving factor of risk. 
Table 18: Monroe County, WV Risk Assessment 
Monroe County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $17,435 0.97  81% 4  
Unemployment Rate 2.4% 1.67  60.3% 5 
Housing Cost-Burden: Renters 22.8 0.87  86.7% 5 
Housing Cost-Burden: Owners 14.6 0.07  78.1% 3 
 
 Raleigh County borders Summers County to the west and is identified as having 
only a moderate concentration of individuals at risk of becoming homeless. All of the 
contributing factors to risk are moderate within the state and all fall within a moderate 
range in comparison to the national medians. Housing cost-burden for renters is 
established to be moderately low in comparison to the state values. There are no 
prominent driving factors of risk. 
Table 19: Raleigh County, WV Risk Assessment 
Raleigh County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,233 0.43  75% 3  
Unemployment Rate 3.8% 0.31  95.1% 3 
Housing Cost-Burden: Renters 25.1 0.05  95.4% 4 
Housing Cost-Burden: Owners 14.5 0.02  77.5% 3 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of temporary homelessness in Summers County, as well as the surrounding counties 





overlap within the region: high unemployment rates and high housing cost-burden for 
renters. There is also some overlap regarding low median incomes per capita. Currently, 
there are no options available for homeless individuals in Summers County.  
Webster County, West Virginia 
 
 Webster County, West Virginia is approximately 2.5 standard deviations away 
from the mean. This means that it falls outside of the range of calculated characteristics 
of nearly 98% of the counties within the state. All of the contributing factors to risk are 
higher than any other county within the state and far exceed the national median values as 
well. The unemployment rate is exceptionally high and is calculated to be 2.15 standards 
deviations from the mean which means that it is uncharacteristically high for the state of 
West Virginia. The housing cost-burden for renters is also very high for the state and 
nearly falls into the unaffordable range as defined by HUD. The counties that border 
Webster—the counties of Braxton, Greenbrier (which was previously evaluated as it also 
borders Summers County), Lewis, Nicholas, Pocahontas, Randolph, and Upshur—are 
also evaluated.  
Table 20: Webster County, WV Risk Assessment 
Webster County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $12,284  1.3  56.9% 1 
Unemployment Rate 6.3 2.15 158.3% 1 
Housing Cost-Burden: Renters 29.1 1.4 110.6% 1 
Housing Cost-Burden: Owners 16.2 1.5 86.6% 1 
 
 Braxton County, West Virginia is located to the northwest of Webster County and 





The variables that contribute to the concentration of risk for temporary homelessness in 
Braxton are a low median income per capita and a relatively high unemployment rate. 
The unemployment rate in Braxton County is slightly above the national median 
unemployment rate and is above average in comparison to the rest of the counties in West 
Virginia. The housing cost-burden for renters and the housing cost-burden for owners do 
not immediately threaten Braxton County.  
Table 21: Braxton County, WV Risk Assessment 
Braxton County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,349  0.87  61.8% 2 
Unemployment Rate 4.12% 0.01  103.0% 2 
Housing Cost-Burden: Renters 24.9 0.12  94.7% 4 
Housing Cost-Burden: Owners 11.9 2.29  63.6% 5 
 
Lewis County borders Webster County to the north and has a moderate 
concentration of individuals at risk of becoming temporarily homeless.  A low median 
income per capita and a high unemployment rate contribute to the risk that is present. The 
median income per capita is significantly less than the national median value and the 
unemployment rate is slightly higher. The housing cost-burden for owners presents a 
moderate risk; whereas, the housing cost-burden for renters does not threaten the 









Table 22: Lewis County, WV Risk Assessment 
Lewis County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,933  0.61  64.5% 2 
Unemployment Rate 4.04% 0.09  100.9% 2 
Housing Cost-Burden: Renters 23.0 0.79  87.5% 5 
Housing Cost-Burden: Owners 14.3 0.19  76.5% 3 
 
 Nicholas County borders Webster County to the southwest and displays a 
moderate concentration of individuals at risk of becoming temporarily homeless. The 
only factor that is below average and somewhat driving the risk of homelessness is the 
housing cost-burden for renters; it is higher than the national median housing cost-burden 
for renters. All of the other contributing factors to the risk of temporary homelessness fall 
within the moderate range determined for the state. 
Table 23: Nicholas County, WV Risk Assessment 
Nicholas County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $15,207  0.03  70.4% 3 
Unemployment Rate 3.89% 0.23  97.2% 3 
Housing Cost-Burden: Renters 26.7 0.52  101.5% 2 
Housing Cost-Burden: Owners 14.3 0.19  76.5% 3 
 
 Pocahontas County borders Webster County to the southeast and has a moderately 
low concentration of individuals at risk of becoming homeless. The median income per 
capita and the housing cost burden for owners are moderate in comparison with the state 
and relatively low in comparison to the national median values. The unemployment rate 





the lowest within the state which means that they are not a significant factor in the 
calculated risk. 
Table 24: Pocahontas County, WV Risk Assessment 
Pocahontas County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $14,384  0.40  66.6% 3 
Unemployment Rate 3.28% 0.83  81.9% 4 
Housing Cost-Burden: Renters 22.1 1.12  84.0% 5 
Housing Cost-Burden: Owners 14.7 0.16  78.6% 3 
 
 Randolph County borders Webster County to the northeast and has a moderate 
concentration of individuals at risk of temporary homelessness.  None of the contributing 
factors to homeless risk are above average. Each factor has a moderate ranking except 
housing cost-burden for renters which is lower than average for both the state and 
nationally. The unemployment rate and housing cost-burden for owners are lower than 
the national median values and the median income per capita is moderate overall. 
Table 25: Randolph County, WV Risk Assessment 
Randolph County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $14,918  0.16  69.1% 3 
Unemployment Rate 3.79% 0.33  94.6% 3 
Housing Cost-Burden: Renters 24.5 0.26  93.2% 4 
Housing Cost-Burden: Owners 14.6 0.07  78.1% 3 
 
Upshur County borders Webster County to the north and has a moderately high 
concentration of individuals at risk of becoming homeless. The median income per capita 
is lower than the state wide average and the housing cost-burden is higher than the state 





burden for renters fall below the national median values and are moderate within the 
state.  
Table 26: Upshur County, WV Risk Assessment 
Upshur County, WV 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,559  0.77  62.8% 2 
Unemployment Rate 3.71% 0.40  92.8% 3 
Housing Cost-Burden: Renters 25.9 0.24  98.5% 3 
Housing Cost-Burden: Owners 15.2 0.59  81.3% 2 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of temporary homelessness in Webster County, as well as the surrounding counties 
of Braxton, Greenbrier (previously examined as it borders Summers County as well), 
Lewis, Nicholas, Pocahontas, Randolph, and Upshur there is not an identifiable trend in 
contributing factors to homelessness. Webster County displays a high risk in regards to 
each contributing factor of homelessness; unemployment rates and housing cost-burdens 
for renters and owners all overlap within the region. When the rankings for each variable 
within the region are combined, a low median income and a high unemployment rate are 
shown to be the main contributing factors to the high concentration of individuals at risk 
of becoming temporarily homeless within the region.  
 Homeless mitigation strategies that are located in this geographic region should 
be targeted at the portion of the population that is affected by these risks. Residents of the 
surrounding counties as well as residents of Webster County could benefit from having 
mitigation strategies tailored to their specific needs within this region. Funding is 





will be funding that is significant enough to address each and every need of the homeless 
population within each county in the near future; as the county clerk of Webster County, 
Terry Payne, reported “At this time Webster County Commission has no funding for 
homeless initiatives. They are lucky to keep the courthouse and officials going.” 
Summers County and Webster County, as well as the counties bordering them share 
many of the same leading risk factors; this leads to the assumption that these issues could 
be targeted at the counties on the state level. 
National Risk for Chronic Homelessness 
 
 The following states were identified as having the highest concentration of 
individuals at risk of becoming chronically homeless: Alabama, Arizona, Arkansas, 
California, Florida, Georgia, Illinois, Louisiana, Mississippi, Nevada, New Mexico, New 
York, Oregon, Rhode Island, and South Carolina. The average state values were 
calculated for each variable and for each ranking and the standard deviations were then 
determined. Each state that has been identified as being among the top twenty percent of 
the United States in regards to high risk are located between approximately 1.0 and 2.3 
standard deviations away from the mean. These states were also found to represent the 
top twenty percent of the United States in regards to high risk for chronic homelessness; 
this was determined by classifying the data utilizing the quantile function in GIS. This 







Table 27: State Risk for Chronic Homelessness 
States with the Highest Risk for Chronic Homelessness (2000) 
State 
Population 
(2000) Households Families STDEVP 
Alabama 4,447,100 1,737,080 1,215,968 0.84 
Arizona 5,130,632 1,901,327 1,287,367 0.84 
Arkansas 2,673,400 1,042,696 732,261 0.84 
California 33,871,648 11,502,870 7,920,049 1.38 
Florida 15,982,378 6,337,929 4,210,760 1.02 
Georgia 8,186,453 3,006,369 2,111,647 0.84 
Illinois 12,419,293 4,591,779 3,105,513 0.84 
Louisiana 4,468,976 1,656,053 1,156,438 1.57 
Mississippi 2,844,658 1,046,434 747,159 1.38 
Nevada 1,998,257 751,165 498,333 1.20 
New Mexico 1,819,046 677,971 466,515 0.84 
New York 18,976,457 7,056,860 4,639,387 2.29 
Oregon 3,421,399 1,333,723 877,671 1.20 
Rhode Island 1,048,319 408,424 265,398 1.38 
South Carolina 4,012,012 1,533,854 1,072,822 0.84 
 
When the states with the highest concentration of individuals at risk for chronic 
homelessness were identified they were evaluated by population, number of households, 
number of families, and geographical location to aid in selecting the two states for further 
examination. They were evaluated by population in order to ensure that the selected states 
showed consistency in size. Households and families are worthy of being noted as this 
specific demographic is becoming increasingly more threatened and it could be beneficial 
to take them into account when determining which mitigation strategies will be the most 
effective. Geographical location was used to select states from widely varying locations 
in order to see if diverse locations could make a difference in the driving risk factors. 














Louisiana is approximately 1.6 standard deviations away from the average total 
which means that it falls outside of the calculated range of characteristics of nearly 95% 
of the states within the United States. The standard deviation was also calculated for each 
variable contributing to the determination of risk. Upon studying the variables, a low 
median income, a high unemployment rate and high housing cost-burden for renters, as 
well as a high concentration of veterans and single mother households are assumed to be 
the characteristics that are driving this risk for the state. A moderately high concentration 
of individuals with a mental disability also contributes to the high concentration of 
individuals at risk of becoming chronically homeless.  
Table 28: Louisiana, USA 
Louisiana, USA 
Contributing Factors to Risk Value 
Percent of 
National Ranking 
Median Income Per Capita $16,912  78% 1 
Unemployment Rate 5.0 125% 1 
Housing Cost-Burden: Renters 28.8 110% 1 
Housing Cost-Burden: Owners 16.1 86% 5 
Veterans 9.9% 115% 1 
Single Mother Households 9.8% 136% 1 
Mental Disabilities 8.0% 104% 2 
Reports of Substance Abuse 0.6% 48% 4 
 
 The counties with the highest concentration of individuals at risk of becoming 
chronically homeless in Louisiana are: Avoyelles, Concordia, East Carroll, Evangeline, 
Madison, Natchitoches, Orleans, St. Landry, Tensas, and Washington. The average 
county values were calculated for each variable and for each ranking and the standard 





concentration of individuals at risk fall between approximately 1.2 and 1.9 standard 
deviations from the mean. These counties also represent the top twenty percent of 
Louisiana in regards to high risk for chronic homelessness; this was determined by 
classifying the data utilizing the quantile function in GIS.  
Table 29: Louisiana Counties 'At Risk'  
 




(2000) Households Families STDEVP 
Avoyelles 41,481 14,736 10,584 1.9 
Concordia 20,287 7,521 5,433 1.9 
East Carroll 9,421 2,969 2,140 1.6 
Evangeline 35,434 12,736 9,151 1.6 
Madison 13,728 4,469 3,140 1.6 
Natchitoches 39,080 14,263 9,503 1.6 
Orleans 484,674 188,251 112,977 1.6 
St. Landry 87,700 32,328 23,205 1.2 
Tensas 6,618 2,416 1,635 1.2 
Washington 43,926 16,467 11,646 1.2 
 
 When the counties with the highest concentration of individuals at risk for chronic 
homelessness were identified they were evaluated by population, number of households, 
and number of families to aid in selecting the two states for further examination. They 
were evaluated by population in order to ensure that the selected counties showed 
consistency in size. Households and families are worthy of being noted as this specific 
demographic is becoming increasingly threatened and it will be beneficial to take this 
into account when determining which mitigation strategies will be the most effective.  
Natchitoches County, Louisiana and Washington County, Louisiana were selected as the 





Natchitoches County, Louisiana 
 
 Natchitoches County, Louisiana is approximately 1.6 standard deviations away 
from the mean. This means that it falls outside of the range of calculated characteristics 
of nearly 90% of the counties within the state. Therefore, the claim that Natchitoches 
County is statistically unusual and should be evaluated further is validated. When the 
contributing factors to risk are examined it is apparent that a high housing cost-burden for 
renters is the main factor driving the high concentration of individuals at risk of 
becoming chronically homeless. Though the low median income per capita, high 
unemployment rate, high housing cost-burden for owners, and a high concentration of 
single mother households are less of a contributing factor they still contribute to the high 
risk of homelessness as they have a very low ranking within the state.  The counties 
that border Natchitoches—the counties of Bienville, De Soto, Grant, Rapides, Red River, 
Sabine, Vernon, and Winn—are also evaluated.  
Table 30: Natchitoches County, LA Risk Assessment 
Natchitoches County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,743  0.40 64% 2 
Unemployment Rate 5.4 0.10 135% 2 
Housing Cost-Burden: Renters 29.7 1.78 113% 1 
Housing Cost-Burden: Owners 16.6 0.81 89% 2 
Veterans 8.3% 0.30  97% 4 
Single Mother Households 10.7% 0.71 149% 2 



























Bienville County borders Natchitoches to the north and has a moderately high 
concentration of individuals at risk of becoming chronically homeless. The median 
income per capita in Bienville is ranked among the lowest in the state of Louisiana which 
leads to a high concentration of individuals that may become homeless due to insifficient 
income. The unemployment rate and housing cost-burden for renters are also among the 
highest within the state and are somewhat higher than the national rates for 
unemployment and housing cost-burden for renters. The only other factor that contributes 
to the moderately high concentration of individuals at risk of becoming chronically 
homeless is the high concentration of single-mother households within Bienville County. 
Table 31: Bienville County, LA Risk Assessment 
Bienville County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $12,471  0.92  58% 1 
Unemployment Rate 4.9% 0.01  123% 2 
Housing Cost-Burden: Renters 27.5 1.01  105% 2 
Housing Cost-Burden: Owners 14.7 0.58  79% 4 
Veterans 8.4% 0.00  98% 4 
Single Mother Households 9.8% 0.26  136% 2 
Mental Disabilities 1.5% 0.44  19% 4 
 
 De Soto County borders Natchitoches to the northwest and displays a moderate 
risk of chronic homelessness. A low median income is once again one of the major 
contributing factors of risk among individuals in De Soto County. This is coupled with a 
moderately high unemployment rate and a moderately high concentration of single-
mother households. However, these characteristics combined with moderately low 





characteristics that contribute to chronic homelessness—concentration of veterans, 
concentration of individuals with mental disabilities— leads to De Soto County not 
having a high concentration of individuals as risk of becoming chronically homeless. 
Table 32: De Soto County, LA Risk Assessment 
De Soto County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,606  0.45  63.0% 2 
Unemployment Rate 4.5% 0.14 111.8% 2 
Housing Cost-Burden: Renters 23 0.56 87.5% 4 
Housing Cost-Burden: Owners 14.8 0.50 79.1% 4 
Veterans 9.8% 0.20 114.0% 3 
Single Mother Households 10.6% 0.63 146.9% 2 
Mental Disabilities 1.6% 0.27 20.1% 3 
 
Grant County borders Natchitoches to the east and has a moderate concentration 
of individuals at risk of becoming chronically homeless. All of the contributing factors to 
risk fall between the moderate to moderately low risk range. Though the concentration of 
single mother households is above the national median value for this characteristic it is 
still moderate in comparison to the rest of the state of Louisiana. There are no factors that 










Table 33: Grant County, LA Risk Assessment 
Grant County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $14,410  0.12 66.8% 3 
Unemployment Rate 3.8% 0.49 95.0% 3 
Housing Cost-Burden: Renters 23.8 0.28 90.5% 3 
Housing Cost-Burden: Owners 15.3 0.14 81.8% 3 
Veterans 8.5% 0.41 98.4% 4 
Single Mother Households 8.2% 0.55 113.5% 4 
Mental Disabilities 1.5% 0.28 20.1% 3 
 
Rapides County borders Natchitoches to the southeast and has a moderately high 
concentration of individuals at risk of becoming homeless. Housing cost-burdens for both 
renters and owners are among the highest in the state. There is also a relatively high 
concentration of single mother households in Rapides County. All of the remaining 
characteristics fall within the average range of characteristics for the state.  
Table 34: Rapides County, LA Risk Assessment 
Rapides County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,088  0.57 74.5% 3 
Unemployment Rate 4.0% 0.31 99.9% 3 
Housing Cost-Burden: Renters 26.4 0.63 100.4% 2 
Housing Cost-Burden: Owners 16.3 0.59 87.2% 2 
Veterans 9.6% 0.23 111.7% 3 
Single Mother Households 10.1% 0.41 140.8% 2 
Mental Disabilities 1.6% 0.01 21.4% 3 
 
 Red River County borders Natchitoches to the north and has a moderately high 
concentration of individuals at risk of becoming chronically homeless. The characteristics 





homelessness are a low median income per capita, a high unemployment rate, and a 
significantly high concentration of single mother households. The unemployment rate 
and concentration of single mother households far exceed the national median values for 
these characteristics. The concentration of veterans in Red River County also exceeds the 
national value for this contributing factor to homelessness but it is only moderate in 
comparison to the rest of the state of Louisiana. The other contributing factors fall within 
the moderate to moderately low range of calculated characteristics and do not play a 
significant role in the concentration of individuals at risk of becoming chronically 
homeless. 
Table 35: Red River County, LA Risk Assessment 
Red River County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $12,119 1.06 56.1% 1 
Unemployment Rate 5.9% 1.50 148.6% 1 
Housing Cost-Burden: Renters 23.4 0.42 89.0% 4 
Housing Cost-Burden: Owners 15.9 0.30 85.0% 3 
Veterans 10.5% 0.08 122.3% 3 
Single Mother Households 11.0% 0.83 152.6% 1 
Mental Disabilities 1.5% 0.52 19.0% 4 
 
 Sabine borders Natchitoches to the west and has a moderately low concentration 
of individuals at risk of becoming chronically homeless. The only contributing factor of 
homelessness that presents a significant risk in Sabine County is the housing cost-burden 
for renters. It falls below the national median housing cost-burden for renters but is 
among one of the highest in the state. The unemployment rate is higher than the national 





unemployment rate both fall within the moderate range for the state. All of the 
contributing factors that are attributed to an increased risk of chronic homelessness fall 
into the moderately low range of identified characteristics. There is a moderately low 
concentration of veterans, single mother households, and individuals with mental 
disabilities. Therefore, the risk is higher for temporary homelessness than chronic 
homelessness within Sabine County. 
Table 36: Sabine County, LA Risk Assessment 
Sabine County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $15,199 0.20 70.4% 3 
Unemployment Rate 4.2% 0.11 105.3% 3 
Housing Cost-Burden: Renters 25.3 0.24 96.2% 2 
Housing Cost-Burden: Owners 14.6 0.65 78.1% 4 
Veterans 8.1% 0.47 93.8% 4 
Single Mother Households 7.2% 1.02 100.5% 4 
Mental Disabilities 1.5% 0.47 19.3% 4 
 
Vernon County borders Natchitoches to the south and has a moderately low 
concentration of individuals at risk of becoming chronically homeless. The housing cost-
burden for renters and the concentration of veterans are much lower than the national 
medians and are among the lowest in the state. The concentration of single mother 
households is comparable to the national value but is much lower than the median 
concentration throughout the state. The median income per capita is moderately low in 
comparison to the rest of the state and the concentration of individuals with mental 
disabilities is moderately high; the median income per capita and the concentration of 





contributing factors. This leads to the conclusion that there is not a prominent driving 
factor of risk identified within Vernon County. 
Table 37: Vernon County, LA Risk Assessment 
Vernon County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $14,036 0.28 65.0% 2 
Unemployment Rate 4.0% 0.32 99.6% 3 
Housing Cost-Burden: Renters 20.4 1.47 77.6% 5 
Housing Cost-Burden: Owners 14.7 0.58 78.6% 4 
Veterans 7.1% 0.63 82.9% 5 
Single Mother Households 7.2% 1.05 99.6% 5 
Mental Disabilities 2.1% 1.48 27.9% 2 
 
Winn County borders Natchitoches to the east and has a moderate concentration 
of individuals at risk of becoming chronically homeless. The median income per capita is 
significantly lower than the national median income per capita and ranks among the 
lowest in Louisiana. The housing cost-burden for renters is among the highest within the 
state and contributes to the risk that is present. The other contributing factor to the present 
risk is a high concentration of veterans within Winn County. It is more than double the 
national median value for veterans and is shown to have one of the highest concentrations 









Table 38: Winn County, LA Risk Assessment 
Winn County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $11,794 1.20 54.6% 1 
Unemployment Rate 3.4% 0.81 86.2% 4 
Housing Cost-Burden: Renters 25.9 0.45 98.5% 2 
Housing Cost-Burden: Owners 15.7 0.15 84.0% 3 
Veterans 18.4% 1.18 213.9% 2 
Single Mother Households 8.3% 0.48 115.7% 4 
Mental Disabilities 1.1% 1.71 13.8% 5 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of chronic homelessness in Natchitoches County, as well as the surrounding counties 
of Bienville, De Soto, Grant, Rapides, Red River, Sabine, Vernon, and Winn  there is not 
a strict identifiable trend in contributing factors to homelessness. Natchitoches County 
displays a moderately high to high risk in each of the following categories: median 
income per capita, unemployment rate, housing cost-burden for renters, housing cost-
burden for owners, and a high concentration of single mother households. These 
characteristics overlap in many of the surrounding counties. When the rankings for each 
variable in the region are combined a low median income, a high housing cost-burden for 
renters, and a high concentration of single mother households are determined to be 
among the main contributing factors to the high concentration of individuals at risk of 
becoming chronically homeless within the region.   
Washington County, Louisiana 
 
 Washington County, Louisiana is approximately 1.2 standard deviations away 





counties within the state. When the contributing factors are examined it is apparent that a 
low median income per capita is the main factor driving the high risk for chronic 
homelessness. Though the high housing cost-burden for renters, high housing cost-burden 
for owners, and a high concentration of individuals with mental disabilities are less of a 
driving force they still contribute to the high risk of homelessness as they have a very low 
ranking within the state. The counties that border Washington—the counties of St. 
Tammany and Tangipahoa—are also evaluated. 
Table 39: Washington County, LA Risk Assessment 
Washington County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $12,915  0.74 59.8% 1 
Unemployment Rate 4.0% 0.32 99.5% 3 
Housing Cost-Burden: Renters 27.1 0.87 103.0% 2 
Housing Cost-Burden: Owners 16.4 0.66 87.7% 2 
Veterans 11.4% 0.06 132.4% 3 
Single Mother Households 9.4% 0.02 129.9% 3 
Mental Disabilities 2.0% 1.17 26.5% 2 
 
 St. Tammany County borders Washington County to the south and has a very low 
concentration of individuals at risk of becoming chronically homeless. The only two 
factors that contribute to the slight risk of chronic homelessness are a high housing cost-
burden for owners and a moderately high housing cost-burden for renters. Though these 
contributing factors are high within the state they still fall well below the national median 
housing cost-burden values for both renters and owners. The remaining contributing 
factors all place St. Tammany among the counties with the lowest concentration of 





Table 40: St. Tammany County, LA Risk Assessment 
St. Tammany County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $22,514  3.21 104.3% 5 
Unemployment Rate 2.5% 1.72 61.6% 5 
Housing Cost-Burden: Renters 25.2 0.21 95.8% 2 
Housing Cost-Burden: Owners 17.6 1.54 94.1% 1 
Veterans 7.0% 0.64 81.6% 5 
Single Mother Households 6.5% 1.37 90.5% 5 
Mental Disabilities 1.4% 0.61 18.7% 4 
 
Tangipahoa County borders Washington to the west and has a moderately high 
concentration of individuals at risk of becoming chronically homeless. Tangipahoa has a 
high housing cost-burden for both renters and owners. There is also a high unemployment 
rate; the unemployment rate exceeds the national median rate and is also ranked among 
one of the highest unemployment rates within the state. All of the other contributing 
factors fall within the moderate range of calculated characteristics. 
Table 41: Tangipahoa County, LA Risk Assessment 
Tangipahoa County, LA 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $14,461  0.10 67.0% 3 
Unemployment Rate 5.1% 0.67 126.4% 2 
Housing Cost-Burden: Renters 27.8 1.11 105.7% 1 
Housing Cost-Burden: Owners 16.5 0.74 88.2% 2 
Veterans 10.7% 0.04 125.0% 3 
Single Mother Households 9.6% 0.14 133.3% 3 
Mental Disabilities 1.6% 0.01 21.4% 3 
 
 After compiling the factors that contribute to the concentration of individuals at 





of St. Tammany and Tangipahoa  there are overlapping characteristics of risk. 
Washington County displays a moderately high to high risk in each of the following 
categories: median income per capita and housing cost-burdens for renters and owners. 
These characteristics overlap in many of the surrounding counties. When the rankings for 
each variable in the region are combined a high housing cost-burden for renters and a 
high housing cost-burden for owners are calculated to be among the main contributing 
factors to the high concentration of individuals at risk of becoming chronically homeless 
within the region.  
 Homeless mitigation strategies that are located in this geographic region should 
be targeted at the portion of the population that is affected by these risks. Residents of the 
surrounding counties as well as residents of Washington County could benefit from 
having mitigation strategies tailored to their specific needs within this region. Funding is 
currently being cut for many social welfare programs and it is highly unlikely that there 
will be funding that is significant enough to address each and every need of the homeless 
population within each county in the near future; addressing the temporary characteristics 
as they appear to be more prominent in Washington County as well as within the two 
regions in Louisiana that underwent statistical and graphical evaluation and then 
addressing only the chronic characteristics that are shown to be highly concentrated in 
particular areas could be more efficient and cost-effective than attempting to address all 
characteristics of chronic homelessness. Natchitoches and Washington counties, as well 
as the counties bordering them share many of the same leading risk factors; this leads to 







Oregon is approximately 1.2 standard deviations away from the average total 
which means that it falls outside the calculated range of characteristics of nearly 70% of 
the states within the United States. Upon examining the contributing factors to risk, a 
high unemployment rate and high housing cost-burden for renters and owners, as well as 
a high concentration of individuals that reportedly abuse harmful substances can be 
assumed to be the characteristics that are driving this risk for the state. 
Table 42: Oregon, USA 
Oregon, USA 
Contributing Factors to Risk Value 
Percent of 
National Ranking 
Median Income Per Capita $20,940  97% 3 
Unemployment Rate 5.1 128% 1 
Housing Cost-Burden: Renters 28.1 107% 1 
Housing Cost-Burden: Owners 20.2 108% 1 
Veterans 7.1% 83% 4 
Single Mother Households 6.2% 87% 3 
Mental Disabilities 6.6% 86% 4 
Reports of Substance Abuse 1.6% 119% 1 
 
 The counties with the highest concentration of individuals at risk of becoming 
chronically homeless in Oregon are: Baker, Jackson, Josephine, Klamath, and Malheur. 
The average county values were calculated for each variable and for each ranking and the 
standard deviations were then determined. The counties identified as having the highest 
concentration of individuals at risk fall between approximately 1.3 and 2.2 standard 
deviations from the mean. These counties represent the top twenty percent of Oregon in 
regards to high risk for chronic homelessness; this was determined by classifying the data 





Table 43: Oregon Counties 'At Risk'  




(2000) Households Families STDEVP 
Baker 16,741 6,883 4,681 1.3 
Jackson 181,269 71,532 48,423 1.5 
Josephine 75,726 31,000 21,364 2.2 
Klamath 63,775 25,205 17,293 2.0 
Malheur 31,615 10,221 7,346 1.3 
 
 When the counties with the highest concentration of individuals at risk for chronic 
homelessness were identified they were evaluated by population, number of households, 
and number of families to aid in selecting the two states for further examination. They 
were evaluated by population in order to ensure that the selected counties showed 
consistency in size. Households and families are worthy of being noted as this specific 
demographic is becoming increasingly threatened and it will be beneficial to take this 
into account when determining which mitigation strategies will be the most effective.  
Klamath County, Oregon and Malheur County, Oregon were selected as the two counties 


































Klamath County, Oregon 
 
 Klamath County, Oregon is approximately 2.0 standard deviations away from the 
mean. This means that it falls outside of the range of nearly 95% of the counties within 
the state which validates the claim that Klamath County is statistically unique and should 
be evaluated further. When the contributing factors are examined it is apparent that there 
are many factors driving the high concentration of individuals at risk for becoming 
chronically homeless. They include a high unemployment rate, as well as high 
concentrations of veterans, single mother households, and individuals with mental 
disabilities. There is also a low median income per capita coupled with a high housing 
cost-burden for renters. The counties that border Klamath—the counties of Deschutes, 
Douglas, Jackson, Lake, and Lane—are also evaluated. 
Table 44: Klamath County, OR Risk Assessment 
Klamath County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,719  0.61 77.4% 2 
Unemployment Rate 6.0 1.22 148.8% 1 
Housing Cost-Burden: Renters 27.4 0.72 104.2% 2 
Housing Cost-Burden: Owners 17 0.81 90.9% 4 
Veterans 9.6% 0.78 111.8% 1 
Single Mother Households 6.7% 0.89 93.0% 1 
Mental Disabilities 10.1% 2.78 131.2% 1 
 
 Do the counties surrounding Klamath County display overlapping risk factors? If 
the risk factors are similar, one could assume that mitigation strategies implemented in 





fact that there would be strategies present within this region that are targeted at the 
identified risk factors. 
 Deschutes County borders Klamath to the north and has a low concentration of 
individuals at risk of becoming chronically homeless. The only contributing factors to 
risk are a high housing cost-burden for renters and a high housing cost-burden for 
owners. There is also a moderate concentration of single mother households. The 
remaining rankings combine to statistically identify Deschutes County as having one of 
the lowest concentrations of individuals at risk of becoming chronically homeless. 
Table 45: Deschutes County, OR Risk Assessment 
Deschutes County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $21,767  1.37 100.8% 5 
Unemployment Rate 3.0 1.22 84.1% 5 
Housing Cost-Burden: Renters 27.4 0.72 104.2% 2 
Housing Cost-Burden: Owners 20.4 1.00 109.1% 2 
Veterans 6.4% 0.44 74.3% 4 
Single Mother Households 6.0% 0.89 82.7% 3 
Mental Disabilities 6.2% 0.62 79.9% 5 
  
 Douglas County borders Klamath to the northwest and has a moderate 
concentration of individuals at risk of becoming homeless. There is a moderately high 
concentration of single mother households and a moderately low median income per 
capita. The housing cost-burden for renters and owners as well as the concentration of 
veterans fall within the moderate range for the state. The unemployment rate is above the 





Table 46: Douglas County, OR Risk Assessment 
Douglas County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,581  0.67 76.8% 2 
Unemployment Rate 4.3 0.33 107.6% 4 
Housing Cost-Burden: Renters 25.8 0.04 98.1% 3 
Housing Cost-Burden: Owners 18.2 0.17 97.3% 3 
Veterans 7.6% 0.02 88.5% 3 
Single Mother Households 6.1% 0.17 85.1% 2 
Mental Disabilities 6.9% 0.04 89.8% 4 
 
 Jackson County borders Klamath to the west and has a high concentration of 
individuals at risk of becoming chronically homeless. Jackson County falls within the 
moderate to high risk range for every contributing factor of chronic homelessness. The 
primary factors that are contributing to this calculated risk are a high housing cost-burden 
for renters, a high concentration of single mother households, and a high concentration of 
individuals with a mental disability. There is also a moderately high housing cost-burden 
for owners. The median income per capita, unemployment rate, and concentration of 
veterans all fall within the moderate range of values for the state. 
Table 47: Jackson County, OR Risk Assessment 
Jackson County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $19,498  0.48 90.3% 3 
Unemployment Rate 4.5 0.15 112.4% 3 
Housing Cost-Burden: Renters 28.8 1.31 109.5% 1 
Housing Cost-Burden: Owners 19.9 0.73 106.4% 2 
Veterans 7.6% 0.03 88.9% 3 
Single Mother Households 6.8% 1.00 94.5% 1 





 Lake County borders Klamath to the east and has a low concentration of 
individuals at risk of becoming chronically homeless. The only factors that remotely 
contribute to risk within the county are a low median income per capita and a moderately 
high unemployment rate. The housing cost-burden for renters, housing cost-burden for 
owners, and the concentration of veterans do not impact the concentration of risk within 
the county. 
Table 48: Lake County, OR Risk Assessment 
Lake County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,136  0.84 74.7% 1 
Unemployment Rate 5.0 0.25 123.1% 2 
Housing Cost-Burden: Renters 22.5 1.35 85.6% 5 
Housing Cost-Burden: Owners 13.9 2.46 74.3% 5 
Veterans 5.5% 0.80 63.4% 5 
Single Mother Households 5.1% 0.63 71.2% 4 
Mental Disabilities 6.6% 0.22 85.9% 4 
 
 Lane County borders Klamath to the northwest and has a moderately high 
concentration of individuals at risk of becoming homeless. The high housing cost-burden 
for renters and the high concentration of single mother households are the main 
contributing factors to this risk. The moderately high housing cost-burden for renters also 










Table 49: Lane County, OR Risk Assessment 
Lane County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $19,681  0.55 91.2% 4 
Unemployment Rate 4.1 0.52 102.5% 4 
Housing Cost-Burden: Renters 29.7 1.69 112.9% 1 
Housing Cost-Burden: Owners 19.9 0.73 106.4% 2 
Veterans 7.0% 0.22 81.2% 3 
Single Mother Households 6.5% 0.73 90.6% 1 
Mental Disabilities 6.8% 0.08 88.0% 4 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of chronic homelessness in Klamath County, as well as the surrounding counties of 
Deschutes, Douglas, Jackson, Lake, and Lane, overlapping characteristics of risk are 
identified. Klamath County displays a moderately high to high risk in each of the 
following categories: median income per capita, unemployment rate, housing cost-burden 
for renters, concentration of veterans, concentration of single mother households, and 
concentrations of individuals with a mental disability. These characteristics overlap in 
many of the surrounding counties. When the rankings for each variable in the region are 
combined a high housing cost-burden for renters and a high concentration of single 
mother households are identified as being among the main contributing factors to the 
high concentration of individuals at risk of becoming chronically homeless within the 
region; there is also a relatively high concentration of individuals with mental disabilities 
which contributed to the established risk. Homeless mitigation strategies that are located 
in this geographic region should be targeted at the portion of the population that is 





Malheur County, Oregon 
 
 Malheur County, Oregon is approximately 1.3 standard deviations away from the 
mean. This means that it falls outside of the range of nearly 70% of the counties within 
the state. This validates the claim that Malheur County is statistically unique and should 
be evaluated further. When the contributing factors are examined it is apparent that there 
are many factors driving the high risk for chronic homelessness. They include a high 
unemployment rate, as well as high concentrations of veterans and single mother 
households. There is also a low median income per capita and a moderately high 
concentration of individuals with mental disabilities. The counties that border Malheur—
the counties of Baker, Grant, and Harney—are also evaluated. 
Table 50: Malheur County, OR Risk Assessment 
Malheur County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $13,895  1.72 64.4% 1 
Unemployment Rate 5.9 1.18 147.7% 1 
Housing Cost-Burden: Renters 24.9 0.34 94.7% 4 
Housing Cost-Burden: Owners 17 1.13 90.9% 4 
Veterans 20.6% 4.94 239.6% 1 
Single Mother Household 7.1% 1.31 98.9% 1 
Mental Disabilities 7.9% 0.92 103.1% 2 
 
 Baker County borders Malheur to the north and has a high concentration of 
individuals at risk of becoming chronically homeless. A low median income per capita 
coupled with a moderately high housing cost-burden for renters contributes to this risk. A 





disabilities also leads to an increased concentration of individuals at risk of becoming 
chronically homeless. 
Table 51: Baker County, OR Risk Assessment 
Baker County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $15,612  1.05 72.3% 1 
Unemployment Rate 4.6 0.05 115.0% 3 
Housing Cost-Burden: Renters 26.4 0.29 100.4% 2 
Housing Cost-Burden: Owners 18.1 0.22 96.8% 3 
Veterans 8.9% 0.51 103.6% 1 
Single Mother Households 5.7% 0.05 79.5% 4 
Mental Disabilities 9.2% 1.98 119.0% 1 
 
 Grant County borders Malheur to the northwest and displays a moderate 
concentration of individuals at risk of becoming chronically homeless. The variables that 
lead to this moderate risk are a moderately low median income per capita and a high 
unemployment rate. The housing cost-burdens for both renters and owners within the 
county are very low and do not lead to an increased risk. The concentration of veterans 
and the concentration of single mother households fall within the moderate range for the 












Table 52: Grant County, OR Risk Assessment 
Grant County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,794  0.58 77.8% 2 
Unemployment Rate 7.3 2.49 182.5% 1 
Housing Cost-Burden: Renters 19.8 2.50 75.3% 5 
Housing Cost-Burden: Owners 16.3 1.18 87.2% 5 
Veterans 7.4% 0.05 86.4% 3 
Single Mother Households 5.9% 0.11 81.7% 3 
Mental Disabilities 6.0% 0.75 78.0% 5 
 
 Harney County borders Malheur to the west and is shown to have a moderate 
concentration of individuals at risk of becoming chronically homeless. The variables that 
lead to this moderate risk are a low median income per capita and a high unemployment 
rate. The remaining factors are all found to be below the national median values and 
among the lowest risk range for the state. 
Table 53: Harney County, OR Risk Assessment 
Harney County, OR 
    
Contributing Factors to Risk Value STDEVP 
Percent of 
National Ranking 
Median Income Per Capita $16,159  0.83 74.9% 1 
Unemployment Rate 6.0 1.25 149.5% 1 
Housing Cost-Burden: Renters 23.4 0.97 89.0% 5 
Housing Cost-Burden: Owners 16.9 0.86 90.4% 4 
Veterans 5.7% 0.72 65.8% 5 
Single Mother Households 4.1% 1.64 56.7% 5 
Mental Disabilities 6.2% 0.54 81.1% 4 
 
 After compiling the factors that contribute to the concentration of individuals at 
risk of chronic homelessness in Malheur County, as well as the surrounding counties of 





displays a moderately high to high risk in each of the following categories: median 
income per capita, unemployment rate, concentrations of veterans, concentrations of 
single mother households, and concentrations of individuals with mental disabilities. 
These characteristics overlap in many of the surrounding counties. When the rankings for 
each variable in the region are combined a low median income per capita and a high 
unemployment rate are calculated to be among the main contributing factors to the high 
concentration of individuals at risk of becoming chronically homeless within the region. 
Homeless mitigation strategies that are located in this geographic region should be 
targeted at the portion of the population that is affected by these risks.  
 Residents of the surrounding counties as well as residents of Malheur County 
could benefit from having mitigation strategies tailored to their specific needs within this 
region. Funding is currently being cut for many social welfare programs and it is highly 
unlikely that there will be funding that is significant enough to address each and every 
need of the homeless population within each county in the near future; addressing the 
temporary characteristics and then addressing only the chronic characteristics that are 
shown to be highly concentrated in particular areas in this region could be more efficient 
and cost-effective than attempting to address all characteristics of chronic homelessness. 
Klamath and Malheur counties, as well as the counties bordering them share many of the 
same leading risk factors; this leads to the assumption that these issues should be targeted 









 By determining the contributing factors to risk that overlap between a county, the 
region that the county being evaluated is located within, and the state, mitigation 
strategies can be tailored to the specific needs of the community as well as the state as a 
whole. Once the specific areas with a high concentration of individuals at risk of 
becoming homeless, both temporarily and/or chronically, have been identified the 
contributing factors to risk are to be evaluated to identify areas of overlapping risks. 
From there, the three mitigation strategies—maintaining emergency facilities, preserving 
Low Income Housing Tax Credit Properties, and building Supportive Housing 
developments—can be examined and the strategies that address the specific needs of the 
target area can be recommended. Recommendations have been made for New Mexico, 
West Virginia, Louisiana, and Oregon based on the magnitude and types of risk for 
homelessness that have been identified. 
New Mexico 
 When the factors that contribute to risk are compiled, it is apparent that a high 
unemployment rate is contributing to a high concentration of individuals at risk of 
becoming homeless in New Mexico. The unemployment rate is a key risk factor on the 
county, regional, and statewide levels and is the only contributing factor that overlaps in 
each of these areas. A high housing-cost burden for renters overlaps on the county and 





risk. In order to address the issue of homelessness efficiently and effectively, mitigation 
strategies need to be tailored to these specific risk factors. 
Table 54: Overlapping Risks- New Mexico 
 
County Region State 
Contributing Factors to Risk Luna Taos Luna  Taos New Mexico 
Low Median Income X       X 
High Unemployment Rate X X X X X 
High Housing Cost-Burden for Renters X X X X   
High Housing Cost-Burden for Owners           
 
„X‟ denotes factors that contribute to a high to moderately-high concentration of risk. 
 To address the risk associated with the high unemployment rate in an effective 
manner, there are two options that can be explored. One option is to implement more 
workforce training facilities and/or creating more opportunities for the ‘at risk’ 
population to learn a trade by providing financial assistance to pursue a specialization 
from a trade school or technical college. The other option that is used to address 
temporary homelessness is simply maintaining the existing emergency facilities. The fact 
that the high concentration of individuals at risk of becoming temporarily homeless is 
being driven by a high unemployment rate leads to the assumption that if these 
individuals become employed they would be physically and mentally able to sustain 
housing by their own means. Emergency facilities are relatively inexpensive to operate as 
long as they are located within communities/ regions with a high risk for temporary 
homelessness as most of the labor and supplies are donated. These facilities are not cost-
effective in areas with a high concentration of individuals at risk of becoming chronically 





 To combat the high risk that is attributed to the high housing cost-burden for 
renters, Low Income Housing Tax Credit properties should be preserved whenever 
possible. The lack of access to affordable housing is cited as being one of the top three 
causes of homelessness in the United States and a high housing cost-burden reflects the 
risk that is present within these specific communities. People are extremely burdened by 
their housing costs within the Luna and Taos regions and if low income housing 
developments are removed from the market many risk becoming homeless until they can 
find more affordable housing. Along with preservation, developing more affordable 
housing units could also prove to be beneficial. If the preservation of Low Income 
Housing Tax Credit Properties is not feasible, maintaining emergency facilities will be 
necessary to aid in the transition of these displaced households into permanent housing.  
 The contributing factors to risk that have been identified are shown to be 
widespread throughout the state with overlapping county and regional risks being present 
in two completely different geographical locations; one contributing factor to risk at the 
county and regional level—a high unemployment rate— is even attributed as leading the 
risk at the statewide level. This leads to the conclusion that the mitigation strategies 
mentioned should be implemented by the state but targeted at the county. The 
information could be taken down to the block group level within the county but that 
should be the sole responsibility of the county in order to address the specific needs of its 
constituents. The state should only be responsible for addressing the counties and the 
regions that display a high risk. Funding for social welfare initiatives is being cut so any 





homelessness could serve to aid in the mitigation of homelessness for more individuals at 
risk. 
West Virginia 
 When the factors that contribute to risk are compiled, it is apparent that a high 
unemployment rate is contributing to a high concentration of individuals at risk of 
becoming homeless in West Virginia. The unemployment rate is a key risk factor on the 
county, regional, and statewide levels and is the only contributing factor that overlaps in 
each of these areas. A low median income per capita overlaps on the county and state 
level and is also shown to contribute to a high to moderately-high concentration of risk in 
the Webster County region. In order to address the issue of homelessness efficiently and 
effectively, mitigation strategies need to be tailored to these specific risk factors. 
Table 55: Overlapping Risks- West Virginia 
 
County Region State 
Contributing Factor to Risk Summers Webster Summers Webster 
West 
Virginia 
Low Median Income X X   X X 
High Unemployment Rate X X X X X 
High Housing Cost-Burden 
for Renters   X X     
High Housing Cost-Burden 
for Owners   X       
 
„X‟ denotes factors that contribute to a high to moderately-high concentration of risk. 
 To address the risk associated with the high unemployment rate in an effective 
manner, there are two options that can be explored. One option is to implement more 
workforce training facilities and/or creating more opportunities for the ‘at risk’ 





from a trade school or technical college. The other option that is used to address 
temporary homelessness is simply maintaining the existing emergency facilities. The fact 
that the high concentration of individuals at risk of becoming temporarily homeless is 
being driven by a high unemployment rate leads to the assumption that if these 
individuals become employed they would be physically and mentally able to sustain 
housing by their own means. Emergency facilities are relatively inexpensive to operate as 
long as they are located within communities/ regions with a high risk for temporary 
homelessness as most of the labor and supplies are donated. These facilities are not cost-
effective in areas with a high concentration of individuals at risk of becoming chronically 
homeless as they only provide transitional services while families get back on their feet. 
 The presence of a significantly low median income within the state and counties 
that have been evaluated in West Virginia is a difficult contributing factor to mitigate. It 
is not feasible to simply recommend an increase in wages and income as those decisions 
are in the hands of the employer and are not something that can be regulated any further 
than simply setting a minimum wage that must be adhered to. However, as stated, the 
typical employee working a minimum wage job would have to work 114 hours a week in 
order to be able to afford housing and the cost of living at the national median levels. 
This equates to three full-time jobs and with the unemployment rate being so high, that 
may not be feasible even if an individual was interested in trying to pursue these career 
paths. It has been stated that many households are three paychecks away from 
homelessness but for many families with incomes that are substantially lower than the 





paycheck to paycheck and not receiving one could drive many individuals and families 
into temporary homelessness. Maintaining emergency facilities is the best option in the 
case of a significantly low median income per capita because it will provide the basic 
necessities of life and serve as a place of shelter while families are transitioning between 
jobs and/or locations or are waiting on a paycheck. It is assumed that individuals that 
become homeless during a lull of income will be able to transition back into permanent 
housing by their own means when they establish a steady income again. 
 The contributing factors to risk that have been identified are shown to be 
widespread throughout the state with overlapping county and regional risks being present 
in two separate geographical locations; one contributing factor to risk at the county and 
regional level—a high unemployment rate— is even attributed as leading the risk at the 
statewide level. This leads to the conclusion that the mitigation strategies mentioned 
should be implemented by the state but targeted at the county. The information could be 
taken down to the block group level within the county in order to address the issue of 
homelessness more effectively but that should be the sole responsibility of the county in 
order to address the specific needs of its constituents. The state should only be 
responsible for addressing the counties and the regions that display a high risk. Funding 
for social welfare initiatives is being cut so any way that the minimal amount of existing 
money can be used more effectively to address homelessness could serve to aid in the 








 When the factors that contribute to risk are compiled, it is apparent that a high 
housing cost-burden for renters is contributing to a high concentration of individuals at 
risk of becoming homeless in Louisiana. The unemployment rate is a key risk factor on 
the county, regional, and statewide levels and is the only contributing factor that overlaps 
in each of these areas. A low median income per capita overlaps on the county and state 
level and is also shown to contribute to a high to moderately-high concentration of risk in 
the Natchitoches County region. The primary factor that is contributing to a high risk of 
chronic homelessness is a high concentration of single mother households; it overlaps in 
Natchitoches County, the Natchitoches region and the state as a whole. In order to 
address the issue of homelessness efficiently and effectively, mitigation strategies need to 
be tailored to these specific risk factors. 
 To combat the high risk that is attributed to the high housing cost-burden for 
renters, Low Income Housing Tax Credit properties should be preserved whenever 
possible. The lack of access to affordable housing is cited as being one of the top three 
causes of homelessness in the United States and a high housing cost-burden reflects the 
risk that is present within these specific communities. People are extremely burdened by 
their housing costs within the Luna and Taos regions and if low income housing 
developments are removed from the market many risk becoming homeless until they can 
find more affordable housing. Along with preservation, developing more affordable 





Housing Tax Credit Properties is not feasible, maintaining emergency facilities will be 
necessary to aid in the transition of these displaced households into permanent housing. 
 The presence of a significantly low median income within the state and counties 
that have been evaluated in Louisiana is a difficult contributing factor to mitigate. It is not 
feasible to simply recommend an increase in wages and income as those decisions are in 
the hands of the employer and are not something that can be regulated any further than 
simply setting a minimum wage that must be adhered to. However, as stated, the typical 
employee working a minimum wage job would have to work 114 hours a week in order 
to be able to afford housing and the cost of living at the national median levels. This 
equates to three full-time jobs and with the unemployment rate being so high, that may 
not be feasible even if an individual was interested in trying to pursue these career paths. 
It has been stated that many households are three paychecks away from homelessness but 
for many families with incomes that are substantially lower than the national median 
income per capita it could be less than that; many people survive from paycheck to 
paycheck and not receiving one could drive many individuals and families into temporary 
homelessness. Maintaining emergency facilities is the best option in the case of a 
significantly low median income per capita because it will provide the basic necessities 
of life and serve as a place of shelter while families are transitioning between jobs and/or 
locations or are waiting on a paycheck. It is assumed that individuals that become 
homeless during a lull of income will be able to transition back into permanent housing 



























County Region State 
Contributing Factor to Risk Natchitoches Washington Natchitoches Washington Louisiana 
Low Median Income X X X   X 
High Unemployment Rate X 
 
    X 
High Housing Cost-Burden for Renters X X X X X 
High Housing Cost-Burden for Owners X X   X   
Veterans   
 
    X 
Single Mother Households X 
 
X   X 
Mental Disabilities   X     X 








 In order to mitigate the risk of chronic homelessness that is being driven by the 
high concentration of single mother households, social programs should be targeted at 
this population. The risks that contribute to chronic homelessness can be approached by 
developing supportive housing developments that provide services that cater to the many 
issues that lead to chronic homelessness. These facilities are relatively expensive to 
develop and maintain as they require a full-time trained staff as well as around the clock 
health and rehabilitation services; however, these facilities have been shown to decrease 
the costs associated with chronic homelessness such as emergency medical care, jail time, 
etc. Being a single mother with children is only one contributing factor that increases 
ones risk of becoming chronically homeless but it is something that should definitely be 
addressed in the state of Louisiana and in and around Natchitoches County. Some 
services that should be offered either as stand-alone programs or as a part of a large 
supportive services initiative are free daycare so single mothers can pursue employment, 
free after-school programs that children of single mothers can attend while their parent is 
at work, and classes that educate and empower women about knowing their options when 
it comes to interactions with the opposite sex and child rearing.  
 The contributing factors to risk that have been identified are shown to be 
widespread throughout the state with overlapping county and regional risks being present 
in two separate geographical locations; one contributing factor to risk at the county and 
regional level—a high unemployment rate— is even attributed as leading the risk at the 
statewide level. This leads to the conclusion that the mitigation strategies mentioned 





taken down to the block group level within the county in order to address the issue of 
homelessness more effectively but that should be the sole responsibility of the county in 
order to address the specific needs of its constituents. The state should only be 
responsible for addressing the counties and the regions that display a high risk. Funding 
for social welfare initiatives is being cut so any way that the minimal amount of existing 
money can be used more effectively to address homelessness could serve to aid in the 
mitigation of homelessness for more individuals at risk. 
Oregon 
 When the factors that contribute to risk are compiled, it is apparent that a high 
unemployment rate is contributing to a high concentration of individuals at risk of 
becoming homeless in Oregon. The unemployment rate is a key risk factor on the county 
and statewide levels and is also shown to contribute to risk within the Malheur County 
region. A low median income per capita overlaps on the county level and is also shown to 
contribute to a high to moderately-high concentration of risk in the Malheur County 
region. There is also an overlap in risk associated with a high housing cost-burden for 
renters in Klamath County, the region surrounding Klamath County, and the state of 
Oregon. The primary factor that is contributing to a high risk of chronic homelessness is a 
high concentration of single mother households; it overlaps on the county level and is 
also shown to lead to risk within the Klamath region. In order to address the issue of 
homelessness efficiently and effectively, mitigation strategies need to be tailored to these 






Table 57: Overlapping Risks- Oregon 
 
County Region State 
Contributing Factor to Risk Klamath Malheur Klamath Malheur Oregon 
Low Median Income X X   X   
High Unemployment Rate X X   X X 




X   X 




    X 
Veterans X X       
Single Mother Households X X X     
Mental Disabilities X X       
Substance Abuse (State Only)         X 
 
„X‟ denotes factors that contribute to a high to moderately-high concentration of risk. 
 To address the risk associated with the high unemployment rate in an effective 
manner, there are two options that can be explored. One option is to implement more 
workforce training facilities and/or creating more opportunities for the ‘at risk’ 
population to learn a trade by providing financial assistance to pursue a specialization 
from a trade school or technical college. The other option that is used to address 
temporary homelessness is simply maintaining the existing emergency facilities. The fact 
that the high concentration of individuals at risk of becoming temporarily homeless is 
being driven by a high unemployment rate leads to the assumption that if these 
individuals become employed they would be physically and mentally able to sustain 
housing by their own means. Emergency facilities are relatively inexpensive to operate as 
long as they are located within communities/ regions with a high risk for temporary 





effective in areas with a high concentration of individuals at risk of becoming chronically 
homeless as they only provide transitional services while families get back on their feet. 
 The presence of a significantly low median income within the state and counties 
that have been evaluated in Oregon is a difficult contributing factor to mitigate. It is not 
feasible to simply recommend an increase in wages and income as those decisions are in 
the hands of the employer and are not something that can be regulated any further than 
simply setting a minimum wage that must be adhered to. However, as stated, the typical 
employee working a minimum wage job would have to work 114 hours a week in order 
to be able to afford housing and the cost of living at the national median levels. This 
equates to three full-time jobs and with the unemployment rate being so high, that may 
not be feasible even if an individual was interested in trying to pursue these career paths. 
It has been stated that many households are three paychecks away from homelessness but 
for many families with incomes that are substantially lower than the national median 
income per capita it could be less than that; many people survive from paycheck to 
paycheck and not receiving one could drive many individuals and families into temporary 
homelessness. Maintaining emergency facilities is the best option in the case of a 
significantly low median income per capita because it will provide the basic necessities 
of life and serve as a place of shelter while families are transitioning between jobs and/or 
locations or are waiting on a paycheck. It is assumed that individuals that become 
homeless during a lull of income will be able to transition back into permanent housing 





 To combat the high risk that is attributed to the high housing cost-burden for 
renters, Low Income Housing Tax Credit properties should be preserved whenever 
possible. The lack of access to affordable housing is cited as being one of the top three 
causes of homelessness in the United States and a high housing cost-burden reflects the 
risk that is present within these specific communities. People are extremely burdened by 
their housing costs within the Luna and Taos regions and if low income housing 
developments are removed from the market many risk becoming homeless until they can 
find more affordable housing. Along with preservation, developing more affordable 
housing units could also prove to be beneficial. If the preservation of Low Income 
Housing Tax Credit Properties is not feasible, maintaining emergency facilities will be 
necessary to aid in the transition of these displaced households into permanent housing 
 In order to mitigate the risk of chronic homelessness that is being driven by the 
high concentration of single mother households, social programs should be targeted at 
this population. The risks that contribute to chronic homelessness can be approached by 
developing supportive housing developments that provide services that cater to the many 
issues that lead to chronic homelessness. These facilities are relatively expensive to 
develop and maintain as they require a full-time trained staff as well as around the clock 
health and rehabilitation services; however, these facilities have been shown to decrease 
the costs associated with chronic homelessness such as emergency medical care, jail time, 
etc. Being a single mother with children is only one contributing factor that increases 
ones risk of becoming chronically homeless but it is something that should definitely be 





services that should be offered either as stand-alone programs or as a part of a large 
supportive services initiative are free daycare so single mothers can pursue employment, 
free after-school programs that children of single mothers can attend while their parent is 
at work, and classes that educate and empower women about knowing their options when 
it comes to interactions with the opposite sex and child rearing.  
 The contributing factors to risk that have been identified are shown to be 
widespread throughout the state with overlapping county and regional risks being present 
in two separate geographical locations; one contributing factor to risk at the county and 
regional level—a high unemployment rate— is even attributed as leading the risk at the 
statewide level. This leads to the conclusion that the mitigation strategies mentioned 
should be implemented by the state but targeted at the county. The information could be 
taken down to the block group level within the county in order to address the issue of 
homelessness more effectively but that should be the sole responsibility of the county in 
order to address the specific needs of its constituents. The state should only be 
responsible for addressing the counties and the regions that display a high risk. Funding 
for social welfare initiatives is being cut so any way that the minimal amount of existing 
money can be used more effectively to address homelessness could serve to aid in the 











 There are currently no policies in place that outline how specific homeless 
mitigation strategies should be selected and implemented; however, this methodology has 
created a framework for how they may be selected in the future. It has been determined 
that it is possible to identify areas that have a high concentration of individuals at risk of 
becoming homeless, both temporarily and chronically. From this information it is also 
possible to determine what contributing factors to homelessness are driving the risk. 
Three of the primary strategies that are used to mitigate homelessness have been 
identified and discussed in regards to the type of homelessness that they address. These 
are far from all of the mitigation strategies that exist and for the ones cited it would also 
be possible to implement a portion of the strategy or combine certain elements of 




































































































Alabama 4,447,100 1,737,080 2.49 
Alaska 626,932 221,600 2.74 
Arizona 5,130,632 1,901,327 2.64 
Arkansas 2,673,400 1,042,696 2.49 
California 33,871,648 11,502,870 2.87 
Colorado 4,301,261 1,658,238 2.53 
Connecticut 3,405,565 1,301,670 2.53 
Delaware 783,600 298,736 2.54 
Florida 15,982,378 6,337,929 2.46 
Georgia 8,186,453 3,006,369 2.65 
Hawaii 1,211,537 403,240 2.92 
Idaho 1,293,953 469,645 2.69 
Illinois 12,419,293 4,591,779 2.63 
Indiana 6,080,485 2,336,306 2.53 
Iowa 2,926,324 1,149,276 2.46 
Kansas 2,688,418 1,037,891 2.51 
Kentucky 4,041,769 1,590,647 2.47 
Louisiana 4,468,976 1,656,053 2.62 
Maine 1,274,923 518,200 2.39 
Maryland 5,296,486 1,980,859 2.61 
Massachusetts 6,349,097 2,443,580 2.51 
Michigan 9,938,444 3,785,661 2.56 
Minnesota 4,919,479 1,895,127 2.52 
Mississippi 2,844,658 1,046,434 2.63 
Missouri 5,595,211 2,194,594 2.48 
Montana 902,195 358,667 2.45 
Nebraska 1,711,263 666,184 2.49 
Nevada 1,998,257 751,165 2.62 
New Hampshire 1,235,786 474,606 2.53 
New Jersey 8,414,350 3,064,645 2.68 














New York 18,976,457 7,056,860 2.61 
North Carolina 8,049,313 3,132,013 2.49 
North Dakota 642,200 257,152 2.41 
Ohio 11,353,140 4,445,773 2.49 
Oklahoma 3,450,654 1,342,293 2.49 
Oregon 3,421,399 1,333,723 2.51 
Pennsylvania 12,281,054 4,777,003 2.48 
Rhode Island 1,048,319 408,424 2.47 
South Carolina 4,012,012 1,533,854 2.53 
South Dakota 754,844 290,245 2.50 
Tennessee 5,689,283 2,232,905 2.48 
Texas 20,851,820 7,393,354 2.74 
Utah 2,233,169 701,281 3.13 
Vermont 608,827 240,634 2.44 
Virginia 7,078,515 2,699,173 2.54 
Washington 5,894,121 2,271,398 2.53 
West Virginia 1,808,344 736,481 2.40 
Wisconsin 5,363,675 2,084,544 2.50 














Alabama 1,215,968 3.01 
Alaska 152,337 3.28 
Arizona 1,287,367 3.18 
Arkansas 732,261 2.99 
California 7,920,049 3.43 
Colorado 1,084,461 3.09 
Connecticut 881,170 3.08 
Delaware 204,590 3.04 
Florida 4,210,760 2.98 
Georgia 2,111,647 3.14 
Hawaii 287,068 3.42 
Idaho 335,588 3.17 
Illinois 3,105,513 3.23 
Indiana 1,602,501 3.05 
Iowa 769,684 3.00 
Kansas 701,547 3.07 
Kentucky 1,104,398 2.97 
Louisiana 1,156,438 3.16 
Maine 340,685 2.90 
Maryland 1,359,318 3.13 
Massachusetts 1,576,696 3.11 
Michigan 2,575,699 3.10 
Minnesota 1,255,141 3.09 
Mississippi 747,159 3.14 
Missouri 1,476,516 3.02 
Montana 237,407 2.99 
Nebraska 443,411 3.06 
Nevada 498,333 3.14 
New Hampshire 323,651 3.03 
New Jersey 2,154,539 3.21 












New York 4,639,387 3.22 
North Carolina 2,158,869 2.98 
North Dakota 166,150 3.00 
Ohio 2,993,023 3.04 
Oklahoma 921,750 3.02 
Oregon 877,671 3.02 
Pennsylvania 3,208,388 3.04 
Rhode Island 265,398 3.07 
South Carolina 1,072,822 3.02 
South Dakota 194,330 3.07 
Tennessee 1,547,835 2.99 
Texas 5,247,794 3.28 
Utah 535,294 3.57 
Vermont 157,763 2.96 
Virginia 1,847,796 3.04 
Washington 1,499,127 3.07 
West Virginia 504,055 2.90 
Wisconsin 1,386,815 3.05 







Table 58: Temporary Risk Data (Continued) 
 
State Name 






























New Hampshire 23,844 
New Jersey 27,006 





Table 58: Temporary Risk Data (Continued) 
 
State Name 
Median Income Per 
Capita 
New York 23,389 
North Carolina 20,307 





Rhode Island 21,688 
South Carolina 18,795 
















Table 58: Temporary Risk Data (Continued) 
 
State Name 




Alabama 84% 2 
Alaska 105% 4 
Arizona 94% 3 
Arkansas 78% 1 
California 105% 4 
Colorado 111% 5 
Connecticut 133% 5 
Delaware 108% 4 
Florida 100% 3 
Georgia 98% 3 
Hawaii 100% 3 
Idaho 83% 2 
Illinois 107% 4 
Indiana 94% 3 
Iowa 91% 3 
Kansas 95% 3 
Kentucky 84% 2 
Louisiana 78% 1 
Maine 90% 2 
Maryland 119% 5 
Massachusetts 120% 5 
Michigan 103% 4 
Minnesota 107% 4 
Mississippi 73% 1 
Missouri 92% 3 
Montana 79% 1 
Nebraska 91% 3 
Nevada 102% 4 
New Hampshire 110% 4 
New Jersey 125% 5 






Table 58: Temporary Risk Data (Continued) 
 
State Name 




New York 108% 4 
North Carolina 94% 3 
North Dakota 82% 2 
Ohio 97% 3 
Oklahoma 82% 2 
Oregon 97% 3 
Pennsylvania 97% 3 
Rhode Island 100% 3 
South Carolina 87% 2 
South Dakota 81% 2 
Tennessee 90% 2 
Texas 91% 3 
Utah 84% 2 
Vermont 96% 3 
Virginia 111% 5 
Washington 106% 4 
West Virginia 76% 1 
Wisconsin 99% 3 








































New Hampshire 2.7 
New Jersey 3.7 










New York 4.5 
North Carolina 3.7 





Rhode Island 4.2 
South Carolina 3.6 
















Table 58: Temporary Risk Data (Continued) 
 
State Name 




Alabama 1.03 2 
Alaska 1.55 1 
Arizona 1.00 3 
Arkansas 1.05 2 
California 1.23 1 
Colorado 0.68 5 
Connecticut 0.58 5 
Delaware 0.83 4 
Florida 0.95 3 
Georgia 0.88 4 
Hawaii 1.00 3 
Idaho 1.15 1 
Illinois 1.13 1 
Indiana 0.73 5 
Iowa 0.70 5 
Kansas 0.95 3 
Kentucky 1.05 2 
Louisiana 1.25 1 
Maine 0.83 4 
Maryland 0.90 4 
Massachusetts 0.68 5 
Michigan 0.93 3 
Minnesota 0.78 5 
Mississippi 1.43 1 
Missouri 0.83 4 
Montana 1.20 1 
Nebraska 0.70 5 
Nevada 1.13 1 
New Hampshire 0.68 5 
New Jersey 0.93 3 






Table 58: Temporary Risk Data (Continued) 
 
State Name 




New York 1.13 1 
North Carolina 0.93 3 
North Dakota 0.73 5 
Ohio 1.00 3 
Oklahoma 0.78 5 
Oregon 1.28 1 
Pennsylvania 1.05 2 
Rhode Island 1.05 2 
South Carolina 0.90 4 
South Dakota 0.68 5 
Tennessee 1.00 3 
Texas 1.10 2 
Utah 0.85 4 
Vermont 0.68 5 
Virginia 0.58 5 
Washington 1.25 1 
West Virginia 1.38 1 
Wisconsin 0.85 4 







Table 58: Temporary Risk Data (Continued) 
 
State Name 






























New Hampshire 24.2 
New Jersey 25.7 






Table 58: Temporary Risk Data (Continued) 
 
State Name 
Housing Cost Burden 
(Renter) 
New York 27.1 
North Carolina 25.4 





Rhode Island 25.4 
South Carolina 26.5 
















Table 58: Temporary Risk Data (Continued) 
 
State Name 




Alabama 97% 3 
Alaska 91% 4 
Arizona 109% 1 
Arkansas 93% 4 
California 109% 1 
Colorado 103% 2 
Connecticut 98% 3 
Delaware 90% 5 
Florida 107% 1 
Georgia 98% 3 
Hawaii 105% 2 
Idaho 98% 3 
Illinois 98% 3 
Indiana 92% 4 
Iowa 93% 4 
Kansas 92% 4 
Kentucky 95% 4 
Louisiana 110% 1 
Maine 103% 2 
Maryland 96% 3 
Massachusetts 102% 2 
Michigan 96% 3 
Minnesota 90% 5 
Mississippi 93% 4 
Missouri 93% 4 
Montana 95% 4 
Nebraska 89% 5 
Nevada 106% 1 
New 
Hampshire 92% 4 
New Jersey 98% 3 






Table 58: Temporary Risk Data (Continued) 
 
State Name 




New York 103% 2 
North Carolina 97% 3 
North Dakota 87% 5 
Ohio 95% 4 
Oklahoma 95% 4 
Oregon 107% 1 
Pennsylvania 96% 3 
Rhode Island 97% 3 
South Carolina 101% 2 
South Dakota 93% 4 
Tennessee 94% 4 
Texas 95% 4 
Utah 95% 4 
Vermont 104% 2 
Virginia 94% 4 
Washington 102% 2 
West Virginia 99% 3 
Wisconsin 90% 5 







Table 58: Temporary Risk Data (Continued) 
 
State Name 






























New Hampshire 20.4 
New Jersey 21.8 





Table 58: Temporary Risk Data (Continued) 
 
State Name 
Housing Cost Burden 
(Owner) 
New York 20.4 
North Carolina 18.3 





Rhode Island 20.4 
South Carolina 17.5 
















Table 58: Temporary Risk Data (Continued) 
 
State Name 




Alabama 89% 5 12 
Alaska 105% 2 11 
Arizona 103% 2 9 
Arkansas 87% 5 12 
California 120% 1 7 
Colorado 107% 1 13 
Connecticut 107% 1 14 
Delaware 97% 3 16 
Florida 105% 2 9 
Georgia 99% 3 13 
Hawaii 112% 1 9 
Idaho 99% 3 9 
Illinois 101% 2 10 
Indiana 90% 5 17 
Iowa 87% 5 17 
Kansas 89% 5 15 
Kentucky 88% 5 13 
Louisiana 86% 5 8 
Maine 100% 3 11 
Maryland 106% 1 13 
Massachusetts 104% 2 14 
Michigan 91% 4 14 
Minnesota 95% 4 18 
Mississippi 91% 4 10 
Missouri 89% 5 16 
Montana 98% 3 9 
Nebraska 91% 4 17 
Nevada 116% 1 7 
New Hampshire 109% 1 14 
New Jersey 117% 1 12 






Table 58: Temporary Risk Data (Continued) 
 
State Name 




New York 109% 1 8 
North Carolina 98% 3 12 
North Dakota 87% 5 17 
Ohio 96% 3 13 
Oklahoma 87% 5 16 
Oregon 108% 1 6 
Pennsylvania 98% 3 11 
Rhode Island 109% 1 9 
South Carolina 94% 4 12 
South Dakota 89% 5 16 
Tennessee 94% 4 13 
Texas 93% 4 13 
Utah 105% 2 12 
Vermont 108% 1 11 
Virginia 101% 2 16 
Washington 112% 1 8 
West Virginia 78% 5 10 
Wisconsin 98% 3 15 











Rental Housing Cost-Burden* 
< or equal to 80% 1 
 












> 105.1% 1 
     Unemployment* 
 
Owner Housing Cost Burden* 
< or equal to 80% 5 
 












> 105.1% 1 
 
*Values were calculated as a percentage of the national population that displays the 
























































Mora 5,180 2,017 2.54 
San Miguel 30,126 11,134 2.58 
Socorro 18,078 6,675 2.62 
Dona Ana 174,682 59,556 2.85 
Luna 25,016 9,397 2.64 
Taos 29,979 12,675 2.34 
Torrance 16,911 6,024 2.72 
Sandoval 89,908 31,411 2.84 
Valencia 66,152 22,681 2.86 
Hidalgo 5,932 2,152 2.72 
Roosevelt 18,018 6,639 2.6 
Bernalillo 556,678 220,936 2.47 
Cibola 25,595 8,327 2.95 
Curry 45,044 16,766 2.62 
McKinley 74,798 21,476 3.44 
Otero 62,298 22,984 2.66 
San Juan 113,801 37,711 2.99 
Union 4,174 1,733 2.4 
Chaves 61,382 22,561 2.66 
Grant 31,002 12,146 2.5 
Guadalupe 4,680 1,655 2.51 
Lea 55,511 19,699 2.73 
Santa Fe 129,292 52,482 2.42 
Sierra 13,270 6,113 2.13 
Harding 810 371 2.18 
Rio Arriba 41,190 15,044 2.71 
Catron 3,543 1,584 2.23 
Eddy 51,658 19,379 2.63 
Lincoln 19,411 8,202 2.34 
Colfax 14,189 5,821 2.37 














Quay 10,155 4,201 2.37 














Mora 1,398 3.08 
San Miguel 7,533 3.1 
Socorro 4,491 3.2 
Dona Ana 42,912 3.36 
Luna 6,592 3.2 
Taos 7,755 2.98 
Torrance 4,392 3.2 
Sandoval 23,632 3.29 
Valencia 17,340 3.25 
Hidalgo 1,543 3.29 
Roosevelt 4,544 3.14 
Bernalillo 141,237 3.06 
Cibola 6,281 3.41 
Curry 11,869 3.15 
McKinley 16,679 3.99 
Otero 16,802 3.14 
San Juan 28,930 3.43 
Union 1,177 2.99 
Chaves 16,077 3.17 
Grant 8,511 3.01 
Guadalupe 1,145 3.05 
Lea 14,714 3.2 
Santa Fe 32,787 3.01 
Sierra 3,617 2.75 
Harding 232 2.84 
Rio Arriba 10,815 3.19 
Catron 1,041 2.75 
Eddy 14,060 3.12 
Lincoln 5,631 2.8 
Colfax 3,977 2.86 













Quay 2,845 2.9 







Table 59: New Mexico Risk Data (Continued) 
 
County 
Median Income Per 
Capita 
Mora 12,340 
San Miguel 13,268 
Socorro 12,826 



















Santa Fe 23,594 
Sierra 15,023 
Harding 16,240 











Table 59: New Mexico Risk Data (Continued) 
 
County 
Median Income Per 
Capita 
Quay 14,938 







Table 59: New Mexico Risk Data (Continued) 
 
County 




Mora 57.2% 1 
San Miguel 61.5% 2 
Socorro 59.4% 1 
Dona Ana 64.8% 2 
Luna 52.0% 1 
Taos 74.6% 3 
Torrance 65.5% 2 
Sandoval 88.8% 4 
Valencia 68.3% 3 
Hidalgo 57.6% 1 
Roosevelt 65.7% 3 
Bernalillo 96.3% 5 
Cibola 54.3% 1 
Curry 69.7% 3 
McKinley 45.7% 1 
Otero 66.5% 3 
San Juan 66.2% 3 
Union 68.1% 3 
Chaves 69.4% 3 
Grant 67.6% 3 
Guadalupe 52.1% 1 
Lea 65.7% 3 
Santa Fe 109.3% 5 
Sierra 69.6% 3 
Harding 75.2% 3 
Rio Arriba 66.1% 3 
Catron 64.6% 2 
Eddy 73.3% 3 
Lincoln 89.6% 4 
Colfax 76.1% 4 






Table 59: New Mexico Risk Data (Continued) 
 
County 




Quay 69.2% 3 














Unemployed as % of 
16+ 
Mora 3,967 256 0.06 
San Miguel 22,856 1,089 0.05 
Socorro 13,565 711 0.05 
Dona Ana 128,197 6,861 0.05 
Luna 18,423 1,472 0.08 
Taos 23,536 1,331 0.06 
Torrance 12,351 435 0.04 
Sandoval 66,064 2,568 0.04 
Valencia 48,376 1,828 0.04 
Hidalgo 4,280 228 0.05 
Roosevelt 13,526 647 0.05 
Bernalillo 431,799 16,225 0.04 
Cibola 18,579 1,129 0.06 
Curry 32,829 1,253 0.04 
McKinley 49,620 4,547 0.09 
Otero 45,925 1,945 0.04 
San Juan 81,251 4,444 0.05 
Union 3,161 36 0.01 
Chaves 45,882 2,285 0.05 
Grant 23,840 995 0.04 
Guadalupe 3,676 133 0.04 
Lea 40,893 2,032 0.05 
Santa Fe 101,952 3,205 0.03 
Sierra 10,983 314 0.03 
Harding 678 12 0.02 
Rio Arriba 30,735 1,487 0.05 
Catron 2,921 124 0.04 
Eddy 38,653 1,494 0.04 
Lincoln 15,541 349 0.02 
Colfax 11,135 415 0.04 













Unemployed as % of 
16+ 
Quay 8,005 224 0.03 







Table 59: New Mexico Risk Data (Continued) 
 
County 




Mora 161.3% 1 
San Miguel 119.1% 2 
Socorro 131.0% 1 
Dona Ana 133.8% 1 
Luna 199.8% 1 
Taos 141.4% 1 
Torrance 88.0% 4 
Sandoval 97.2% 3 
Valencia 94.5% 4 
Hidalgo 133.2% 1 
Roosevelt 119.6% 2 
Bernalillo 93.9% 4 
Cibola 151.9% 1 
Curry 95.4% 3 
McKinley 229.1% 1 
Otero 105.9% 3 
San Juan 136.7% 1 
Union 28.5% 5 
Chaves 124.5% 2 
Grant 104.3% 3 
Guadalupe 90.5% 4 
Lea 124.2% 2 
Santa Fe 78.6% 5 
Sierra 71.5% 5 
Harding 44.2% 5 
Rio Arriba 121.0% 2 
Catron 106.1% 3 
Eddy 96.6% 3 
Lincoln 56.1% 5 
Colfax 93.2% 4 






Table 59: New Mexico Risk Data (Continued) 
 
County 




Quay 70.0% 5 







Table 59: New Mexico Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Renters) 
Mora 32.4 
San Miguel 31.6 
Socorro 28.5 



















Santa Fe 28.2 
Sierra 27.5 
Harding 33.3 











Table 59: New Mexico Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Renters) 
Quay 23.4 







Table 59: New Mexico Risk Data (Continued) 
 
County 




Mora 123.2% 1 
San Miguel 120.2% 1 
Socorro 108.4% 2 
Dona Ana 107.6% 2 
Luna 103.8% 1 
Taos 122.1% 1 
Torrance 104.9% 2 
Sandoval 101.9% 2 
Valencia 104.6% 2 
Hidalgo 85.2% 5 
Roosevelt 99.6% 3 
Bernalillo 104.9% 2 
Cibola 72.2% 5 
Curry 94.7% 4 
McKinley 71.5% 5 
Otero 93.2% 4 
San Juan 86.7% 5 
Union 112.9% 1 
Chaves 95.1% 4 
Grant 98.9% 3 
Guadalupe 84.8% 5 
Lea 91.6% 4 
Santa Fe 107.2% 2 
Sierra 104.6% 2 
Harding 126.6% 1 
Rio Arriba 83.7% 5 
Catron 74.9% 5 
Eddy 90.5% 5 
Lincoln 100.0% 3 
Colfax 84.8% 5 






Table 59: New Mexico Risk Data (Continued) 
 
County 




Quay 89.0% 5 







Table 59: New Mexico Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Owners) 
Mora 15.2 
San Miguel 20 
Socorro 17.8 



















Santa Fe 19.2 
Sierra 15.4 
Harding 10.9 











Table 59: New Mexico Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Owners) 
Quay 14.7 







Table 59: New Mexico Risk Data (Continued) 
 
County 




Mora 81.3% 3 6 
San Miguel 107.0% 1 6 
Socorro 95.2% 2 6 
Dona Ana 90.9% 2 7 
Luna 78.6% 4 7 
Taos 87.7% 3 8 
Torrance 106.4% 1 9 
Sandoval 106.4% 1 10 
Valencia 107.5% 1 10 
Hidalgo 77.0% 4 11 
Roosevelt 84.0% 3 11 
Bernalillo 106.4% 1 12 
Cibola 71.1% 5 12 
Curry 92.0% 2 12 
McKinley 66.8% 5 12 
Otero 92.0% 2 12 
San Juan 84.0% 3 12 
Union 82.9% 3 12 
Chaves 82.9% 4 13 
Grant 78.6% 4 13 
Guadalupe 87.2% 3 13 
Lea 76.5% 4 13 
Santa Fe 102.7% 1 13 
Sierra 82.4% 3 13 
Harding 58.3% 5 14 
Rio Arriba 79.7% 4 14 
Catron 69.5% 5 15 
Eddy 77.5% 4 15 
Lincoln 85.0% 3 15 
Colfax 77.0% 4 17 






Table 59: New Mexico Risk Data (Continued) 
 
County 




Quay 78.6% 4 17 











Rental Housing Cost-Burden (NM)* 
< or equal to 60 1 
 










> 90 5 
 
>110 1 
     
Unemployment (NM)* 
 
Owner Housing Cost-Burden 
(NM)* 
< or equal to 80 5 
 










> 130 1 
 
> 95.1 1 
 
 
*Values were calculated as a percentage of the national population that displays the 
















































Barbour 15,557 6,123 2.47 
Berkeley 75,905 29,569 2.53 
Boone 25,535 10,291 2.47 
Braxton 14,702 5,771 2.46 
Brooke 25,447 10,396 2.36 
Cabell 96,784 41,180 2.27 
Calhoun 7,582 3,071 2.46 
Clay 10,330 4,020 2.55 
Doddridge 7,403 2,845 2.56 
Fayette 47,579 18,945 2.41 
Gilmer 7,160 2,768 2.43 
Grant 11,299 4,591 2.43 
Greenbrier 34,453 14,571 2.32 
Hampshire 20,203 7,955 2.49 
Hancock 32,667 13,678 2.36 
Hardy 12,669 5,204 2.42 
Harrison 68,652 27,867 2.42 
Jackson 28,000 11,061 2.50 
Jefferson 42,190 16,165 2.54 
Kanawha 200,073 86,226 2.28 
Lewis 16,919 6,946 2.40 
Lincoln 22,108 8,664 2.54 
Logan 37,710 14,880 2.50 
Marion 56,598 23,652 2.34 
Marshall 35,519 14,207 2.44 
Mason 25,957 10,587 2.42 
McDowell 27,329 11,169 2.42 
Mercer 62,980 26,509 2.33 
Mineral 27,078 10,784 2.46 
Mingo 28,253 11,303 2.49 














Monroe 14,583 5,447 2.41 
Morgan 14,943 6,145 2.40 
Nicholas 26,562 10,722 2.46 
Ohio 47,427 19,733 2.27 
Pendleton 8,196 3,350 2.40 
Pleasants 7,514 2,887 2.51 
Pocahontas 9,131 3,835 2.30 
Preston 29,334 11,544 2.50 
Putnam 51,589 20,028 2.56 
Raleigh 79,220 31,793 2.38 
Randolph 28,262 11,072 2.41 
Ritchie 10,343 4,184 2.45 
Roane 15,446 6,161 2.49 
Summers 12,999 5,530 2.32 
Taylor 16,089 6,320 2.47 
Tucker 7,321 3,052 2.35 
Tyler 9,592 3,836 2.47 
Upshur 23,404 8,972 2.45 
Wayne 42,903 17,239 2.48 
Webster 9,719 4,010 2.41 
Wetzel 17,693 7,164 2.45 
Wirt 5,873 2,284 2.56 
Wood 87,986 36,275 2.39 














Barbour 4,367 2.94 
Berkeley 20,702 2.99 
Boone 7,464 2.92 
Braxton 4,099 2.92 
Brooke 7,156 2.88 
Cabell 25,474 2.85 
Calhoun 2,202 2.91 
Clay 2,942 3.01 
Doddridge 2,102 2.98 
Fayette 13,121 2.89 
Gilmer 1,862 2.92 
Grant 3,274 2.87 
Greenbrier 9,927 2.83 
Hampshire 5,641 2.94 
Hancock 9,507 2.83 
Hardy 3,564 2.92 
Harrison 19,085 2.94 
Jackson 8,207 2.92 
Jefferson 11,319 2.99 
Kanawha 55,922 2.84 
Lewis 4,805 2.88 
Lincoln 6,536 2.94 
Logan 10,935 2.95 
Marion 15,510 2.88 
Marshall 10,108 2.91 
Mason 7,571 2.89 
McDowell 7,841 2.92 
Mercer 17,943 2.85 
Mineral 7,708 2.93 
Mingo 8,218 2.98 













Monroe 3,885 2.88 
Morgan 4,345 2.84 
Nicholas 7,761 2.91 
Ohio 12,147 2.91 
Pendleton 2,354 2.87 
Pleasants 2,135 2.93 
Pocahontas 2,526 2.83 
Preston 8,353 2.94 
Putnam 15,291 2.96 
Raleigh 22,103 2.88 
Randolph 7,663 2.89 
Ritchie 3,001 2.91 
Roane 4,479 2.91 
Summers 3,756 2.84 
Taylor 4,486 2.95 
Tucker 2,121 2.84 
Tyler 2,833 2.89 
Upshur 6,353 2.92 
Wayne 12,648 2.92 
Webster 2,816 2.89 
Wetzel 5,080 2.92 
Wirt 1,700 2.97 
Wood 24,898 2.88 







Table 60: West Virginia Risk Data (Continued) 
 
County 





































Table 60: West Virginia Risk Data (Continued) 
 
County 
































Table 60: West Virginia Risk Data (Continued) 
 
County 




Barbour 57.6% 1 
Berkeley 83.3% 4 
Boone 67.0% 3 
Braxton 61.8% 2 
Brooke 79.4% 4 
Cabell 81.7% 4 
Calhoun 53.2% 1 
Clay 55.7% 1 
Doddridge 62.6% 2 
Fayette 64.0% 2 
Gilmer 57.9% 1 
Grant 72.7% 3 
Greenbrier 75.3% 3 
Hampshire 68.8% 3 
Hancock 82.1% 4 
Hardy 73.5% 3 
Harrison 77.9% 4 
Jackson 75.1% 3 
Jefferson 94.7% 5 
Kanawha 94.3% 5 
Lewis 64.5% 2 
Lincoln 60.6% 2 
Logan 65.3% 2 
Marion 75.3% 3 
Marshall 76.3% 4 
Mason 68.6% 3 
McDowell 47.1% 1 
Mercer 72.1% 3 
Mineral 71.3% 3 
Mingo 57.7% 1 





Table 60: West Virginia Risk Data (Continued) 
 
County 




Monroe 80.8% 4 
Morgan 83.9% 4 
Nicholas 70.4% 3 
Ohio 82.2% 4 
Pendleton 73.2% 3 
Pleasants 78.4% 4 
Pocahontas 66.6% 3 
Preston 63.0% 2 
Putnam 94.8% 5 
Raleigh 75.2% 3 
Randolph 69.1% 3 
Ritchie 70.3% 3 
Roane 61.1% 2 
Summers 57.5% 1 
Taylor 63.4% 2 
Tucker 75.7% 4 
Tyler 70.5% 3 
Upshur 62.8% 2 
Wayne 69.1% 3 
Webster 56.9% 1 
Wetzel 77.9% 4 
Wirt 64.9% 2 
Wood 83.7% 4 














Unemployed as % of 
16+ 
Barbour 12,413 581 0.05 
Berkeley 58,653 1,637 0.03 
Boone 20,278 818 0.04 
Braxton 11,774 485 0.04 
Brooke 20,889 584 0.03 
Cabell 79,729 3,517 0.04 
Calhoun 6,141 351 0.06 
Clay 8,022 415 0.05 
Doddridge 5,825 254 0.04 
Fayette 38,561 2,187 0.06 
Gilmer 5,970 431 0.07 
Grant 8,988 305 0.03 
Greenbrier 27,914 1,249 0.04 
Hampshire 15,759 454 0.03 
Hancock 26,657 851 0.03 
Hardy 10,001 224 0.02 
Harrison 54,808 2,333 0.04 
Jackson 22,064 722 0.03 
Jefferson 33,354 1,030 0.03 
Kanawha 162,379 5,428 0.03 
Lewis 13,647 551 0.04 
Lincoln 17,607 810 0.05 
Logan 30,527 1,443 0.05 
Marion 46,377 2,056 0.04 
Marshall 28,301 1,179 0.04 
Mason 20,813 1,053 0.05 
McDowell 21,801 1,015 0.05 
Mercer 51,202 2,544 0.05 
Mineral 21,460 730 0.03 
Mingo 22,279 974 0.04 













Unemployed as % of 
16+ 
Monroe 11,978 289 0.02 
Morgan 11,962 283 0.02 
Nicholas 21,114 821 0.04 
Ohio 38,581 1,966 0.05 
Pendleton 6,619 264 0.04 
Pleasants 5,930 212 0.04 
Pocahontas 7,445 244 0.03 
Preston 23,413 880 0.04 
Putnam 40,124 1,121 0.03 
Raleigh 64,225 2,444 0.04 
Randolph 22,690 859 0.04 
Ritchie 8,315 327 0.04 
Roane 12,314 789 0.06 
Summers 10,719 602 0.06 
Taylor 12,853 498 0.04 
Tucker 6,021 250 0.04 
Tyler 7,654 390 0.05 
Upshur 18,775 697 0.04 
Wayne 34,105 1,146 0.03 
Webster 7,816 495 0.06 
Wetzel 14,018 703 0.05 
Wirt 4,585 149 0.03 
Wood 70,231 2,646 0.04 







Table 60: West Virginia Risk Data (Continued) 
 
County 




Barbour 117.0% 2 
Berkeley 69.8% 5 
Boone 100.8% 2 
Braxton 103.0% 2 
Brooke 69.9% 5 
Cabell 110.3% 2 
Calhoun 142.9% 1 
Clay 129.3% 1 
Doddridge 109.0% 2 
Fayette 141.8% 1 
Gilmer 180.5% 1 
Grant 84.8% 4 
Greenbrier 111.9% 2 
Hampshire 72.0% 5 
Hancock 79.8% 5 
Hardy 56.0% 5 
Harrison 106.4% 2 
Jackson 81.8% 4 
Jefferson 77.2% 5 
Kanawha 83.6% 4 
Lewis 100.9% 2 
Lincoln 115.0% 2 
Logan 118.2% 2 
Marion 110.8% 2 
Marshall 104.1% 2 
Mason 126.5% 1 
McDowell 116.4% 2 
Mercer 124.2% 1 
Mineral 85.0% 4 
Mingo 109.3% 2 





Table 60: West Virginia Risk Data (Continued) 
 
County 




Monroe 60.3% 5 
Morgan 59.1% 5 
Nicholas 97.2% 3 
Ohio 127.4% 1 
Pendleton 99.7% 3 
Pleasants 89.4% 4 
Pocahontas 81.9% 4 
Preston 94.0% 3 
Putnam 69.8% 5 
Raleigh 95.1% 3 
Randolph 94.6% 3 
Ritchie 98.3% 3 
Roane 160.2% 1 
Summers 140.4% 1 
Taylor 96.9% 3 
Tucker 103.8% 2 
Tyler 127.4% 1 
Upshur 92.8% 3 
Wayne 84.0% 4 
Webster 158.3% 1 
Wetzel 125.4% 1 
Wirt 81.2% 4 
Wood 94.2% 3 







Table 60: West Virginia Risk Data (Continued) 
 
County 





































Table 60: West Virginia Risk Data (Continued) 
 
County 
































Table 60: West Virginia Risk Data (Continued) 
 
County 




Barbour 108.7% 2 
Berkeley 90.1% 5 
Boone 94.7% 4 
Braxton 94.7% 4 
Brooke 87.5% 5 
Cabell 108.7% 2 
Calhoun 84.8% 5 
Clay 95.4% 4 
Doddridge 91.3% 4 
Fayette 98.5% 3 
Gilmer 107.6% 2 
Grant 86.7% 5 
Greenbrier 108.0% 2 
Hampshire 84.4% 5 
Hancock 87.8% 5 
Hardy 79.1% 5 
Harrison 95.1% 4 
Jackson 92.0% 4 
Jefferson 92.4% 4 
Kanawha 90.9% 4 
Lewis 87.5% 5 
Lincoln 108.7% 2 
Logan 103.8% 2 
Marion 108.0% 2 
Marshall 90.1% 5 
Mason 103.4% 2 
McDowell 110.6% 1 
Mercer 102.3% 2 
Mineral 87.5% 5 
Mingo 116.0% 1 





Table 60: West Virginia Risk Data (Continued) 
 
County 




Monroe 86.7% 5 
Morgan 82.9% 5 
Nicholas 101.5% 2 
Ohio 92.0% 4 
Pendleton 74.5% 5 
Pleasants 93.5% 4 
Pocahontas 84.0% 5 
Preston 95.8% 3 
Putnam 89.0% 5 
Raleigh 95.4% 4 
Randolph 93.2% 4 
Ritchie 82.5% 5 
Roane 94.3% 4 
Summers 103.8% 2 
Taylor 95.8% 3 
Tucker 85.9% 5 
Tyler 89.7% 5 
Upshur 98.5% 3 
Wayne 101.5% 2 
Webster 110.6% 1 
Wetzel 98.9% 3 
Wirt 93.2% 4 
Wood 97.3% 3 







Table 60: West Virginia Risk Data (Continued) 
 
County 





































Table 60: West Virginia Risk Data (Continued) 
 
County 
































Table 60: West Virginia Risk Data (Continued) 
 
County 




Barbour 74.9% 4 9 
Berkeley 94.1% 1 15 
Boone 74.9% 4 13 
Braxton 63.6% 5 13 
Brooke 74.3% 4 18 
Cabell 79.1% 3 11 
Calhoun 82.4% 2 9 
Clay 75.4% 4 10 
Doddridge 78.1% 3 11 
Fayette 77.0% 3 9 
Gilmer 86.1% 1 5 
Grant 84.5% 2 14 
Greenbrier 80.7% 2 9 
Hampshire 81.3% 2 15 
Hancock 73.3% 4 18 
Hardy 82.4% 2 15 
Harrison 84.0% 2 12 
Jackson 69.0% 5 16 
Jefferson 94.1% 1 15 
Kanawha 76.5% 3 16 
Lewis 76.5% 3 12 
Lincoln 65.8% 5 11 
Logan 75.9% 3 9 
Marion 75.9% 3 10 
Marshall 69.0% 5 16 
Mason 74.9% 4 10 
McDowell 72.7% 4 8 
Mercer 73.8% 4 10 
Mineral 80.2% 3 15 
Mingo 77.5% 3 7 





Table 60: West Virginia Risk Data (Continued) 
 
County 




Monroe 78.1% 3 17 
Morgan 84.5% 2 16 
Nicholas 76.5% 3 11 
Ohio 75.4% 4 13 
Pendleton 69.0% 5 16 
Pleasants 75.9% 3 15 
Pocahontas 78.6% 3 15 
Preston 76.5% 3 11 
Putnam 83.4% 2 17 
Raleigh 77.5% 3 13 
Randolph 78.1% 3 13 
Ritchie 71.7% 4 15 
Roane 78.6% 3 10 
Summers 82.4% 2 6 
Taylor 88.8% 1 9 
Tucker 78.6% 3 14 
Tyler 75.9% 3 12 
Upshur 81.3% 2 10 
Wayne 78.1% 3 12 
Webster 86.6% 1 4 
Wetzel 69.0% 5 13 
Wirt 69.0% 5 15 
Wood 79.1% 3 13 








Figure 29: Rankings for Temporary Risk- West Virginia 
 
Rental Housing Cost-Burden (WV)* 
 
Income (WV)* 
< or equal to 90 5 
 












> 90 5 
     Owner Housing Cost-Burden (WV)* 
 
Unemployment (WV)* 
< or equal to 70 5 
 










> 85.1 1 
 
> 120 1 
 
 
*Values were calculated as a percentage of the national population that displays the 































































Alabama 4,447,100 1,737,080 2.49 
Alaska 626,932 221,600 2.74 
Arizona 5,130,632 1,901,327 2.64 
Arkansas 2,673,400 1,042,696 2.49 
California 33,871,648 11,502,870 2.87 
Colorado 4,301,261 1,658,238 2.53 
Connecticut 3,405,565 1,301,670 2.53 
Delaware 783,600 298,736 2.54 
Florida 15,982,378 6,337,929 2.46 
Georgia 8,186,453 3,006,369 2.65 
Hawaii 1,211,537 403,240 2.92 
Idaho 1,293,953 469,645 2.69 
Illinois 12,419,293 4,591,779 2.63 
Indiana 6,080,485 2,336,306 2.53 
Iowa 2,926,324 1,149,276 2.46 
Kansas 2,688,418 1,037,891 2.51 
Kentucky 4,041,769 1,590,647 2.47 
Louisiana 4,468,976 1,656,053 2.62 
Maine 1,274,923 518,200 2.39 
Maryland 5,296,486 1,980,859 2.61 
Massachusetts 6,349,097 2,443,580 2.51 
Michigan 9,938,444 3,785,661 2.56 
Minnesota 4,919,479 1,895,127 2.52 
Mississippi 2,844,658 1,046,434 2.63 
Missouri 5,595,211 2,194,594 2.48 
Montana 902,195 358,667 2.45 
Nebraska 1,711,263 666,184 2.49 
Nevada 1,998,257 751,165 2.62 
New Hampshire 1,235,786 474,606 2.53 
New Jersey 8,414,350 3,064,645 2.68 















New York 18,976,457 7,056,860 2.61 
North Carolina 8,049,313 3,132,013 2.49 
North Dakota 642,200 257,152 2.41 
Ohio 11,353,140 4,445,773 2.49 
Oklahoma 3,450,654 1,342,293 2.49 
Oregon 3,421,399 1,333,723 2.51 
Pennsylvania 12,281,054 4,777,003 2.48 
Rhode Island 1,048,319 408,424 2.47 
South Carolina 4,012,012 1,533,854 2.53 
South Dakota 754,844 290,245 2.5 
Tennessee 5,689,283 2,232,905 2.48 
Texas 20,851,820 7,393,354 2.74 
Utah 2,233,169 701,281 3.13 
Vermont 608,827 240,634 2.44 
Virginia 7,078,515 2,699,173 2.54 
Washington 5,894,121 2,271,398 2.53 
West Virginia 1,808,344 736,481 2.4 
Wisconsin 5,363,675 2,084,544 2.5 














Alabama 1,215,968 3.01 
Alaska 152,337 3.28 
Arizona 1,287,367 3.18 
Arkansas 732,261 2.99 
California 7,920,049 3.43 
Colorado 1,084,461 3.09 
Connecticut 881,170 3.08 
Delaware 204,590 3.04 
Florida 4,210,760 2.98 
Georgia 2,111,647 3.14 
Hawaii 287,068 3.42 
Idaho 335,588 3.17 
Illinois 3,105,513 3.23 
Indiana 1,602,501 3.05 
Iowa 769,684 3 
Kansas 701,547 3.07 
Kentucky 1,104,398 2.97 
Louisiana 1,156,438 3.16 
Maine 340,685 2.9 
Maryland 1,359,318 3.13 
Massachusetts 1,576,696 3.11 
Michigan 2,575,699 3.1 
Minnesota 1,255,141 3.09 
Mississippi 747,159 3.14 
Missouri 1,476,516 3.02 
Montana 237,407 2.99 
Nebraska 443,411 3.06 
Nevada 498,333 3.14 
New Hampshire 323,651 3.03 
New Jersey 2,154,539 3.21 













New York 4,639,387 3.22 
North Carolina 2,158,869 2.98 
North Dakota 166,150 3 
Ohio 2,993,023 3.04 
Oklahoma 921,750 3.02 
Oregon 877,671 3.02 
Pennsylvania 3,208,388 3.04 
Rhode Island 265,398 3.07 
South Carolina 1,072,822 3.02 
South Dakota 194,330 3.07 
Tennessee 1,547,835 2.99 
Texas 5,247,794 3.28 
Utah 535,294 3.57 
Vermont 157,763 2.96 
Virginia 1,847,796 3.04 
Washington 1,499,127 3.07 
West Virginia 504,055 2.9 
Wisconsin 1,386,815 3.05 














Vet as a % of the 
Population Age 18+ 
Alabama 3,324,488 311,513 9.4% 
Alaska 436,425 30,073 6.9% 
Arizona 3,767,931 328,150 8.7% 
Arkansas 1,993,342 196,007 9.8% 
California 24,650,185 2,317,984 9.4% 
Colorado 3,204,471 240,010 7.5% 
Connecticut 2,565,991 213,359 8.3% 
Delaware 589,638 50,601 8.6% 
Florida 12,347,806 1,147,186 9.3% 
Georgia 6,020,679 614,005 10.2% 
Hawaii 917,212 68,146 7.4% 
Idaho 925,822 61,416 6.6% 
Illinois 9,180,064 799,867 8.7% 
Indiana 4,507,679 346,896 7.7% 
Iowa 2,193,990 148,137 6.8% 
Kansas 1,977,198 143,440 7.3% 
Kentucky 3,047,928 228,938 7.5% 
Louisiana 3,250,523 320,665 9.9% 
Maine 973,945 62,672 6.4% 
Maryland 3,943,067 336,912 8.5% 
Massachusetts 4,853,130 409,382 8.4% 
Michigan 7,345,849 589,482 8.0% 
Minnesota 3,632,940 220,347 6.1% 
Mississippi 2,070,254 205,546 9.9% 
Missouri 4,169,109 320,804 7.7% 
Montana 672,251 47,048 7.0% 
Nebraska 1,261,648 82,989 6.6% 
Nevada 1,488,526 140,224 9.4% 
New Hampshire 926,885 59,647 6.4% 
New Jersey 6,332,876 536,949 8.5% 













Vet as a % of the 
Population Age 18+ 
New York 14,302,266 1,376,137 9.6% 
North Carolina 6,087,996 536,663 8.8% 
North Dakota 481,301 28,472 5.9% 
Ohio 8,467,999 601,320 7.1% 
Oklahoma 2,560,390 227,371 8.9% 
Oregon 2,577,129 183,465 7.1% 
Pennsylvania 9,362,066 795,709 8.5% 
Rhode Island 800,810 68,944 8.6% 
South Carolina 3,002,919 267,297 8.9% 
South Dakota 552,118 35,873 6.5% 
Tennessee 4,292,047 355,537 8.3% 
Texas 14,977,890 1,424,395 9.5% 
Utah 1,516,338 85,528 5.6% 
Vermont 461,248 28,116 6.1% 
Virginia 5,342,691 407,829 7.6% 
Washington 4,384,341 351,028 8.0% 
West Virginia 1,406,569 110,321 7.8% 
Wisconsin 3,996,289 287,672 7.2% 







Table 61: Chronic Risk Data (Continued) 
 
State Name 




Alabama 109.0% 2 
Alaska 80.1% 4 
Arizona 101.3% 2 
Arkansas 114.3% 1 
California 109.3% 2 
Colorado 87.1% 4 
Connecticut 96.7% 3 
Delaware 99.8% 3 
Florida 108.0% 2 
Georgia 118.6% 1 
Hawaii 86.4% 4 
Idaho 77.1% 5 
Illinois 101.3% 2 
Indiana 89.5% 4 
Iowa 78.5% 5 
Kansas 84.4% 4 
Kentucky 87.3% 4 
Louisiana 114.7% 1 
Maine 74.8% 5 
Maryland 99.4% 3 
Massachusetts 98.1% 3 
Michigan 93.3% 3 
Minnesota 70.5% 5 
Mississippi 115.4% 1 
Missouri 89.5% 4 
Montana 81.4% 4 
Nebraska 76.5% 5 
Nevada 109.5% 2 
New Hampshire 74.8% 5 
New Jersey 98.6% 3 






Table 61: Chronic Risk Data (Continued) 
 
State Name 




New York 111.9% 1 
North Carolina 102.5% 2 
North Dakota 68.8% 5 
Ohio 82.6% 4 
Oklahoma 103.3% 2 
Oregon 82.8% 4 
Pennsylvania 98.8% 3 
Rhode Island 100.1% 2 
South Carolina 103.5% 2 
South Dakota 75.6% 5 
Tennessee 96.3% 3 
Texas 110.6% 1 
Utah 65.6% 5 
Vermont 70.9% 5 
Virginia 88.8% 4 
Washington 93.1% 3 
West Virginia 91.2% 3 
Wisconsin 83.7% 4 







Table 61: Chronic Risk Data (Continued) 
 
State Name 
Female Head of 
Household with Child 
FHH with Child as a % 
of Total Households 
Alabama 141,057 8.1% 
Alaska 17,243 7.8% 
Arizona 129,511 6.8% 
Arkansas 76,774 7.4% 
California 834,716 7.3% 
Colorado 102,113 6.2% 
Connecticut 91,114 7.0% 
Delaware 22,975 7.7% 
Florida 437,680 6.9% 
Georgia 258,006 8.6% 
Hawaii 23,619 5.9% 
Idaho 27,091 5.8% 
Illinois 315,957 6.9% 
Indiana 160,311 6.9% 
Iowa 64,367 5.6% 
Kansas 62,757 6.0% 
Kentucky 110,565 7.0% 
Louisiana 161,546 9.8% 
Maine 32,352 6.2% 
Maryland 159,342 8.0% 
Massachusetts 163,550 6.7% 
Michigan 283,758 7.5% 
Minnesota 111,371 5.9% 
Mississippi 106,203 10.1% 
Missouri 156,571 7.1% 
Montana 21,201 5.9% 
Nebraska 39,685 6.0% 
Nevada 50,675 6.7% 
New Hampshire 27,257 5.7% 
New Jersey 196,809 6.4% 






Table 61: Chronic Risk Data (Continued) 
 
State Name 
Female Head of 
Household with Child 
FHH with Child as a % 
of Total Households 
New York 573,384 8.1% 
North Carolina 227,351 7.3% 
North Dakota 13,639 5.3% 
Ohio 323,095 7.3% 
Oklahoma 94,403 7.0% 
Oregon 83,131 6.2% 
Pennsylvania 298,021 6.2% 
Rhode Island 31,703 7.8% 
South Carolina 131,010 8.5% 
South Dakota 17,645 6.1% 
Tennessee 165,842 7.4% 
Texas 564,288 7.6% 
Utah 40,329 5.8% 
Vermont 14,792 6.1% 
Virginia 186,591 6.9% 
Washington 146,920 6.5% 
West Virginia 42,304 5.7% 
Wisconsin 128,952 6.2% 







Table 61: Chronic Risk Data (Continued) 
 
State Name 




Alabama 112.8% 1 
Alaska 108.1% 2 
Arizona 94.6% 3 
Arkansas 102.3% 2 
California 100.8% 2 
Colorado 85.5% 3 
Connecticut 97.2% 3 
Delaware 106.8% 2 
Florida 95.9% 3 
Georgia 119.2% 1 
Hawaii 81.4% 5 
Idaho 80.1% 4 
Illinois 95.6% 3 
Indiana 95.3% 3 
Iowa 77.8% 4 
Kansas 84.0% 4 
Kentucky 96.5% 3 
Louisiana 135.5% 1 
Maine 86.7% 3 
Maryland 111.7% 1 
Massachusetts 93.0% 3 
Michigan 104.1% 2 
Minnesota 81.6% 4 
Mississippi 141.0% 1 
Missouri 99.1% 2 
Montana 82.1% 4 
Nebraska 82.7% 4 
Nevada 93.7% 3 
New Hampshire 79.8% 4 
New Jersey 89.2% 4 






Table 61: Chronic Risk Data (Continued) 
 
State Name 




New York 112.9% 1 
North Carolina 100.8% 2 
North Dakota 73.7% 5 
Ohio 100.9% 2 
Oklahoma 97.7% 3 
Oregon 86.6% 3 
Pennsylvania 86.6% 4 
Rhode Island 107.8% 1 
South Carolina 118.6% 1 
South Dakota 84.4% 4 
Tennessee 103.2% 2 
Texas 106.0% 2 
Utah 79.9% 5 
Vermont 85.4% 3 
Virginia 96.0% 3 
Washington 89.8% 3 
West Virginia 79.8% 4 
Wisconsin 85.9% 4 












# of Mental 
Disabilities 
Alabama 4,071,185 343,974 
Alaska 557,705 36,599 
Arizona 4,667,187 379,168 
Arkansas 2,440,964 199,590 
California 30,853,063 2,479,660 
Colorado 3,926,325 267,588 
Connecticut 3,120,953 256,139 
Delaware 716,691 55,318 
Florida 14,730,208 1,220,375 
Georgia 7,402,293 670,868 
Hawaii 1,087,490 79,038 
Idaho 1,174,093 75,424 
Illinois 11,350,345 930,861 
Indiana 5,563,619 425,677 
Iowa 2,686,760 166,716 
Kansas 2,440,373 162,341 
Kentucky 3,695,005 247,865 
Louisiana 4,045,963 322,721 
Maine 1,187,124 77,884 
Maryland 4,843,046 377,515 
Massachusetts 5,860,845 472,166 
Michigan 9,138,340 704,620 
Minnesota 4,526,211 262,892 
Mississippi 2,575,139 232,322 
Missouri 5,120,568 365,667 
Montana 831,694 56,748 
Nebraska 1,561,301 91,329 
Nevada 1,823,351 143,695 
New Hampshire 1,145,557 79,716 
New Jersey 7,735,218 617,951 











# of Mental 
Disabilities 
New York 17,464,264 1,534,625 
North Carolina 7,316,733 583,474 
North Dakota 586,289 32,063 
Ohio 10,417,902 696,153 
Oklahoma 3,124,998 243,268 
Oregon 3,158,684 209,201 
Pennsylvania 11,336,483 885,399 
Rhode Island 967,557 73,841 
South Carolina 3,652,809 286,907 
South Dakota 686,094 42,221 
Tennessee 5,214,986 390,554 
Texas 18,761,475 1,492,205 
Utah 1,998,373 115,554 
Vermont 568,445 34,530 
Virginia 6,377,588 433,565 
Washington 5,395,395 402,446 
West Virginia 1,681,351 121,637 
Wisconsin 4,939,875 323,694 







Table 61: Chronic Risk Data (Continued) 
 
State Name 
Mentally Disabled as % of 





























New Hampshire 7.0% 
New Jersey 8.0% 






Table 61: Chronic Risk Data (Continued) 
 
State Name 
Mentally Disabled as % of Population 
Ages 5+ 
New York 8.8% 
North Carolina 8.0% 





Rhode Island 7.6% 
South Carolina 7.9% 
















Table 61: Chronic Risk Data (Continued) 
 
State Name 
Mental Disabilities as % of 
National % of Disabilities Value(Disability) 
Alabama 109.7% 1 
Alaska 85.2% 4 
Arizona 105.5% 1 
Arkansas 106.2% 1 
California 104.4% 2 
Colorado 88.5% 4 
Connecticut 106.6% 1 
Delaware 100.2% 2 
Florida 107.6% 1 
Georgia 117.7% 1 
Hawaii 94.4% 3 
Idaho 83.4% 4 
Illinois 106.5% 1 
Indiana 99.4% 3 
Iowa 80.6% 4 
Kansas 86.4% 4 
Kentucky 87.1% 4 
Louisiana 103.6% 2 
Maine 85.2% 4 
Maryland 101.2% 2 
Massachusetts 104.6% 2 
Michigan 100.1% 2 
Minnesota 75.4% 5 
Mississippi 117.2% 1 
Missouri 92.7% 3 
Montana 88.6% 4 
Nebraska 76.0% 5 
Nevada 102.3% 2 
New Hampshire 90.4% 3 
New Jersey 103.8% 2 






Table 61: Chronic Risk Data (Continued) 
 
State Name 
Mental Disabilities as % of 
National % of Disabilities Value(Disability) 
New York 114.1% 1 
North Carolina 103.6% 2 
North Dakota 71.0% 5 
Ohio 86.8% 4 
Oklahoma 101.1% 2 
Oregon 86.0% 4 
Pennsylvania 101.4% 2 
Rhode Island 99.1% 3 
South Carolina 102.0% 2 
South Dakota 79.9% 5 
Tennessee 97.3% 3 
Texas 103.3% 2 
Utah 75.1% 5 
Vermont 78.9% 5 
Virginia 88.3% 4 
Washington 96.9% 3 
West Virginia 94.0% 3 
Wisconsin 85.1% 4 












Substance Abuse Reports as 
% of Total Population 
Alabama 17,605 0.40% 
Alaska 5,563 0.89% 
Arizona 13,554 0.26% 
Arkansas 13,395 0.50% 
California 183,563 0.54% 
Colorado 55,654 1.29% 
Connecticut 51,301 1.51% 
Delaware 6,755 0.86% 
Florida 80,249 0.50% 
Georgia 30,361 0.37% 
Hawaii 6,659 0.55% 
Idaho 5,893 0.46% 
Illinois 63,201 0.51% 
Indiana 38,285 0.63% 
Iowa 25,986 0.89% 
Kansas 14,334 0.53% 
Kentucky 18,559 0.46% 
Louisiana 27,953 0.63% 
Maine 10,465 0.82% 
Maryland 55,933 1.06% 
Massachusetts 70,154 1.10% 
Michigan 57,515 0.58% 
Minnesota 40,150 0.82% 
Mississippi 9,766 0.34% 
Missouri 44,312 0.79% 
Montana 7,028 0.78% 
Nebraska 8,547 0.50% 
Nevada 10,798 0.54% 
New Hampshire 5,883 0.48% 
New Jersey 52,874 0.63% 











Substance Abuse Reports as 
% of Total Population 
New York 301,465 1.59% 
North Carolina 35,260 0.44% 
North Dakota 1,955 0.30% 
Ohio 48,991 0.43% 
Oklahoma 13,880 0.40% 
Oregon 52,949 1.55% 
Pennsylvania 64,143 0.52% 
Rhode Island 12,640 1.21% 
South Carolina 28,780 2.75% 
South Dakota 9,175 0.23% 
Tennessee 7,702 1.02% 
Texas 29,349 0.52% 
Utah 19,505 0.09% 
Vermont 7,145 0.32% 
Virginia 23,814 3.91% 
Washington 30,723 0.43% 
West Virginia 74 0.00% 
Wisconsin 20,369 1.13% 







Table 61: Chronic Risk Data (Continued) 
 
State Name 
% of Substance Abuse Reports as 
a % of National Substance Abuse 
Value 
(Substances) 
Alabama 30% 4 
Alaska 68% 3 
Arizona 20% 5 
Arkansas 39% 4 
California 42% 4 
Colorado 100% 2 
Connecticut 116% 1 
Delaware 66% 3 
Florida 39% 4 
Georgia 29% 4 
Hawaii 42% 4 
Idaho 35% 4 
Illinois 39% 4 
Indiana 48% 4 
Iowa 68% 3 
Kansas 41% 4 
Kentucky 35% 4 
Louisiana 48% 4 
Maine 63% 3 
Maryland 81% 2 
Massachusetts 85% 2 
Michigan 45% 4 
Minnesota 63% 3 
Mississippi 26% 4 
Missouri 61% 3 
Montana 60% 3 
Nebraska 38% 4 
Nevada 42% 4 
New Hampshire 37% 4 







Table 61: Chronic Risk Data (Continued) 
 
State Name 
% of Substance Abuse Reports as 
a % of National Substance Abuse 
Value 
(Substances) 
New Mexico 37% 4 
New York 122% 1 
North Carolina 34% 4 
North Dakota 23% 5 
Ohio 33% 4 
Oklahoma 31% 4 
Oregon 119% 1 
Pennsylvania 40% 4 
Rhode Island 93% 2 
South Carolina 55% 3 
South Dakota 93% 2 
Tennessee 10% 5 
Texas 11% 5 
Utah 67% 3 
Vermont 90% 2 
Virginia 26% 4 
Washington 40% 4 
West Virginia 0% 5 
Wisconsin 29% 4 







Table 61: Chronic Risk Data (Continued) 
 
State Name 






























New Hampshire 23,844 
New Jersey 27,006 






Table 61: Chronic Risk Data (Continued) 
 
State Name 
Median Income Per 
Capita 
New York 23,389 
North Carolina 20,307 





Rhode Island 21,688 
South Carolina 18,795 
















Table 61: Chronic Risk Data (Continued) 
 
State Name 
Percentage of National 
Median Income Per Capita 
Value 
(Income) 
Alabama 84.3% 2 
Alaska 105.0% 4 
Arizona 93.9% 3 
Arkansas 78.3% 1 
California 105.2% 4 
Colorado 111.4% 5 
Connecticut 133.3% 5 
Delaware 108.0% 4 
Florida 99.9% 3 
Georgia 98.0% 3 
Hawaii 99.7% 3 
Idaho 82.6% 2 
Illinois 107.0% 4 
Indiana 94.5% 3 
Iowa 91.1% 3 
Kansas 95.0% 3 
Kentucky 83.8% 2 
Louisiana 78.3% 1 
Maine 90.5% 2 
Maryland 118.7% 5 
Massachusetts 120.2% 5 
Michigan 102.7% 4 
Minnesota 107.5% 4 
Mississippi 73.4% 1 
Missouri 92.4% 3 
Montana 79.5% 1 
Nebraska 90.9% 3 
Nevada 101.9% 4 
New Hampshire 110.5% 4 
New Jersey 125.1% 5 






Table 61: Chronic Risk Data (Continued) 
 
State Name 
Percentage of National 
Median Income Per Capita 
Value 
(Income) 
New York 108.3% 4 
North Carolina 94.1% 3 
North Dakota 82.3% 2 
Ohio 97.3% 3 
Oklahoma 81.7% 2 
Oregon 97.0% 3 
Pennsylvania 96.7% 3 
Rhode Island 100.5% 3 
South Carolina 87.1% 2 
South Dakota 81.4% 2 
Tennessee 89.8% 2 
Texas 90.9% 3 
Utah 84.2% 2 
Vermont 95.5% 3 
Virginia 111.1% 5 
Washington 106.4% 4 
West Virginia 76.3% 1 
Wisconsin 98.5% 3 








































New Hampshire 2.7 
New Jersey 3.7 











New York 4.5 
North Carolina 3.7 





Rhode Island 4.2 
South Carolina 3.6 
















Table 61: Chronic Risk Data (Continued) 
 
State Name 




Alabama 102.5% 2 
Alaska 155.0% 1 
Arizona 100.0% 3 
Arkansas 105.0% 2 
California 122.5% 1 
Colorado 67.5% 5 
Connecticut 57.5% 5 
Delaware 82.5% 4 
Florida 95.0% 3 
Georgia 87.5% 4 
Hawaii 100.0% 3 
Idaho 115.0% 1 
Illinois 112.5% 1 
Indiana 72.5% 5 
Iowa 70.0% 5 
Kansas 95.0% 3 
Kentucky 105.0% 2 
Louisiana 125.0% 1 
Maine 82.5% 4 
Maryland 90.0% 4 
Massachusetts 67.5% 5 
Michigan 92.5% 3 
Minnesota 77.5% 5 
Mississippi 142.5% 1 
Missouri 82.5% 4 
Montana 120.0% 1 
Nebraska 70.0% 5 
Nevada 112.5% 1 
New Hampshire 67.5% 5 
New Jersey 92.5% 3 






Table 61: Chronic Risk Data (Continued) 
 
State Name 




New York 112.5% 1 
North Carolina 92.5% 3 
North Dakota 72.5% 5 
Ohio 100.0% 3 
Oklahoma 77.5% 5 
Oregon 127.5% 1 
Pennsylvania 105.0% 2 
Rhode Island 105.0% 2 
South Carolina 90.0% 4 
South Dakota 67.5% 5 
Tennessee 100.0% 3 
Texas 110.0% 2 
Utah 85.0% 4 
Vermont 67.5% 5 
Virginia 57.5% 5 
Washington 125.0% 1 
West Virginia 137.5% 1 
Wisconsin 85.0% 4 








































New Hampshire 24.2 
New Jersey 25.7 











New York 27.1 
North Carolina 25.4 





Rhode Island 25.4 
South Carolina 26.5 
















Table 61: Chronic Risk Data (Continued) 
 
State Name 




Alabama 96.6% 3 
Alaska 90.9% 4 
Arizona 109.1% 1 
Arkansas 93.2% 4 
California 109.1% 1 
Colorado 102.7% 2 
Connecticut 98.5% 3 
Delaware 90.5% 5 
Florida 106.8% 1 
Georgia 98.1% 3 
Hawaii 105.3% 2 
Idaho 98.1% 3 
Illinois 97.7% 3 
Indiana 92.4% 4 
Iowa 92.8% 4 
Kansas 91.6% 4 
Kentucky 95.4% 4 
Louisiana 109.5% 1 
Maine 102.7% 2 
Maryland 96.2% 3 
Massachusetts 101.9% 2 
Michigan 96.2% 3 
Minnesota 90.5% 5 
Mississippi 93.2% 4 
Missouri 93.2% 4 
Montana 95.1% 4 
Nebraska 89.4% 5 
Nevada 106.5% 1 
New Hampshire 92.0% 4 
New Jersey 97.7% 3 





Table 61: Chronic Risk Data (Continued) 
 
State Name 




New York 103.0% 2 
North Carolina 96.6% 3 
North Dakota 87.1% 5 
Ohio 94.7% 4 
Oklahoma 95.4% 4 
Oregon 106.8% 1 
Pennsylvania 95.8% 3 
Rhode Island 96.6% 3 
South Carolina 100.8% 2 
South Dakota 92.8% 4 
Tennessee 94.3% 4 
Texas 94.7% 4 
Utah 95.4% 4 
Vermont 103.8% 2 
Virginia 93.9% 4 
Washington 102.3% 2 
West Virginia 98.9% 3 
Wisconsin 90.5% 5 








































New Hampshire 20.4 
New Jersey 21.8 











New York 20.4 
North Carolina 18.3 





Rhode Island 20.4 
South Carolina 17.5 
















Table 61: Chronic Risk Data (Continued) 
 
State Name 




Alabama 89.3% 5 20 
Alaska 105.3% 2 24 
Arizona 102.7% 2 20 
Arkansas 86.6% 5 20 
California 120.3% 1 17 
Colorado 107.5% 1 26 
Connecticut 107.5% 1 22 
Delaware 96.8% 3 26 
Florida 104.8% 2 19 
Georgia 99.5% 3 20 
Hawaii 111.8% 1 25 
Idaho 98.9% 3 26 
Illinois 100.5% 2 20 
Indiana 89.8% 5 31 
Iowa 86.6% 5 33 
Kansas 88.8% 5 31 
Kentucky 88.2% 5 28 
Louisiana 86.1% 5 16 
Maine 100.0% 3 26 
Maryland 106.4% 1 21 
Massachusetts 104.3% 2 24 
Michigan 91.4% 4 25 
Minnesota 95.2% 4 35 
Mississippi 91.4% 4 17 
Missouri 89.3% 5 28 
Montana 98.4% 3 24 
Nebraska 90.9% 4 35 
Nevada 115.5% 1 18 
New Hampshire 109.1% 1 30 
New Jersey 116.6% 1 25 





Table 61: Chronic Risk Data (Continued) 
 
State Name 




New York 109.1% 1 12 
North Carolina 97.9% 3 22 
North Dakota 86.6% 5 37 
Ohio 95.7% 3 27 
Oklahoma 86.6% 5 27 
Oregon 108.0% 1 18 
Pennsylvania 97.9% 3 24 
Rhode Island 109.1% 1 17 
South Carolina 93.6% 4 20 
South Dakota 88.8% 5 32 
Tennessee 94.1% 4 26 
Texas 93.0% 4 23 
Utah 104.8% 2 30 
Vermont 108.0% 1 26 
Virginia 101.1% 2 31 
Washington 111.8% 1 21 
West Virginia 78.1% 5 25 
Wisconsin 97.9% 3 31 












< or equal to 80% 5 
 
































     Mental Disabilities* 
 
Rental Housing Cost-Burden* 
< or equal to 80% 5 
 












> 105.1% 1 
     Substance Abuse* 
 
Owner Housing Cost Burden* 
< or equal to 25% 5 
 










> 100.1% 1 
 
> 105.1% 1 
 
*Values were calculated as a percentage of the national population that displays the 














































































Acadia 58,861 21,142 2.74 
Allen 25,440 8,102 2.62 
Ascension 76,627 26,691 2.85 
Assumption 23,388 8,239 2.81 
Avoyelles 41,481 14,736 2.6 
Beauregard 32,986 12,104 2.63 
Bienville 15,752 6,108 2.52 
Bossier 98,310 36,628 2.63 
Caddo 252,161 97,974 2.51 
Calcasieu 183,577 68,613 2.61 
Caldwell 10,560 3,941 2.5 
Cameron 9,991 3,592 2.76 
Catahoula 10,920 4,082 2.55 
Claiborne 16,851 6,270 2.5 
Concordia 20,247 7,521 2.6 
De Soto 25,494 9,691 2.6 
East Baton Rouge 412,852 156,365 2.55 
East Carroll 9,421 2,969 2.82 
East Feliciana 21,360 6,699 2.76 
Evangeline 35,434 12,736 2.64 
Franklin 21,263 7,754 2.64 
Grant 18,698 7,073 2.61 
Iberia 73,266 25,381 2.82 
Iberville 33,320 10,674 2.81 
Jackson 15,397 6,086 2.48 
Jefferson 455,466 176,234 2.56 
Jefferson Davis 31,435 11,480 2.7 
La Salle 14,282 5,291 2.52 
Lafayette 190,503 72,372 2.57 
Lafourche 89,974 32,057 2.75 















Livingston 91,814 32,630 2.8 
Madison 13,728 4,469 2.74 
Morehouse 31,021 11,382 2.64 
Natchitoches 39,080 14,263 2.56 
Orleans 484,674 188,251 2.48 
Ouachita 147,250 55,216 2.58 
Plaquemines 26,757 9,021 2.89 
Pointe Coupee 22,763 8,397 2.67 
Rapides 126,337 47,120 2.56 
Red River 9,622 3,414 2.74 
Richland 20,981 7,490 2.65 
Sabine 23,459 9,221 2.5 
St. Bernard 67,229 25,123 2.64 
St. Charles 48,072 16,422 2.9 
St. Helena 10,525 3,873 2.7 
St. James 21,216 6,992 3 
St. John the Baptist 43,044 14,283 2.98 
St. Landry 87,700 32,328 2.67 
St. Martin 48,583 17,164 2.78 
St. Mary 53,500 19,317 2.74 
St. Tammany 191,268 69,253 2.73 
Tangipahoa 100,588 36,558 2.66 
Tensas 6,618 2,416 2.54 
Terrebonne 104,503 35,997 2.86 
Union 22,803 8,857 2.52 
Vermilion 53,807 19,832 2.67 
Vernon 52,531 18,260 2.69 
Washington 43,926 16,467 2.56 
Webster 41,831 16,501 2.48 
















West Carroll 12,314 4,458 2.59 
West Feliciana 15,111 3,645 2.73 
















































Acadia 15,676 3.22 
Allen 5,927 3.12 
Ascension 20,789 3.25 
Assumption 6,312 3.26 
Avoyelles 10,584 3.11 
Beauregard 9,080 3.07 
Bienville 4,216 3.09 
Bossier 26,627 3.09 
Caddo 64,980 3.11 
Calcasieu 49,034 3.11 
Caldwell 2,819 2.99 
Cameron 2,703 3.21 
Catahoula 2,994 3.02 
Claiborne 4,336 3.07 
Concordia 5,433 3.12 
De Soto 6,969 3.11 
East Baton Rouge 102,581 3.14 
East Carroll 2,140 3.4 
East Feliciana 5,032 3.26 
Evangeline 9,151 3.19 
Franklin 5,705 3.13 
Grant 5,274 3.06 
Iberia 19,165 3.28 
Iberville 8,012 3.29 
Jackson 4,300 3.01 
Jefferson 120,183 3.13 
Jefferson Davis 8,525 3.18 
La Salle 3,798 3.03 
Lafayette 48,839 3.12 
Lafourche 24,296 3.17 












Livingston 25,545 3.17 
Madison 3,140 3.35 
Morehouse 8,319 3.14 
Natchitoches 9,503 3.14 
Orleans 112,977 3.23 
Ouachita 38,319 3.12 
Plaquemines 6,999 3.3 
Pointe Coupee 6,171 3.17 
Rapides 33,133 3.09 
Red River 2,527 3.23 
Richland 5,481 3.14 
Sabine 6,596 3 
St. Bernard 18,301 3.12 
St. Charles 13,094 3.27 
St. Helena 2,784 3.27 
St. James 5,550 3.43 
St. John the Baptist 11,314 3.38 
St. Landry 23,205 3.21 
St. Martin 12,983 3.22 
St. Mary 14,090 3.23 
St. Tammany 52,727 3.15 
Tangipahoa 25,768 3.19 
Tensas 1,635 3.14 
Terrebonne 27,409 3.29 
Union 6,412 3.01 
Vermilion 14,453 3.16 
Vernon 13,706 3.15 
Washington 11,646 3.09 
Webster 11,559 2.99 
West Baton Rouge 5,736 3.2 












West Feliciana 2,705 3.24 


















































Acadia 41,291 3,492 
Allen 19,175 5,143 
Ascension 53,555 3,462 
Assumption 16,743 1,397 
Avoyelles 30,383 4,884 
Beauregard 23,961 2,767 
Bienville 11,467 965 
Bossier 70,812 5,757 
Caddo 184,632 18,997 
Calcasieu 133,319 12,089 
Caldwell 7,934 577 
Cameron 7,163 429 
Catahoula 8,098 1,056 
Claiborne 12,547 1,897 
Concordia 14,631 1,633 
De Soto 18,263 1,790 
East Baton Rouge 304,992 27,195 
East Carroll 6,560 1,228 
East Feliciana 15,874 3,761 
Evangeline 24,971 4,067 
Franklin 15,319 1,128 
Grant 13,425 1,136 
Iberia 51,318 3,666 
Iberville 24,587 4,929 
Jackson 11,497 953 
Jefferson 340,617 27,284 
Jefferson Davis 22,202 1,402 
La Salle 10,560 1,265 
Lafayette 138,537 11,963 
Lafourche 65,434 5,387 













Livingston 64,790 4,459 
Madison 9,203 1,592 
Morehouse 22,492 1,705 
Natchitoches 28,947 2,412 
Orleans 355,507 47,422 
Ouachita 106,246 10,631 
Plaquemines 18,920 1,565 
Pointe Coupee 16,579 1,639 
Rapides 91,905 8,827 
Red River 6,723 707 
Richland 15,274 1,718 
Sabine 17,311 1,397 
St. Bernard 50,263 4,217 
St. Charles 33,497 2,627 
St. Helena 7,478 697 
St. James 14,951 1,238 
St. John the Baptist 29,649 2,322 
St. Landry 61,874 6,797 
St. Martin 34,262 2,736 
St. Mary 37,664 2,490 
St. Tammany 136,925 9,606 
Tangipahoa 72,701 7,815 
Tensas 4,871 467 
Terrebonne 74,045 5,163 
Union 16,950 1,488 
Vermilion 38,644 3,606 
Vernon 37,258 2,655 
Washington 32,158 3,663 
Webster 31,084 2,246 













West Carroll 9,163 945 
West Feliciana 12,023 5,781 










































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 9.8% 
East Baton 
Rouge 8.9% 
East Carroll 18.7% 








Jefferson Davis 6.3% 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 9.9% 
Rapides 9.6% 
Red River 10.5% 
Richland 11.2% 
Sabine 8.1% 
St. Bernard 8.4% 
St. Charles 7.8% 
St. Helena 9.3% 
St. James 8.3% 
St. John the Baptist 7.8% 
St. Landry 11.0% 
St. Martin 8.0% 
St. Mary 6.6% 









West Baton Rouge 11.3% 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Veterans as a % of Population Age 
18+ 












































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 98.3% 4 
Allen 311.9% 1 
Ascension 75.2% 5 
Assumption 97.0% 4 
Avoyelles 186.9% 2 
Beauregard 134.3% 3 
Bienville 97.9% 4 
Bossier 94.5% 4 
Caddo 119.6% 3 
Calcasieu 105.4% 3 
Caldwell 84.6% 5 
Cameron 69.6% 5 
Catahoula 151.6% 2 
Claiborne 175.8% 2 
Concordia 129.8% 3 
De Soto 114.0% 3 
East Baton 
Rouge 103.7% 3 
East Carroll 217.7% 2 
East Feliciana 275.5% 1 
Evangeline 189.4% 2 
Franklin 85.6% 5 
Grant 98.4% 4 
Iberia 83.1% 5 
Iberville 233.1% 2 
Jackson 96.4% 4 
Jefferson 93.1% 4 
Jefferson Davis 73.4% 5 
La Salle 139.3% 3 
Lafayette 100.4% 3 
Lafourche 95.7% 4 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 80.0% 5 
Madison 201.1% 2 
Morehouse 88.1% 5 
Natchitoches 96.9% 4 
Orleans 155.1% 2 
Ouachita 116.3% 3 
Plaquemines 96.2% 4 
Pointe Coupee 115.0% 3 
Rapides 111.7% 3 
Red River 122.3% 3 
Richland 130.8% 3 
Sabine 93.8% 4 
St. Bernard 97.6% 4 
St. Charles 91.2% 4 
St. Helena 108.4% 3 
St. James 96.3% 4 
St. John the Baptist 91.1% 4 
St. Landry 127.7% 3 
St. Martin 92.9% 4 
St. Mary 76.9% 5 
St. Tammany 81.6% 5 
Tangipahoa 125.0% 3 
Tensas 111.5% 3 
Terrebonne 81.1% 5 
Union 102.1% 3 
Vermilion 108.5% 3 
Vernon 82.9% 5 
Washington 132.4% 3 
Webster 84.0% 5 
West Baton Rouge 131.9% 3 






Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 559.1% 1 










































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 1,025 
East Baton Rouge 15,713 
East Carroll 525 








Jefferson Davis 959 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 705 
Rapides 4,776 
Red River 375 
Richland 797 
Sabine 667 
St. Bernard 1,846 
St. Charles 1,451 
St. Helena 365 
St. James 713 
St. John the Baptist 1,556 
St. Landry 3,469 
St. Martin 1,722 
St. Mary 1,871 









West Baton Rouge 752 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Female Head of Household with 
Child 












































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 10.6% 
East Baton Rouge 10.0% 
East Carroll 17.7% 








Jefferson Davis 8.4% 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 8.4% 
Rapides 10.1% 
Red River 11.0% 
Richland 10.6% 
Sabine 7.2% 
St. Bernard 7.3% 
St. Charles 8.8% 
St. Helena 9.4% 
St. James 10.2% 
St. John the Baptist 10.9% 
St. Landry 10.7% 
St. Martin 10.0% 
St. Mary 9.7% 









West Baton Rouge 9.8% 






Table 62: Louisiana Risk Data (Continued) 
 
County 
FFH with Child as a % of 
Households 











































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 125.3% 3 
Allen 125.0% 4 
Ascension 115.7% 4 
Assumption 116.1% 4 
Avoyelles 135.9% 2 
Beauregard 90.8% 5 
Bienville 136.4% 2 
Bossier 124.2% 4 
Caddo 159.5% 1 
Calcasieu 125.7% 3 
Caldwell 100.1% 4 
Cameron 73.1% 5 
Catahoula 115.7% 4 
Claiborne 136.5% 2 
Concordia 145.3% 2 
De Soto 146.9% 2 
East Baton Rouge 139.6% 2 
East Carroll 245.6% 1 
East Feliciana 137.0% 2 
Evangeline 141.3% 2 
Franklin 126.3% 3 
Grant 113.5% 4 
Iberia 147.0% 2 
Iberville 151.8% 1 
Jackson 109.1% 4 
Jefferson 117.4% 4 
Jefferson Davis 116.0% 4 
La Salle 69.0% 5 
Lafayette 127.7% 3 
Lafourche 100.5% 4 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 91.6% 5 
Madison 207.6% 1 
Morehouse 155.5% 1 
Natchitoches 149.3% 2 
Orleans 194.7% 1 
Ouachita 153.3% 1 
Plaquemines 109.9% 4 
Pointe Coupee 116.6% 4 
Rapides 140.8% 2 
Red River 152.6% 1 
Richland 147.8% 2 
Sabine 100.5% 4 
St. Bernard 102.1% 4 
St. Charles 122.7% 4 
St. Helena 130.9% 3 
St. James 141.6% 2 
St. John the Baptist 151.3% 1 
St. Landry 149.0% 2 
St. Martin 139.3% 2 
St. Mary 134.5% 3 
St. Tammany 90.5% 5 
Tangipahoa 133.3% 3 
Tensas 146.6% 2 
Terrebonne 114.2% 4 
Union 106.2% 4 
Vermilion 111.5% 4 
Vernon 99.6% 5 
Washington 129.9% 3 
Webster 125.6% 3 
West Baton Rouge 136.3% 2 





Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 133.4% 3 
















































# of Mental 
Disabilities 
Acadia 53,352 1,103 
Allen 19,619 222 
Ascension 69,761 1,535 
Assumption 21,618 408 
Avoyelles 35,524 591 
Beauregard 29,464 357 
Bienville 14,368 215 
Bossier 86,159 1,235 
Caddo 228,908 3,480 
Calcasieu 167,149 3,444 
Caldwell 9,254 133 
Cameron 9,295 155 
Catahoula 9,714 154 
Claiborne 14,693 216 
Concordia 18,059 343 
De Soto 23,396 363 
East Baton Rouge 378,490 7,193 
East Carroll 7,661 66 
East Feliciana 17,596 325 
Evangeline 30,941 822 
Franklin 18,974 244 
Grant 17,059 264 
Iberia 66,337 1,290 
Iberville 27,776 463 
Jackson 14,166 185 
Jefferson 421,483 6,114 
Jefferson Davis 28,619 586 
La Salle 12,475 189 
Lafayette 174,426 3,078 
Lafourche 82,877 1,405 










# of Mental 
Disabilities 
Livingston 84,428 1,440 
Madison 11,364 187 
Morehouse 27,944 445 
Natchitoches 35,696 571 
Orleans 440,111 7,209 
Ouachita 134,334 1,944 
Plaquemines 23,899 410 
Pointe Coupee 20,856 318 
Rapides 113,969 1,877 
Red River 8,591 126 
Richland 18,361 332 
Sabine 21,535 320 
St. Bernard 62,158 798 
St. Charles 44,174 556 
St. Helena 9,689 171 
St. James 19,466 215 
St. John the Baptist 39,121 616 
St. Landry 79,468 1,654 
St. Martin 44,129 862 
St. Mary 49,009 695 
St. Tammany 175,083 2,517 
Tangipahoa 91,887 1,514 
Tensas 5,683 91 
Terrebonne 95,439 2,001 
Union 20,742 285 
Vermilion 49,168 913 
Vernon 40,063 860 
Washington 39,053 797 
Webster 38,449 477 
West Baton Rouge 19,525 517 










# of Mental 
Disabilities 
West Feliciana 9,303 139 











































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 1.6% 
East Baton Rouge 1.9% 
East Carroll 0.9% 








Jefferson Davis 2.0% 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 1.5% 
Rapides 1.6% 
Red River 1.5% 
Richland 1.8% 
Sabine 1.5% 
St. Bernard 1.3% 
St. Charles 1.3% 
St. Helena 1.8% 
St. James 1.1% 
St. John the Baptist 1.6% 
St. Landry 2.1% 
St. Martin 2.0% 
St. Mary 1.4% 









West Baton Rouge 2.6% 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Mentally Disabled as % of Population Age 
5+ 












































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 26.8% 2 
Allen 14.7% 5 
Ascension 28.6% 2 
Assumption 24.5% 3 
Avoyelles 21.6% 3 
Beauregard 15.7% 4 
Bienville 19.4% 4 
Bossier 18.6% 4 
Caddo 19.7% 4 
Calcasieu 26.8% 2 
Caldwell 18.7% 4 
Cameron 21.7% 3 
Catahoula 20.6% 3 
Claiborne 19.1% 4 
Concordia 24.7% 3 
De Soto 20.1% 3 
East Baton Rouge 24.7% 3 
East Carroll 11.2% 5 
East Feliciana 24.0% 3 
Evangeline 34.5% 1 
Franklin 16.7% 4 
Grant 20.1% 3 
Iberia 25.3% 2 
Iberville 21.6% 3 
Jackson 17.0% 4 
Jefferson 18.8% 4 
Jefferson Davis 26.6% 2 
La Salle 19.7% 4 
Lafayette 22.9% 3 
Lafourche 22.0% 3 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 22.2% 3 
Madison 21.4% 3 
Morehouse 20.7% 3 
Natchitoches 20.8% 3 
Orleans 21.3% 3 
Ouachita 18.8% 4 
Plaquemines 22.3% 3 
Pointe Coupee 19.8% 4 
Rapides 21.4% 3 
Red River 19.0% 4 
Richland 23.5% 3 
Sabine 19.3% 4 
St. Bernard 16.7% 4 
St. Charles 16.3% 4 
St. Helena 22.9% 3 
St. James 14.3% 5 
St. John the Baptist 20.4% 3 
St. Landry 27.0% 2 
St. Martin 25.4% 2 
St. Mary 18.4% 4 
St. Tammany 18.7% 4 
Tangipahoa 21.4% 3 
Tensas 20.8% 3 
Terrebonne 27.2% 2 
Union 17.8% 4 
Vermilion 24.1% 3 
Vernon 27.9% 2 
Washington 26.5% 2 
Webster 16.1% 4 
West Baton Rouge 34.4% 1 





Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 19.4% 4 











































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 13,606 
East Baton Rouge 19,790 
East Carroll 9,629 








Jefferson Davis 13,398 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 15,387 
Rapides 16,088 
Red River 12,119 
Richland 12,479 
Sabine 15,199 
St. Bernard 16,718 
St. Charles 19,054 
St. Helena 12,318 
St. James 14,381 
St. John the Baptist 15,445 
St. Landry 12,042 
St. Martin 13,619 
St. Mary 13,399 









West Baton Rouge 15,773 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Median Income Per 
Capita 












































Table 62: Louisiana Risk Data (Continued) 
 
County 
Percentage of National Median 
Income Per Capita 
Value 
(Income) 
Acadia 62.2% 2 
Allen 60.7% 2 
Ascension 82.7% 5 
Assumption 64.9% 2 
Avoyelles 56.3% 1 
Beauregard 71.9% 3 
Bienville 57.8% 1 
Bossier 83.9% 5 
Caddo 82.6% 5 
Calcasieu 82.0% 5 
Caldwell 64.3% 2 
Cameron 71.1% 3 
Catahoula 58.4% 1 
Claiborne 64.0% 2 
Concordia 55.4% 1 
De Soto 63.0% 2 
East Baton Rouge 91.7% 5 
East Carroll 44.6% 1 
East Feliciana 71.5% 3 
Evangeline 53.0% 1 
Franklin 58.7% 1 
Grant 66.8% 3 
Iberia 65.5% 3 
Iberville 61.5% 2 
Jackson 71.1% 3 
Jefferson 92.4% 5 
Jefferson Davis 62.1% 2 
La Salle 65.0% 2 
Lafayette 89.7% 5 
Lafourche 73.2% 3 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Percentage of National Median 
Income Per Capita 
Value 
(Income) 
Livingston 75.4% 4 
Madison 46.9% 1 
Morehouse 61.1% 2 
Natchitoches 63.7% 2 
Orleans 79.9% 4 
Ouachita 79.1% 4 
Plaquemines 73.8% 3 
Pointe Coupee 71.3% 3 
Rapides 74.5% 3 
Red River 56.1% 1 
Richland 57.8% 1 
Sabine 70.4% 3 
St. Bernard 77.4% 4 
St. Charles 88.3% 5 
St. Helena 57.1% 1 
St. James 66.6% 3 
St. John the Baptist 71.5% 3 
St. Landry 55.8% 1 
St. Martin 63.1% 2 
St. Mary 62.1% 2 
St. Tammany 104.3% 5 
Tangipahoa 67.0% 3 
Tensas 58.5% 1 
Terrebonne 74.4% 3 
Union 68.6% 3 
Vermilion 65.8% 3 
Vernon 65.0% 2 
Washington 59.8% 1 
Webster 70.4% 3 
West Baton Rouge 73.1% 3 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Percentage of National Median 
Income Per Capita 
Value 
(Income) 
West Feliciana 75.0% 3 


















































Acadia 43,387 1,641 
Allen 19,897 631 
Ascension 56,116 1,997 
Assumption 17,517 905 
Avoyelles 31,782 1,244 
Beauregard 25,050 994 
Bienville 12,010 591 
Bossier 73,905 2,532 
Caddo 192,786 10,720 
Calcasieu 139,391 5,917 
Caldwell 8,201 310 
Cameron 7,551 200 
Catahoula 8,497 346 
Claiborne 13,046 595 
Concordia 15,217 752 
De Soto 19,135 856 
East Baton Rouge 318,021 12,941 
East Carroll 6,871 472 
East Feliciana 16,604 956 
Evangeline 26,147 872 
Franklin 15,978 660 
Grant 14,002 532 
Iberia 53,797 2,790 
Iberville 25,656 913 
Jackson 11,959 354 
Jefferson 354,056 12,618 
Jefferson Davis 23,294 991 
La Salle 11,204 310 
Lafayette 144,549 6,548 
Lafourche 68,385 2,328 












Livingston 68,053 2,050 
Madison 10,030 610 
Morehouse 23,571 1,374 
Natchitoches 30,206 1,629 
Orleans 370,138 20,203 
Ouachita 110,838 5,747 
Plaquemines 19,790 719 
Pointe Coupee 17,378 696 
Rapides 96,383 3,852 
Red River 7,132 424 
Richland 15,834 567 
Sabine 18,025 759 
St. Bernard 52,363 1,791 
St. Charles 35,295 1,189 
St. Helena 7,873 393 
St. James 15,660 869 
St. John the Baptist 31,212 1,323 
St. Landry 64,913 3,394 
St. Martin 36,011 1,806 
St. Mary 39,534 1,887 
St. Tammany 142,988 3,521 
Tangipahoa 76,019 3,844 
Tensas 5,090 283 
Terrebonne 77,851 2,602 
Union 17,616 700 
Vermilion 40,504 1,594 
Vernon 38,624 1,539 
Washington 33,505 1,334 
Webster 32,388 1,458 
West Baton Rouge 16,262 563 












West Feliciana 12,504 260 











































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 4.5% 
East Baton Rouge 4.1% 
East Carroll 6.9% 








Jefferson Davis 4.3% 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 4.0% 
Rapides 4.0% 
Red River 5.9% 
Richland 3.6% 
Sabine 4.2% 
St. Bernard 3.4% 
St. Charles 3.4% 
St. Helena 5.0% 
St. James 5.5% 
St. John the Baptist 4.2% 
St. Landry 5.2% 
St. Martin 5.0% 
St. Mary 4.8% 









West Baton Rouge 3.5% 






Table 62: Louisiana Risk Data (Continued) 
 
County 
Unemployed as % of Population Age 
16+ 











































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 94.6% 3 
Allen 79.3% 5 
Ascension 89.0% 4 
Assumption 129.2% 2 
Avoyelles 97.9% 3 
Beauregard 99.2% 3 
Bienville 123.0% 2 
Bossier 85.7% 4 
Caddo 139.0% 1 
Calcasieu 106.1% 3 
Caldwell 94.5% 3 
Cameron 66.2% 5 
Catahoula 101.8% 3 
Claiborne 114.0% 2 
Concordia 123.5% 2 
De Soto 111.8% 2 
East Baton Rouge 101.7% 3 
East Carroll 171.7% 1 
East Feliciana 143.9% 1 
Evangeline 83.4% 4 
Franklin 103.3% 3 
Grant 95.0% 3 
Iberia 129.7% 2 
Iberville 89.0% 4 
Jackson 74.0% 5 
Jefferson 89.1% 4 
Jefferson Davis 106.4% 3 
La Salle 69.2% 5 
Lafayette 113.2% 2 
Lafourche 85.1% 4 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 75.3% 5 
Madison 152.0% 1 
Morehouse 145.7% 1 
Natchitoches 134.8% 2 
Orleans 136.5% 1 
Ouachita 129.6% 2 
Plaquemines 90.8% 3 
Pointe Coupee 100.1% 3 
Rapides 99.9% 3 
Red River 148.6% 1 
Richland 89.5% 4 
Sabine 105.3% 3 
St. Bernard 85.5% 4 
St. Charles 84.2% 4 
St. Helena 124.8% 2 
St. James 138.7% 1 
St. John the Baptist 106.0% 3 
St. Landry 130.7% 2 
St. Martin 125.4% 2 
St. Mary 119.3% 2 
St. Tammany 61.6% 5 
Tangipahoa 126.4% 2 
Tensas 139.0% 1 
Terrebonne 83.6% 4 
Union 99.3% 3 
Vermilion 98.4% 3 
Vernon 99.6% 3 
Washington 99.5% 3 
Webster 112.5% 2 
West Baton Rouge 86.6% 4 





Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 52.0% 5 











































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 23 
East Baton Rouge 26.6 
East Carroll 24.2 








Jefferson Davis 24.3 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 21.2 
Rapides 26.4 
Red River 23.4 
Richland 28.1 
Sabine 25.3 
St. Bernard 23.9 
St. Charles 23 
St. Helena 21.3 
St. James 19.7 
St. John the Baptist 23.5 
St. Landry 28 
St. Martin 23.1 
St. Mary 21.9 









West Baton Rouge 24.1 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Renter) 












































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 91.6% 3 
Allen 85.2% 4 
Ascension 83.3% 5 
Assumption 90.5% 3 
Avoyelles 102.7% 2 
Beauregard 74.1% 5 
Bienville 104.6% 2 
Bossier 88.2% 4 
Caddo 98.5% 2 
Calcasieu 93.2% 3 
Caldwell 104.2% 2 
Cameron 88.2% 4 
Catahoula 92.4% 3 
Claiborne 93.9% 3 
Concordia 119.4% 1 
De Soto 87.5% 4 
East Baton Rouge 101.1% 2 
East Carroll 92.0% 3 
East Feliciana 86.3% 4 
Evangeline 116.0% 1 
Franklin 100.0% 2 
Grant 90.5% 3 
Iberia 99.2% 2 
Iberville 87.5% 4 
Jackson 89.4% 4 
Jefferson 93.9% 3 
Jefferson Davis 92.4% 3 
La Salle 94.7% 3 
Lafayette 90.5% 3 
Lafourche 89.4% 4 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 84.0% 5 
Madison 100.0% 2 
Morehouse 101.5% 2 
Natchitoches 112.9% 1 
Orleans 108.7% 1 
Ouachita 101.9% 2 
Plaquemines 71.1% 5 
Pointe Coupee 80.6% 5 
Rapides 100.4% 2 
Red River 89.0% 4 
Richland 106.8% 1 
Sabine 96.2% 2 
St. Bernard 90.9% 3 
St. Charles 87.5% 4 
St. Helena 81.0% 5 
St. James 74.9% 5 
St. John the Baptist 89.4% 4 
St. Landry 106.5% 1 
St. Martin 87.8% 4 
St. Mary 83.3% 5 
St. Tammany 95.8% 2 
Tangipahoa 105.7% 1 
Tensas 92.8% 3 
Terrebonne 87.5% 4 
Union 85.2% 4 
Vermilion 84.8% 5 
Vernon 77.6% 5 
Washington 103.0% 2 
Webster 101.5% 2 
West Baton Rouge 91.6% 3 





Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 73.8% 5 











































Table 62: Louisiana Risk Data (Continued) 
 
County 

















De Soto 14.8 
East Baton Rouge 16.3 
East Carroll 20 








Jefferson Davis 15.2 








Table 62: Louisiana Risk Data (Continued) 
 
County 









Pointe Coupee 15.4 
Rapides 16.3 
Red River 15.9 
Richland 15.6 
Sabine 14.6 
St. Bernard 16.1 
St. Charles 16.2 
St. Helena 16.4 
St. James 13.1 
St. John the Baptist 17 
St. Landry 15.2 
St. Martin 14.4 
St. Mary 14.5 









West Baton Rouge 13.6 





Table 62: Louisiana Risk Data (Continued) 
 
County 
Housing Cost Burden 
(Owner) 












































Table 62: Louisiana Risk Data (Continued) 
 
County 




Acadia 76.5% 4 21 
Allen 79.1% 4 25 
Ascension 82.9% 3 28 
Assumption 74.3% 5 23 
Avoyelles 83.4% 3 16 
Beauregard 77.5% 4 27 
Bienville 78.6% 4 19 
Bossier 88.2% 2 27 
Caddo 84.5% 3 19 
Calcasieu 75.4% 4 23 
Caldwell 85.6% 2 22 
Cameron 64.2% 5 30 
Catahoula 78.6% 4 20 
Claiborne 82.9% 3 18 
Concordia 87.7% 2 14 
De Soto 79.1% 4 20 
East Baton Rouge 87.2% 2 20 
East Carroll 107.0% 1 14 
East Feliciana 81.8% 3 17 
Evangeline 80.7% 3 14 
Franklin 86.1% 2 20 
Grant 81.8% 3 23 
Iberia 74.3% 5 21 
Iberville 76.5% 4 20 
Jackson 77.5% 4 28 
Jefferson 91.4% 1 25 
Jefferson Davis 81.3% 3 22 
La Salle 86.1% 2 24 
Lafayette 84.0% 3 22 
Lafourche 72.7% 5 27 





Table 62: Louisiana Risk Data (Continued) 
 
County 




Livingston 87.7% 2 29 
Madison 82.4% 3 13 
Morehouse 79.1% 4 18 
Natchitoches 88.8% 2 16 
Orleans 103.7% 1 13 
Ouachita 83.4% 3 19 
Plaquemines 79.7% 4 26 
Pointe Coupee 82.4% 3 25 
Rapides 87.2% 2 18 
Red River 85.0% 3 17 
Richland 83.4% 3 17 
Sabine 78.1% 4 24 
St. Bernard 86.1% 2 25 
St. Charles 86.6% 2 27 
St. Helena 87.7% 2 19 
St. James 70.1% 5 25 
St. John the Baptist 90.9% 1 19 
St. Landry 81.3% 3 14 
St. Martin 77.0% 4 20 
St. Mary 77.5% 4 25 
St. Tammany 94.1% 1 27 
Tangipahoa 88.2% 2 17 
Tensas 103.7% 1 14 
Terrebonne 79.7% 4 26 
Union 87.7% 2 23 
Vermilion 73.3% 5 26 
Vernon 78.6% 4 26 
Washington 87.7% 2 16 
Webster 76.5% 4 23 
West Baton Rouge 72.7% 5 21 






Table 62: Louisiana Risk Data (Continued) 
 
County 




West Feliciana 85.0% 3 24 

























































< or equal to 60 1 
 
















   
>80 5 
 
> 90 1 
Single Mother Households* 
      








< or equal to 80 5 
 
















   
> 135 1 
 
> 105 1 
Mental Disabilities* 
      < or equal to 15 5 
      15-20 4 
      20-25 3 
      25-30 2 
      > 30 1 
       
*Values were calculated as a percentage of the national population that displays the 













































































Baker 16,741 6,883 2.4 
Benton 78,153 30,145 2.4 
Clackamas 338,391 128,201 2.6 
Clatsop 35,630 14,703 2.4 
Columbia 43,560 16,375 2.7 
Coos 62,779 26,213 2.3 
Crook 19,182 7,354 2.6 
Curry 21,137 9,543 2.2 
Deschutes 115,367 45,595 2.5 
Douglas 100,399 39,821 2.5 
Gilliam 1,915 819 2.3 
Grant 7,935 3,246 2.4 
Harney 7,609 3,036 2.5 
Hood River 20,411 7,248 2.7 
Jackson 181,269 71,532 2.5 
Jefferson 19,009 6,727 2.8 
Josephine 75,726 31,000 2.4 
Klamath 63,775 25,205 2.5 
Lake 7,422 3,084 2.4 
Lane 322,959 130,453 2.4 
Lincoln 44,479 19,296 2.3 
Linn 103,069 39,541 2.6 
Malheur 31,615 10,221 2.8 
Marion 284,834 101,641 2.7 
Morrow 10,995 3,776 2.9 
Multnomah 660,486 272,098 2.4 
Polk 62,380 23,058 2.6 
Sherman 1,934 797 2.4 
Tillamook 24,262 10,200 2.3 
Umatilla 70,548 25,195 2.7 














Wallowa 7,226 3,029 2.4 
Wasco 23,791 9,401 2.5 
Washington 445,342 169,162 2.6 
Wheeler 1,547 653 2.3 














Baker 4,681 2.9 
Benton 18,244 3.0 
Clackamas 91,670 3.1 
Clatsop 9,450 2.9 
Columbia 12,034 3.1 
Coos 17,448 2.8 
Crook 5,425 3.0 
Curry 6,180 2.7 
Deschutes 31,953 2.9 
Douglas 28,218 2.9 
Gilliam 544 2.9 
Grant 2,233 2.9 
Harney 2,094 2.9 
Hood River 5,175 3.2 
Jackson 48,423 3.0 
Jefferson 5,166 3.2 
Josephine 21,364 2.9 
Klamath 17,293 3.0 
Lake 2,152 2.8 
Lane 82,180 2.9 
Lincoln 12,244 2.8 
Linn 28,232 3.0 
Malheur 7,346 3.3 
Marion 70,458 3.2 
Morrow 2,920 3.3 
Multnomah 152,232 3.0 
Polk 16,130 3.1 
Sherman 546 3.0 
Tillamook 6,798 2.8 
Umatilla 17,846 3.1 













Wallowa 2,084 2.9 
Wasco 6,503 3.0 
Washington 114,074 3.1 
Wheeler 445 2.8 














Baker 12,676 1,129 
Benton 61,459 3,056 
Clackamas 250,184 15,336 
Clatsop 27,227 1,619 
Columbia 31,682 1,994 
Coos 49,097 3,830 
Crook 14,101 885 
Curry 17,119 1,179 
Deschutes 86,922 5,552 
Douglas 76,412 5,819 
Gilliam 1,472 111 
Grant 5,880 437 
Harney 5,639 319 
Hood River 14,688 1,367 
Jackson 137,145 10,480 
Jefferson 13,371 939 
Josephine 58,288 5,283 
Klamath 47,278 4,544 
Lake 5,591 305 
Lane 249,365 17,403 
Lincoln 34,960 1,645 
Linn 76,321 4,185 
Malheur 22,941 4,727 
Marion 206,968 15,098 
Morrow 7,618 618 
Multnomah 513,479 37,392 
Polk 46,561 2,849 
Sherman 1,426 114 
Tillamook 18,879 1,216 
Umatilla 50,968 6,092 













Wallowa 5,483 381 
Wasco 17,797 1,144 
Washington 326,104 19,271 
Wheeler 1,194 93 







Table 63: Oregon Risk Data (Continued) 
 
County 






































Table 63: Oregon Risk Data (Continued) 
 
County 













Table 63: Oregon Risk Data (Continued) 
 
County 




Baker 103.6% 1 
Benton 57.8% 5 
Clackamas 71.3% 4 
Clatsop 69.1% 5 
Columbia 73.2% 4 
Coos 90.7% 2 
Crook 73.0% 4 
Curry 80.1% 3 
Deschutes 74.3% 4 
Douglas 88.5% 3 
Gilliam 87.7% 3 
Grant 86.4% 3 
Harney 65.8% 5 
Hood River 108.2% 1 
Jackson 88.9% 3 
Jefferson 81.7% 3 
Josephine 105.4% 1 
Klamath 111.8% 1 
Lake 63.4% 5 
Lane 81.2% 3 
Lincoln 54.7% 5 
Linn 63.8% 5 
Malheur 239.6% 1 
Marion 84.8% 3 
Morrow 94.3% 2 
Multnomah 84.7% 3 
Polk 71.1% 4 
Sherman 93.0% 2 
Tillamook 74.9% 4 
Umatilla 139.0% 1 






Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 80.8% 3 
Wasco 74.7% 4 
Washington 68.7% 5 
Wheeler 90.6% 2 







Table 63: Oregon Risk Data (Continued) 
 
County 
Female Head of 
Household with Child 
FFH with Child as a % of 
Households 
Baker 394 5.7% 
Benton 1,406 4.7% 
Clackamas 7,071 5.5% 
Clatsop 948 6.4% 
Columbia 938 5.7% 
Coos 1,585 6.0% 
Crook 391 5.3% 
Curry 433 4.5% 
Deschutes 2,714 6.0% 
Douglas 2,440 6.1% 
Gilliam 32 3.9% 
Grant 191 5.9% 
Harney 124 4.1% 
Hood River 403 5.6% 
Jackson 4,865 6.8% 
Jefferson 466 6.9% 
Josephine 1,972 6.4% 
Klamath 1,687 6.7% 
Lake 158 5.1% 
Lane 8,513 6.5% 
Lincoln 1,265 6.6% 
Linn 2,490 6.3% 
Malheur 728 7.1% 
Marion 7,289 7.2% 
Morrow 242 6.4% 
Multnomah 17,599 6.5% 
Polk 1,385 6.0% 
Sherman 29 3.6% 
Tillamook 487 4.8% 
Umatilla 1,780 7.1% 





Table 63: Oregon Risk Data (Continued) 
 
County 
Female Head of 
Household with Child 
FFH with Child as a % of 
Households 
Wallowa 153 5.1% 
Wasco 596 6.3% 
Washington 9,893 5.8% 
Wheeler 18 2.8% 







Table 63: Oregon Risk Data (Continued) 
 
County 




Baker 79.5% 4 
Benton 64.8% 5 
Clackamas 76.6% 4 
Clatsop 89.6% 2 
Columbia 79.6% 4 
Coos 84.0% 3 
Crook 73.8% 4 
Curry 63.0% 5 
Deschutes 82.7% 3 
Douglas 85.1% 2 
Gilliam 54.3% 5 
Grant 81.7% 3 
Harney 56.7% 5 
Hood River 77.2% 4 
Jackson 94.5% 1 
Jefferson 96.2% 1 
Josephine 88.4% 2 
Klamath 93.0% 1 
Lake 71.2% 4 
Lane 90.6% 1 
Lincoln 91.1% 1 
Linn 87.5% 2 
Malheur 98.9% 1 
Marion 99.6% 1 
Morrow 89.0% 2 
Multnomah 89.8% 2 
Polk 83.4% 3 
Sherman 50.5% 5 
Tillamook 66.3% 5 
Umatilla 98.1% 1 






Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 70.2% 4 
Wasco 88.1% 2 
Washington 81.2% 3 
Wheeler 38.3% 5 












# of Mental 
Disabilities 
Baker 15,558 1,426 
Benton 73,802 3,928 
Clackamas 314,461 21,325 
Clatsop 32,778 1,996 
Columbia 40,540 2,618 
Coos 58,806 4,996 
Crook 17,754 1,017 
Curry 20,053 1,323 
Deschutes 107,563 6,621 
Douglas 93,732 6,482 
Gilliam 1,828 146 
Grant 7,408 445 
Harney 7,016 438 
Hood River 18,688 1,492 
Jackson 168,487 14,318 
Jefferson 17,496 1,064 
Josephine 70,954 6,252 
Klamath 59,084 5,967 
Lake 6,996 463 
Lane 302,296 20,491 
Lincoln 41,966 2,251 
Linn 95,281 5,648 
Malheur 26,129 2,074 
Marion 255,691 17,567 
Morrow 10,026 856 
Multnomah 611,978 36,902 
Polk 57,435 3,401 
Sherman 1,835 136 
Tillamook 22,613 1,419 
Umatilla 62,475 4,405 











# of Mental 
Disabilities 
Wallowa 6,840 475 
Wasco 21,890 1,252 
Washington 408,668 23,355 
Wheeler 1,480 80 







Table 63: Oregon Risk Data (Continued) 
 
County 






































Table 63: Oregon Risk Data (Continued) 
 
County 













Table 63: Oregon Risk Data (Continued) 
 
County 
Mental Disabilities as % 
of National % 
Value 
(Mental) 
Baker 119.0% 1 
Benton 69.1% 5 
Clackamas 88.1% 4 
Clatsop 79.1% 5 
Columbia 83.9% 4 
Coos 110.3% 1 
Crook 74.4% 5 
Curry 85.7% 4 
Deschutes 79.9% 5 
Douglas 89.8% 4 
Gilliam 103.7% 2 
Grant 78.0% 5 
Harney 81.1% 4 
Hood River 103.7% 2 
Jackson 110.4% 1 
Jefferson 79.0% 5 
Josephine 114.4% 1 
Klamath 131.2% 1 
Lake 85.9% 4 
Lane 88.0% 4 
Lincoln 69.7% 5 
Linn 77.0% 5 
Malheur 103.1% 2 
Marion 89.2% 4 
Morrow 110.9% 1 
Multnomah 78.3% 5 
Polk 76.9% 5 
Sherman 96.3% 3 
Tillamook 81.5% 4 
Umatilla 91.6% 3 





Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 90.2% 3 
Wasco 74.3% 5 
Washington 74.2% 5 
Wheeler 70.2% 5 







Table 63: Oregon Risk Data (Continued) 
 
County 






































Table 63: Oregon Risk Data (Continued) 
 
County 













Table 63: Oregon Risk Data (Continued) 
 
County 
Percentage of National 
Median Income Per Capita 
Value 
(Income) 
Baker 72.3% 1 
Benton 101.3% 5 
Clackamas 120.3% 5 
Clatsop 90.4% 3 
Columbia 93.0% 4 
Coos 81.3% 3 
Crook 78.3% 2 
Curry 84.0% 3 
Deschutes 100.8% 5 
Douglas 76.8% 2 
Gilliam 81.8% 3 
Grant 77.8% 2 
Harney 74.9% 1 
Hood River 82.8% 3 
Jackson 90.3% 3 
Jefferson 72.6% 1 
Josephine 79.8% 2 
Klamath 77.4% 2 
Lake 74.7% 1 
Lane 91.2% 4 
Lincoln 86.6% 4 
Linn 81.7% 3 
Malheur 64.4% 1 
Marion 85.3% 3 
Morrow 73.2% 1 
Multnomah 104.7% 5 
Polk 89.3% 4 
Sherman 80.8% 3 
Tillamook 88.3% 4 
Umatilla 76.0% 2 






Table 63: Oregon Risk Data (Continued) 
 
County 
Percentage of National Median 
Income Per Capita 
Value 
(Income) 
Wallowa 80.0% 2 
Wasco 79.7% 2 
Washington 115.7% 5 
Wheeler 73.6% 1 














Unemployed as % of 
Population Age 16+ 
Baker 13,197 607 4.6% 
Benton 63,608 1,972 3.1% 
Clackamas 260,423 8,933 3.4% 
Clatsop 28,474 1,159 4.1% 
Columbia 33,035 1,345 4.1% 
Coos 51,025 2,337 4.6% 
Crook 14,753 674 4.6% 
Curry 17,625 631 3.6% 
Deschutes 90,114 3,031 3.4% 
Douglas 79,431 3,420 4.3% 
Gilliam 1,532 69 4.5% 
Grant 6,178 451 7.3% 
Harney 5,903 353 6.0% 
Hood River 15,339 668 4.4% 
Jackson 142,297 6,395 4.5% 
Jefferson 13,967 765 5.5% 
Josephine 60,251 3,068 5.1% 
Klamath 49,102 2,922 6.0% 
Lake 5,829 287 4.9% 
Lane 258,327 10,593 4.1% 
Lincoln 36,161 1,756 4.9% 
Linn 79,582 3,931 4.9% 
Malheur 23,863 1,410 5.9% 
Marion 215,834 10,639 4.9% 
Morrow 7,995 555 6.9% 
Multnomah 529,051 23,432 4.4% 
Polk 48,612 1,929 4.0% 
Sherman 1,490 65 4.4% 
Tillamook 19,585 508 2.6% 
Umatilla 53,222 2,530 4.8% 













Unemployed as % of 
Population Age 16+ 
Wallowa 5,683 409 7.2% 
Wasco 18,501 881 4.8% 
Washington 338,288 11,148 3.3% 
Wheeler 1,262 48 3.8% 







Table 63: Oregon Risk Data (Continued) 
 
County 




Baker 115.0% 3 
Benton 77.5% 5 
Clackamas 85.8% 5 
Clatsop 101.8% 4 
Columbia 101.8% 4 
Coos 114.5% 3 
Crook 114.2% 3 
Curry 89.5% 5 
Deschutes 84.1% 5 
Douglas 107.6% 4 
Gilliam 112.6% 3 
Grant 182.5% 1 
Harney 149.5% 1 
Hood River 108.9% 4 
Jackson 112.4% 3 
Jefferson 136.9% 2 
Josephine 127.3% 2 
Klamath 148.8% 1 
Lake 123.1% 2 
Lane 102.5% 4 
Lincoln 121.4% 2 
Linn 123.5% 2 
Malheur 147.7% 1 
Marion 123.2% 2 
Morrow 173.5% 1 
Multnomah 110.7% 3 
Polk 99.2% 4 
Sherman 109.1% 4 
Tillamook 64.8% 5 
Umatilla 118.8% 3 






Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 179.9% 1 
Wasco 119.0% 3 
Washington 82.4% 5 
Wheeler 95.1% 4 







Table 63: Oregon Risk Data (Continued) 
 
County 





































Table 63: Oregon Risk Data (Continued) 
 
County 













Table 63: Oregon Risk Data (Continued) 
 
County 




Baker 100.4% 2 
Benton 115.2% 1 
Clackamas 97.7% 3 
Clatsop 101.1% 2 
Columbia 93.9% 4 
Coos 105.3% 1 
Crook 93.5% 4 
Curry 99.6% 3 
Deschutes 104.2% 2 
Douglas 98.1% 3 
Gilliam 87.5% 5 
Grant 75.3% 5 
Harney 89.0% 5 
Hood River 93.9% 4 
Jackson 109.5% 1 
Jefferson 88.6% 5 
Josephine 108.0% 1 
Klamath 104.2% 2 
Lake 85.6% 5 
Lane 112.9% 1 
Lincoln 106.5% 1 
Linn 107.6% 1 
Malheur 94.7% 4 
Marion 98.5% 3 
Morrow 79.8% 5 
Multnomah 103.8% 2 
Polk 106.8% 1 
Sherman 87.5% 5 
Tillamook 96.6% 3 
Umatilla 87.1% 5 






Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 94.3% 4 
Wasco 101.9% 2 
Washington 96.2% 3 
Wheeler 89.4% 5 







Table 63: Oregon Risk Data (Continued) 
 
County 






































Table 63: Oregon Risk Data (Continued) 
 
County 













Table 63: Oregon Risk Data (Continued) 
 
County 




Baker 96.8% 3 15 
Benton 97.3% 3 29 
Clackamas 110.7% 1 26 
Clatsop 102.7% 2 23 
Columbia 105.9% 2 26 
Coos 97.9% 3 16 
Crook 106.4% 2 24 
Curry 97.3% 3 26 
Deschutes 109.1% 2 26 
Douglas 97.3% 3 21 
Gilliam 88.2% 5 26 
Grant 87.2% 5 24 
Harney 90.4% 4 25 
Hood River 100.5% 2 20 
Jackson 106.4% 2 14 
Jefferson 106.4% 2 19 
Josephine 102.7% 2 11 
Klamath 90.9% 4 12 
Lake 74.3% 5 26 
Lane 106.4% 2 19 
Lincoln 107.0% 2 20 
Linn 107.0% 2 20 
Malheur 87.7% 5 15 
Marion 111.2% 1 17 
Morrow 89.3% 5 17 
Multnomah 115.0% 1 21 
Polk 110.2% 1 22 
Sherman 75.9% 5 27 
Tillamook 92.5% 4 29 
Umatilla 94.7% 4 19 





Table 63: Oregon Risk Data (Continued) 
 
County 




Wallowa 98.9% 3 20 
Wasco 97.3% 3 21 
Washington 110.7% 1 27 
Wheeler 83.4% 5 27 






Figure 50: Rankings for Chronic Risk for Oregon 
 
Veteran Status (Oregon)* 
 
Income (Oregon) 
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*Values were calculated as a percentage of the national population that displays the 
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